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Abstract

We study labor-market discrimination of individuals with “specific” characteristics
in Europe. Differentiating between experimental and non-experimental studies, we
first give an overview of the empirical literature on these issues, looking especially at
homosexuals and obese people. We also expose the theoretical mechanisms that may
explain why these individuals have adverse labor-market outcomes. Using different
Furopean datasets, we find that Asians and Jews are the most educated group, with
high employment and participation rates, whereas, on the contrary, Muslims are the
least educated with the lowest employment rate. We also find that both homosexuals
and obese people tend to have a lower chance of finding a job than heterosexuals and
non-overweight individuals. Finally, we conduct a field experiment in two Italian cities:
Rome and Milan, by sending “fake” CVs to real ads. We find that there is a strong
penalty for homosexuals, i.e. about 30% less chance to be called back compared to an
heterosexual male and even more so if they are highly skilled. On the other hand, we
find no penalty for homosexual females. We also find a beauty premium for females
only but this premium is much lower when the “pretty” woman is skilled.
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Summary of the Report

The object of this report is to analyze different forms of discrimination against individuals
in the labor market. In particular, the focus of this study is to understand the effects in
terms of employment and labor market participation of discrimination against individuals
with specific characteristics, such as sexual orientation, body weight, religion and beauty.
We survey the existing literature and propose an empirical analysis, using the available cross
country data for Europe (ECHP, EU SILC, ISSP), as well as an experiment on two Italian
cities, Rome and Milan.

We begin this report by reviewing the theoretical mechanisms that can explain why
some workers are discriminated against in the labor market (Section 2). In particular,
we use the taste-based and the statistical discrimination theory as well as the theory of
family specialization to explain why homosexuals or obese people have adverse labor market
outcomes.

We then review the empirical literature on discrimination (Section 3), explaining how
some research methods, such as randomized experiments, are better suited than others in
studying discrimination.

In Section 4, the Migrant Integration Policy Index (MIPEX) is introduced and explained.
This index has been developed by 25 organizations in order to give to each European country
a score in terms of policies aiming at integrating migrants. To the best of our knowledge, it
provides the only quantitative measure capturing the complexity of anti-discrimination laws
and principles across European countries. Evidence on this indicator is presented for each
country.

In Section 5, in order to evaluate the effect of discrimination against individuals with spe-
cific characteristics (such as homosexuals, obese and belonging to minority religious groups)
on employment and labor-market participation, we conduct a regression analysis using diffe-
rent European data. Our results show how Muslims are the most penalized religious minority
in Europe in terms of labor-market outcomes, with different effects between Northern and
Southern Europe. We also find that homosexuals have a lower chance of being employed and
to participate to the labour market than their heterosexual counterparts. Finally, it appears
that the Body Mass Index (BMI) is negatively correlated with employment prospects for
females and positively for males.

Section 6 describes and presents the results of a field experiment conducted on the labor
markets of Rome and Milan focusing on homosexuality and beauty. The experiment consists
in sending out 2,320 fake CVs for 7 types of job positions, advertised online, and comparable
in terms of education, skills and job experience. The CVs also contain a picture to which
a beauty score was associated while some of them also contain participation in lesbian/gay-
friendly associations. Results of the experiment show that, out of a general call-back rate
of 11%, male homosexuals were widely discriminated, with a call-back rate of 3 percentage-



points lower than the average. Interesting, for homosexuals, being more skilled appears
to worsen this problem. Females, on the other hand, are not penalized. Beauty seems to
improve the chances of having a job interview for women only. This premium, however, is
largely reduced for high skilled women.
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1 Introduction

Discrimination in the labor market is maybe one of the most studied topics in economics but
certainly the least understood. Indeed, when explaining the adverse labor-market outcomes
of certain categories of workers (for example, ethnic minorities or women), it is very difficult
to disentangle between discrimination and other (often) unobserved aspects such as low
ability or social norms and peer effects. Recently, researchers in economics have been using
new methods to tackle this issue: field studies (such as audit studies and correspondence
tests) and natural experiments. The results convincingly show that there is discrimination
against minority workers and women. Interestingly, several countries are currently analyzing
the implementation of compulsory anonymous résumés that forbid candidates from including
information such as a photograph, and/or their name, age, marital status, gender, and
nationality, which could trigger discriminatory hiring practices. As will see below (Section 2),
the economics literature has put forward two major sources of racial or gender discrimination:
taste-based and statistical. The dislike of hiring ethnic minorities or women produces taste-
based discrimination while statistical discrimination occurs in an environment of imperfect
information where agents form expectations based on limited signals that correlate with race
or gender.

In the present chapter, we consider under-investigated categories of individuals that might
be discriminated against in the labor market. In particular, we focus on the labor-market
outcomes of homosexual and non-attractive individuals. We will also present some results on
the labor-market outcomes of individuals belonging to different religious groups in Europe,
especially Muslims. In the context of an evolving society, with different life styles, and with
a growing attention to cultural and social diversity, those issues are at the forefront of the
political debate. The research on these topics, however, is still quite limited and the existing
evidence for Europe extremely scarce.

We first present the theoretical mechanisms underlying discrimination in the labor mar-
ket and survey the existing related empirical literature. Interestingly, homosexual females
do not seem to suffer from discrimination in the labor market and, on the contrary, some
studies reveal that they have a “premium” in terms of the probability of finding a job. Using
the taste-based and statistical theories of discrimination, we can probably explain why ho-
mosexual males have adverse labor-market outcomes but not why we find the opposite result
for homosexual females. There is another theory that can explain the latter fact. Becker
(1981) has put forward the idea of specialization within families by arguing that heterosex-
ual males specialize in market labor, and heterosexual females in household labor because
of comparative advantages caused by biological differences. On the contrary, homosexual
households are unable to specialize to the same extent as heterosexual households, because
the gains from gender differences between spouses in comparative advantages do not exist.
Lesbians who expect to form households will therefore not acquire less market-related human



capital than heterosexual females, and will therefore have a higher chance of finding a job.
In contrast, gay males are predicted to have worse labor-market outcomes than heterose-
xual males, because they will invest less in market-related human capital than heterosexual
males. Regarding obese and unattractive individuals, the existing (limited) studies suggest
the presence of a penalty, both for males and females, although the magnitudes varies greatly
between the different studies. With the exception of some studies based on fields experi-
ments in Sweden and few other studies using special datasets on one country, the evidence
on these topics for most European countries is virtually non-existent.

In Section 5 of this chapter, we provide some evidence by investigating the employment
and labor market participation rates of homosexuals, obese people as well as people belonging
to different religious groups using the available cross country data for Europe.

More specifically, using data from the International Social Survey Program (ISSP), we
investigate the relationship between religion and labor-market outcomes. We find that, in
Europe, Jews are the most educated group, with high employment and participation rates,
whereas, on the contrary, Muslims are the least educated group with the lowest employment
rate. Interestingly, Muslims do not show on average a particularly low average participation
rate. Asians appear instead as highly educated individuals (on average less educated than
Jews only) and with an employment rate comparable to that of the other European religious
groups. Interestingly, in Southern Europe, these differences in terms of education and labor-
market outcomes across religious groups are more pronounced. Our simple OLS regressions,
which control for individual characteristics (including education, age, household size and
marital status) show an employment penalty for Muslim males of about 12%. This is even
larger for females (more than 17%). Muslims, however, also tend to participate less to the
labor market (especially females who are about 16% less likely to participate to the labor
market than non-religious females). When we distinguish between Northern and Southern
Europe, it appears that both Muslim males and females participate more to the labor market
in Southern Europe compared to Central Europe but they find it more difficult to find a job,
especially females. This seems to suggest that discrimination might be at work against this
group in Sourthern Europe, in particular against Muslim females. In Europe, while Asians,
Muslims and Jews are always in minority, Catholics, Protestants and Orthodox Christians
can be in majority or minority in the country considered. We then perform our analysis dis-
tinguishing between strongly Catholic, strongly Protestant and strongly orthodox European
countries. In particular, accordingly to the conventional wisdom, highly religious, especially
Catholic women, tend to have an extremely low-participation rate in highly Catholic coun-
tries such as Italy or Spain and this could be the main explanation of their low employment
rates. We instead find that, compared to non religious women, they tend to participate less
in Northern countries such as Sweden or Norway, but once in the labor market, they find a
job more easily.



Using data from the European Community Household Panel and the European Union
Statistics on Income and Living Conditions, we then study the relationship between homo-
sexuality or obesity and labor-market outcomes. We find that the relationship is globally
negative for homosexuals, i.e. being in a same-sex relationship reduces the chance of being
employed and in the labor force. Homosexual couples are about 1% less likely to be employed
and to be in the labor force. The results about Body Mass Index (BMI) differ depending of
the gender of the person. In terms of employment, the penalty of underweight individuals
is mainly a males problem whereas that of obese individuals is mainly a female issue. The
magnitude of the effects is about 3% both for underweight males and obese females. In
terms of labor force participation, underweight males also seem to be the most discouraged
group (about 9% less likely to participate) whereas both female and male obese individuals
participate less to the labor market than “normal” individuals (about 8% and 3% less likely
to participate, respectively). We also find that while in Northern Europe obese males have
more difficulties in finding a job (more that 2% less likely to find a job compared to normal-
weight males), in Southern Europe they are not penalized. On the contrary, they even have
a premium in terms of finding a job. On the other hand, while in Northern Europe, un-
derweight males do not seem to be penalized with respect to normal weight individuals, in
Southern Europe they show a strong employment penalty (more than 6%). There are no
differences, however, in terms of labor market participation of obese or underweight males
between Northern and Southern Europe. Regarding females, we instead find the most no-
table difference is in terms of participation rates. In particular, we find that, in Southern
Europe, underweight females tend to participate more. This reduces the strong penalty for
women that is found in Northern Europe.

We also attempt to relate our results to labor market and anti-discrimination policies
that have been implemented in the different European countries. After the implementation
of the Amsterdam Treaty (May 1, 1999), all the EU Member States have introduced different
policies and activities fighting against discrimination based of sex, racial and ethnic origin,
religion or belief, disability, age and sexual orientation. However, while for the employment
protection legislations, the OECD provides a comprehensive index combining various indi-
cators, such an index is not available for the anti-discrimination policies. To the best of our
knowledge, the only quantitative measure capturing the complexity of anti-discrimination
laws and principles across European countries is a composite score assigned to each European
country for their performance in this policy area that can be extracted from the Migrant In-
tegration Policy Index (MIPEX). We use this index in our regression analysis to describe the
anti-discrimination laws and principles implemented in the different European countries and
to provide a first investigation on the role of anti-discrimination policies on the employment
prospects of individuals who might suffer from market discrimination because of religion,
sexual orientation and physical appearance (e.g. obesity).



We find that more regulated labor markets in terms of regular contracts are favorable
to Muslim males whereas Muslim females seem to show higher employment rates in coun-
tries with there is a higher minimum wage. We also find that a higher trade-union density
is associated with higher participation rates for Muslims. In terms of anti-discrimination
policies, it appears that a favorable policy with respect to “enforcement mechanisms” seems
to benefit to females in general while “equality policies” seem to benefit mostly to males.
Strong enforcement mechanisms also appear to be associated with higher participation rates
for males. For obesity, we find that more flexible labor markets are associated to lower
employment penalties for obese individuals. They are also associated with higher partic-
ipation rates for obese males and underweight females. We also find that more favorable
anti-discrimination policies are associated with better employment prospects for obese in-
dividuals and worse employment prospects of underweight individuals, especially males. In
particular, obese individuals seem to benefit in terms of employment prospects in countries
where the anti-discrimination legislation applies to wider fields. In terms of labor market
participation, countries that have stronger enforcement mechanisms favor obese individuals
(especially males). On the other hand, no type of anti-discrimination policy seem to be as-
sociated with better employment prospects for underweight individuals. It only shows some
positive effects of having strong enforcement mechanisms in terms of participation rates.

The interpretation of these correlations, however, is quite difficult. The different indica-
tors can capture a variety of other country-specific factors that are often highly correlated.
It might thus be difficult to understand the effect of a specific anti-discrimination policy or
to disentangle the effect of one form of labor market rigidity from the other. Nevertheless,
these results suggest that different labor market policies and different anti-discrimination
policies might affect differently individuals with specific traits (like obeses) and that their
effects can vary by gender. Unfortunately, the poor data quality on homosexuality does not
allow us to analyze the effects of policies on the relationship between homosexuality and
labor market outcomes.

In Section 6, we conduct a field experiment in two Italian cities: Rome and Milan to study
the relationship between homosexuality or beauty and labor-market outcomes as measured
by the difference in the percentage of callback rates between the reference group (homosexuals
or “ugly” persons) and the control group (heterosexuals or “pretty” persons). For that, we
send “fake” CVs, which clearly indicate the participation to a gay or lesbian organization
for homosexuals and different pictures to highlight how handsome or ugly is the candidate.
We randomly assigned CVs so that some belong to homosexuals and others to heterosexuals.
We use the same procedure for the “beauty” of the person. The design of the experiment
allows us to control for all possible nuisances that may bias the assessment of the relationship
between sexual orientation in the first case and beauty in the other one.

We find that there is a statistical significant penalty (in terms of callback rates) associated



to homosexual males of about 3% whereas homosexual females does not seem to show any
significant difference with respect to heterosexual females. To be more precise, since the
callback rate for males is 10%, this means that, compared to heterosexual males, homosexuals
have 30% less chance to be called back. We also find that this penalty is higher for high-skilled
homosexual individuals, with an associated magnitude of more that 8% for homosexuals
males. No penalty or premium is instead associated to high-skilled homosexual females,
confirming that only males are penalized in the labor market for their homosexuality.

When we then investigate differences in response of callback rates by picture beauty, we
find that there is a significant premium for attractive females of about 2% and no significant
difference between handsome and ugly men. We also investigate whether the beauty premium
for women varies by skills. We find that high-skilled attractive women are called back less
often than low-skilled attractive women, which may indicate that beauty might not be an
advantage for high-skilled women.

This chapter unfolds as follows. In Section 2, we expose the different theories that may
explain why individuals with specific observable differences end up with adverse labor-market
outcomes. Section 3 gives an overview of the empirical literature, looking at both experi-
mental and non-experimental studies. Section 4 analyzes the anti-discrimination policies in
Europe using a quantitative indicator. In Section 5, using different European datasets, we
investigate the relationship between religion, homosexuality or obesity and labor-market out-
comes and attempt to relate our finding with the anti-discrimination policies implemented
in the different countries. In Section 6, we describe our field experiments and investigate
whether there is discrimination in callback rates between homosexuals or pretty individuals
and heterosexuals or ugly individuals. Finally, Section 7 concludes.

2 Discrimination and labor-market outcomes: Theo-

retical mechanisms

The economics literature posits two major sources of discrimination: taste-based and statisti-
cal. The first one is due to the fact that employers dislike some categories of the population
while statistical discrimination occurs in an environment of imperfect information where
agents form expectations based on limited signals that correlate with some observable char-
acteristics.!

To be more precise, taste-based models originate from Gary Becker’s seminal work (1957).
In Becker’s model, discrimination in hiring or wages is caused by a “taste for discrimination”,
that leads the employer to hire or pay higher wages to members of his/her own group. In

!See the overviews by Altonji and Blank (1999), Lang and Lehmann (2011), Kofi Charles and Guryan
(2011), and Boeri and van Ours (2012).



this approach, discrimination is costly and leads to segregated workplaces.

In Becker’s model, prejudiced employers, workers or consumers dislike employing, working
with, or purchasing from people with observable traits (like e.g. race, gender, beauty, obesity,
homosexuality, etc.). Although the Becker model is well known, it is worth reviewing briefly.
The profit m of a prejudiced employer is given by:?

7= f(Lxp+ Lp) —wnpLyp —wpLp —dLp

where Lp and Lyp are the number of discriminated and non-discriminated workers em-
ployed, f(.) is the production function, which is assumed to be well-behaved, wp and wyp
are the wages of discriminated and non-discriminated workers, and d is a taste for discri-
mination. In this framework, the parameter d corresponds to the psychological cost of hiring
and working with a discriminated person, and enter in the profit function as a cost associ-
ated with the hiring of a discriminated worker. It measures the intensity of the employer’s
discriminating preferences. In this context, the subjective cost of hiring a discriminated
worker takes into account both wage and psychological costs and is given by wp + d. Ob-
serve also that, in this formulation, discriminated and non-discriminated workers are equally
productive and perfect substitutes.

Each employer choose Lyp and Lp that maximize her profit and wages are thus given
by:

wyp = f' (Lnp + Lp)
wp = f'(Lyp+ Lp) —d

which implies that
WND — Wp = d

Therefore, whenever the wage gap wyp — wp exceeds d, the employer will strictly prefer to
hire discriminated workers and whenever it is less than d, she strictly prefers to hire non-
discriminated workers. Assume that there is a distribution of d among employers so that
some are more prejudiced than others. If, as seems reasonable, the distribution of d has no
mass points, then, assuming the labor market is otherwise perfect, wyp — wp = d implies
that either there is no discriminatory wage differential or (almost) all firms are completely
segregated. However, as noted by Becker and emphasized by Arrow (1973), employers with
weaker prejudicial tastes will make more profit and will expand. Demand for discriminated
workers will grow, and in the long run, if there are sufficient employers with no aversion to
hiring discriminated workers, the wage differential will fall to zero. Those employers who are
averse to hiring discriminated workers and who survive in the labor market will hire only
non-discriminated workers. In short, employment will be partially segregated, but there will
be no wage discrimination.

2The subscripts D and ND stand for “Discriminated” and “Non Discriminated”, respectively.
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If the Becker model is correct, the market should relentlessly eliminate discrimination
except where it cannot provide sufficient segregation. This is most likely to occur for workers
in specialized occupations requiring customer awareness of the characteristic of the worker,
where firm entry is limited, where the proportion of discriminated workers in the labor force
is large, and where prejudice is widespread.

There is also another theory of discrimination, related to the previous one, which is co-
worker discrimination or customer discrimination. This theory has different implications
on wage and employment gaps than pure employer discrimination. Consider a model where
co-workers prefer not to work with people from a specific group (this is referred to co-worker
discrimination)?. The utility of a prejudiced worker depends whether she works or not with
a discriminated worker. Her utility in a firm that hires n workers is given by:

U:w(l—di:[)

where w is the wage of the prejudiced worker, d is the taste for discrimination and I is an
indicator function that takes 1 if the co-worker is a discriminated worker and 0 otherwise.
This means that this prejudiced worker prefers to work only with workers like her or, if
not, to be compensated for the disutility of working with workers from a different group.
This model has different predictions. First, in firms where the discriminated and non-
discriminated groups cooperate, the non-discriminated worker has to earn more to overcome
her disliking of discriminated co-workers. Therefore, firms will hire either non-discriminated
or discriminated workers and the workforce will be segregated. Second, if employers are not
prejudiced there will be no wage gap even if all non-discriminated workers are prejudiced.

Consider now a model where customers prefer to buy from individuals from the same
group (this is referred to customer discrimination). In this case, the customers’ willingness
to pay p,, for a particular product depends on the presence of other workers in the production
process:

po=p1+dY I)
i=1

where p is actual price, d is the taste for customer discrimination and [ is an indicator func-
tion that takes 1 if the worker involved in the production process is a discriminated worker
and 0 otherwise. We obtain here similar conclusions to those obtained by the co-worker dis-
crimination model since prejudiced consumers will only buy from firms with discriminated
workers if the price of the product is sufficient low.

The second main explanation for discrimination is defined as statistical discrimination
and is based on incomplete information (Arrow (1973), Phelps (1972)). According to models

3We follow here the presentation of Boeri and van Ours (2012, Chap. 4).
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of statistical discrimination, employers have incomplete information about the employee’s
performance and consequently base their hiring/wage setting decisions on (erroneous) stereo-
types. In Arrow’s (1973) model and in a similar model developed by Phelps (1972), employers
have (erroneous) beliefs that individuals from some particular groups (homosexuals for in-
stance) are less productive and would act accordingly. Models of statistical discrimination
differ in the fact that some authors consider that stereotypes are erroneous while others
argue that stereotypes may correspond to actual group averages in equilibrium. In the first
case, imperfect information would arise because discriminated groups emit noisier signals.
Consequently, employers who observe ability with greater error (rationally) discriminate
people belonging to discriminated groups (Phelps (1972), Aigner and Cain (1977), Cornell
and Welch (1996)). In the second category of statistical discrimination models, negative
prior beliefs about members of a particular group may become self-fulfilling in equilibrium
(Lundberg and Startz (1983), Coate and Loury (1993)). This may be the case for instance
if individuals of a specific group under-invest in human capital because they anticipate a
discriminatory treatment and therefore that they will receive a lower return to education.

3 Discrimination and labor-market outcomes: Overview

of the empirical literature

From an empirical viewpoint, it is extremely difficult to distinguish between taste-based
discrimination and statistical discrimination. This is because the result of both types of
discrimination, however, is the same: similar individuals who differ only by their race expe-
rience different outcomes. A simple examination of differential treatment sheds little light
on the source of discrimination and potentially explains why few studies are able to find
conclusive evidence of statistical discrimination. In the next section, we review the studies
(mostly field experiments) that have tried to disentangle these two aspects of discrimina-
tion. Then, we will review the literature on the discrimination of homosexuals (Section 3.2),
obese (Section 3.3.1) and the way people look (Section 3.3.2) and study their impact on their
labor-market outcomes.

3.1 Field studies on discrimination

Economists have accumulated a large body of evidence on the existence of both gender
and ethnic/racial discrimination using various empirical approaches ranging from traditional
empirical data analysis (Kahn (1991), Knowles et al. (2001), Altonji and Pierret (2001)) to
field experiments (see Riach and Rich (2002) for an exhaustive survey of field experiments
discrimination). Two main procedures of field experiments have been used to carry out
tests for the extent of discrimination. A first procedure consists in matching two testers
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who attend job interviews or buy products, one from the majority group and the other from
the minority. These experiments have provided strong evidence of discrimination in different
contexts, including housing market (Galster (1990)), sports car market (List (2004)), car sales
(Ayres and Siegelman (1995)) or television shows (Levitt (2004)). Another field approach
to measure the extent of discrimination at the hiring stage, consists in sending matched
CVs that vary in only one variable (for example the name) to employers in response to job
advertisements (see for instance, Neumark (1996), Bertrand and Mullainathan (2004)).

In this section, we will review the evidence on discrimination using field experiments since
it is so difficult to be sure that discrimination is at work in standard empirical analyses.
Experimental economists have developed tools to elicit beliefs and infer preferences from
observed behavior in the laboratory* but such measurement can be difficult if subjects are
aware of being observed because of the illicit nature of discrimination. Researchers have
developed clever designs (so-called correspondence tests and audit studies) to circumvent
that problem using natural field experiments in which potential discriminators are not aware
of being observed (e.g. Bertrand and Mullainathan (2004)).

As a result, field studies measuring discrimination can naturally be split into two cate-
gories: audit studies and correspondence tests. The former method uses actual testers and
personal contact of the testers with those transacting on the other side of the market. A good
example of this type of study is Neumark (1996). The latter approach does not use personal
contact, thereby avoiding potential bias from tester behavior differences across groups. A
recent example of this approach is Bertrand and Mullainathan (2003).

Whereas experimental modification of an individual’s race is impossible, random mani-
pulation of an observer’s beliefs or knowledge about the racial classification of an agent
with whom that observer interacts is something social scientists can do. One could, for
example, imagine researchers randomly telling some subset of market actors that a person of
superficially indeterminate race is in fact black and telling another subset that the person is
white. A comparison across these groups in their treatment of the individual would provide
some evidence about whether those actors discriminated against people they thought to be
black.

Bertrand and Mullainathan (2004) essentially conduct exactly this type of analysis in
their study of firms’ treatment of résumés sent in for entry-level job applications. Bertrand
and Mullainathan find that résumés that had been randomly given “black-sounding” names
as opposed to “white-sounding” ones, but that were otherwise the same, were significantly
less likely to receive call backs. A fair reading of these results is that firms engage in discri-
mination against applicants thought to be black. Fryer and Levitt (2004), however, find no
impact of name on a wide range of life outcomes, while controlling for initial circumstances

4Several laboratory experimental studies have also been conducted to measure the extent of discrimination
as well as its determinants (see Anderson et al. (2006) for a survey).
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at birth. Arai and Skogman Thoursie (2009) examine data on immigrants who changed their
surnames to Swedish-sounding or neutral names during the 1990s in Sweden. The underly-
ing research question is whether the labor market offers equal opportunities to individuals
regardless of their names and the associated ethnic background. The results imply that
there is a substantial increase in annual earnings after a name change, no effects on earnings
prior to a name change, and no positive general effects of a new name for other groups that
renounced a foreign name.

With the exception of List (2004) and to some extent Levitt (2004) and, more recently,
Ewens et al. (2012), it is very difficult to disentangle between tasted-base and statistical dis-
crimination. As stated above, there can be different reasons for discrimination. “Preference-
based” discrimination, for example, is a situation in which someone evaluating a woman
for a job simply does not like women. “Statistical discrimination” describes a situation in
which underlying factors or expectations explain the discrimination, for example, if women
on average have lower productivity.

Recent studies that examine the real estate and housing markets in the US or Europe,
such as Ahmed and Hammarstedt (2008), Bosch et al. (2010), Hanson and Hawley (2010),
find significant racial or ethnic discrimination against minority buyers or applicants, but do
not provide clear evidence on the sources of discrimination. Similarly, Altonji and Pierret
(2001) and Bertrand and Mullainathan (2004) found significant racial gaps in wages and
job interview callback, respectively, but weak support for statistical discrimination. On the
other hand, the related literature on racial profiling in the context of police searches, such
as Knowles et al. (2001) and Antonovics and Knight (2009), provide a model without racial
prejudice and differential treatment by race.

Audit studies were the first to experimentally examine racial discrimination in housing
markets. Examples include Yinger (1986), Ondrich et al. (1989), and Page (1995). However,
the use of in-person audit method limits the researcher’s ability to restrict information,
especially those unobserved to the researchers or actors, available to the subjects.

In contrast, Carpusor and Loges (2006) and Ahmed and Hammarstedt (2008) pioneered
the use of email correspondence design to study whether ethnic discrimination was present
in the rental apartment markets. Although most e-correspondence studies in the housing
and real-estate markets are effective in controlling for unobservable factors, it was unclear
whether the way that landlords or real estate agents’ responses varies with information is
driven by statistical discrimination or prejudice. For instance, Bosch et al. (2010) argued that
statistical discrimination implied reduced discrimination against minorities with increased
positive information, but they found that the racial gap in positive response rates remained
unchanged when positive information was introduced. Their finding is similar to those by
Bertrand and Mullainathan (2004) where the marginal return to credential for minority is
lower than or equal to that for majority. On the other hand, Hanson and Hawley (2010)
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argued that they showed evidence of statistical discrimination in the US rental apartment
market because the reply differences between white and African American applicants are
smaller in high-class inquiry emails than low-class inquiry emails, where class is determined
by the quality of prose used in the emails. However, because reply rates decrease with class,
their results may be driven by the higher fraction of negative replies to low-class emails.
This issue highlights the importance of accurate coding of landlords’ responses.

List (2004) was the first to correctly test for the nature of discrimination by employing
a number of experiments. List uses a series of field experiments in an actual marketplace:
the sportscard market. He begins by documenting an interesting pattern of discrimina-
tion: there is a strong tendency for dealers to give nondealer minorities (women, nonwhite,
and older agents) initial and final offers that are inferior to those received by their ma-
jority counterparts. These results hold when nondealers are acting as buyers and sellers,
though the degree of discrimination is greater when agents are selling their wares, providing
initial evidence that “consumer-side” discrimination is more pronounced than “seller-side”
discrimination. The differences in the empirical distribution of prices could be due to at
least three sources: (i) taste-based discrimination, whereby dealers are willing to incur a cost
to avoid transacting with a minority; (i) differences in bargaining ability, i.e., majorities
are superior bargainers and obtain better outcomes in the marketplace; and (iii) statistical
discrimination, where minorities have a different distribution of reservation values and in
their pursuit of profits dealers use observable variables to make inferences about a relevant
but unobservable variable (reservation values). List (2004) finds that, in light of the pattern
of discrimination observed in the market place, each of the three theories of discrimination
provides clear predictions of behavior in the complementary experiments. First, it would
be incorrect to conclude that the observed differences in treatment are due to noneconomic
tastes for discrimination among dealers or differences in bargaining ability across minorities
and majorities. Rather, empirical results from all the experiments suggest that the observed
differences in treatment are due to statistical discrimination — dealers use minority mem-
bership as a proxy for the distribution of reservation values. Thus, the main conclusion of
List (2004) is that the observed discrimination of minority groups is explained by statistical
discrimination rather than preference-based discrimination.

Employing an email correspondence experiment in the rental apartment market, Ewens
et al. (2012) test whether statistical discrimination is the primary explanation for diffe-
rential treatment by race. They extend the Aigner and Cain (1977) model of statistical
discrimination to provide testable implications for two features of statistical discriminators:
differential treatment of signals by race and heterogeneous experience that shapes percep-
tion. They contrast the testable implications of the statistical discrimination model with
those of a general taste-based model with competing implications. The authors use vacancy
listings on Craigslist.org (Craigslist) across 34 US cities and roughly 5,000 neighborhoods
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(census tracts). They send emails with two key components to 14,000 landlords. They use
the common racial-sounding first names of Bertrand and Mullainathan (2004) to associate
applicants with race, and the email contains differing — but limited — pieces of information:
positive, negative and no signals beyond race. The dependent variable codes landlords’ re-
sponses to capture an invitation to the fictional inquiry for future contact. Although the
outcome reflects only a positive response during the initial inquiry phase of a screening pro-
cess, any differential treatment in screening will likely influence final outcomes in the same
direction. An ideal research environment to test for statistical discrimination has distant
communication between agents with imperfect information and also avoids the confounding
factors inherent in audit studies. The use of Craigslist for email correspondence gives such
an environment. Craigslist is the dominant source of online classifieds in the US, especially
for apartment listings, and is frequented by one-third of the white and black US adult popu-
lation. The website provides control of information and an ability to manipulate signals
available to agents. Further, Craigslist allows the authors to accurately track responses and
scale the experiment to thousands of heterogeneous neighborhoods.

Their experiment provides four major results. First, they present emails to landlords with
racial sounding names as the only signal and confirm that applicants with African-American
sounding names are 16 percent less likely to receive a positive response from a landlord
than those with white sounding names. However, the observed differential treatment can be
consistent with both statistical discrimination and prejudice.

Second, the statistical discrimination model posits that landlords differ in their percep-
tions of signals due to past experience in the screening and rental process and in turn,
incorporate race and signals into decisions differently. To test this hypothesis, the authors
introduce additional information in some emails. In the “positive information” inquiry,
the fictional applicant says her name and informs the landlord she is a non-smoker with a
respectable (and paying) job. In the “negative information” inquiry, the applicant states
her name and tells the landlord she has below average credit rating and smokes. Using a
difference-in-differences estimator, the authors show that the average landlord weights the
same signal relatively more when it comes from an applicant with a white sounding name
than one with an African-American sounding name. This shows that this relationship also
follows from a taste-based model where the average landlord derives lower marginal utility
from a black applicant than a white applicant.

Third, consistent with statistical discrimination, the empirical results show that a sur-
prising positive signal does not widen the racial gap.

Finally, they exploit neighborhood sorting to examine a source of heterogeneity consistent
with the shaping of signal perception. By allowing a signal’s noise to depend on race, their
model presents another testable hypothesis: a landlord’s relative experience with a given
race increases the relative weight she places on the signal from that group. They find that
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as the share of black residents in a neighborhood increases, a positive surprise closes the
racial gap observed in the base case, while a negative surprise does little to close it. More
importantly, the base-case racial gap persists across all types of neighborhood and contradicts
the prediction of the taste-based model.

In an other recent paper, Hedegaard and Tyran (2011) disentangle “taste-based” and
“statistical” discrimination in the workplace by using a field experiment. They find that
taste-based discrimination is common but remarkably responsive to the price of prejudice, i.e.
to the opportunity cost of choosing a less productive worker on ethnic grounds. In addition,
they find that accurate statistical discrimination fails to explain observed choices, and that
taking ethnic prejudice into account helps to predict the incidence of discrimination®.

So far we have reviewed the literature on discrimination ad explained what are the me-
chanisms behind the results. Most of the papers reviewed above focused on ethnicity or
gender. We would like now to expose the empirical research on discrimination of homosexuals
and determine how it affects their labor-market outcomes.

3.2 Homosexuality and labor-market outcomes

There is a relative small literature (especially in economics) on discrimination and the labor-
market outcomes of being homosexual that we would like to review here. We will first
examine if there is evidence of discrimination of homosexuals. Then, we will see if there are
earnings differences between homosexuals and heterosexuals. Finally, we will examine the
consequences of being homosexual on the hiring process in the labor market.

3.2.1 Is there discrimination against homosexuals?

During recent decades economists have used field experiments in order to detect discrimi-
nation on labor markets, housing markets and product markets in different countries (see
Riach and Rich (2002) for an overview and Section 3.1). Many of these field experiments
have focused on females, on immigrants, on the elderly but less attention has been paid to
discrimination against homosexuals.

5There is also a small literature that use job-ads to study discrimination. This is interesting since ad-
based indicators of discrimination differ from audit-type indicators in ways that have opposite implications
for how much discrimination we should expect to observe (Kuhn and Shen (2011)). The main problem with
ad-based indicators of discrimination is that it is illegal in most Western countries so few studies have used
it. However, it is not illegal in China. Kuhn and Shen (2011) study firms’ advertised gender preferences in
a population of ads on a Chinese internet job board. They find that higher job skill requirements reduces
the tendency to gender-target a job ad. This suggests that rising skill demands may be a potent deterrent
to explicit discrimination of the job-ad type. They also find that firms’ underlying gender preferences are
highly job-specific, with many firms requesting men for some jobs and women for others.
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Psychological and sociological research demonstrates the existence of sexual prejudice.
Like other types of prejudice, sexual prejudice is an attitude; it is directed at a social group
and its members; and it involves hostility or dislike. There is some literature in psychology
furnishing proofs that negative attitudes towards homosexuals do exist (Herek and Capitanio
(1996), Yang (1997)).

Economic research regarding discrimination against homosexuals has so far primarily
made use of register data and econometric methods. Focus has been on differences between
homo- and heterosexuals in labor market outcomes (see Section 3.2.3 for such evidence).

There are very few experiments trying to test discrimination against homosexuals. In
Canada, Adam (1981) established discrimination against male as well as female homosexuals
who applied for jobs in Canadian law firms, and Weischselbaumer (2003) found that lesbian
females were subject to discrimination when they applied for jobs in Austria.

To the best of our knowledge, Ahmed and Hammarstedt (2009)¢ were the first to have
a field experiment studying discrimination against homosexuals on the housing market in
Sweden. They conduct a study on the rental housing market using the internet as a research
platform. Two fictitious couples, one heterosexual and one homosexual, both openly sig-
nalling their sexual orientation, apply for vacant rental apartments advertised by landlords
on the internet in Sweden. Homosexuals are identified as individuals living with partners
of the same sex. The authors explore the incidence of discrimination by observing how
landlords e-mail back and invite applicants to further contacts and/or to a showing of the
housing unit. Their findings show that homosexual males are discriminated against on the
Swedish housing market, since the homosexual couple gets far fewer call-backs and fewer
invitations to further contacts and to showings of apartments than the heterosexual couple.

3.2.2 Theoretical mechanisms

Since we have seen that there is discrimination against homosexuals, we would like now to
investigate its consequences in the labor market. In this section, we would like to expose the
possible theoretical mechanisms by which this occurs.

Just as in the case of gender and ethnicity, there might be several possible means through
which sexual orientation is independently related to a number of economic outcomes, such
as earnings or the probability of finding a job. Two hypotheses have dominated in this
literature. The first is the discrimination hypothesis, based on Becker’s (1957) taste-based
discrimination theory, or Arrow’s (1973) and Phelps’ (1972) statistical theory of discrimina-
tion. The second is the hypothesis of specialization within families. The predictions are the
same: gay males are predicted to experience earnings disadvantages compared with hetero-
sexual males, while lesbians are expected to experience earnings advantages compared with

6See also Ahmed et al. (2012).
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heterosexual females.

According to taste-based discrimination or statistical discrimination (see Section 2), em-
ployers may act on their bias against homosexuals, which may result in disadvantages on
the labor market such as lower earnings or lower chance to find a job. This outcome is, how-
ever, more likely for gay males than for lesbians since attitudes towards gay males are much
more hostile than are attitudes towards lesbians (Herek (2000), Kite and Whitley (1996)).
The statistical discrimination model is typically used to make predictions about lesbians.
Stereotypes about lesbians, for example that they are more focused on their career, that
they are less likely to have children or that they are more masculine, are considered to be
an important source of bias. In the statistical discrimination framework, lesbians therefore
are predicted to do better than their heterosexual counterparts.

The idea of specialization within families was put forward by Becker (1981), who argued
that heterosexual males specialize in market labor, and heterosexual females in household
labor because of comparative advantages caused by biological differences. Heterosexual fe-
males therefore acquire less market-related human capital and more home-related human
capital. In contrast, heterosexual males will acquire more market-related human capital.
This results in earnings differentials between males and females. On the contrary, homo-
sexual households are unable to specialize to the same extent as heterosexual households,
because the gains from gender differences between spouses in comparative advantages do not
exist. Lesbians who expect to form households will therefore not acquire less market-related
human capital than heterosexual females, and will therefore earn more. In contrast, gay
males are predicted to earn less than heterosexual males, because they will invest less in
market-related human capital than heterosexual males.

3.2.3 Evidence on earnings differences

A growing number of studies motivated by these hypotheses have investigated earnings
differences between homosexual and heterosexual people. Most studies have been conducted
in the United States and have used data from the General Social Survey (GSS), where
sexual orientation is identified through responses to questions regarding sexual behavior, for
example their recent sex partners. GSS is often used in combination with complementary
data. Badgett (1995) pioneered the study of the wage effects of sexual orientation, where she
used the pooled 1989-1991 GSS data. She found that gay males earned from 11 to 27 percent
less than heterosexual males. She found a similar pattern for females, but these results were
not significant. Badgett (2001) extended her analysis and continued to find lower earnings
for gay males, but not for lesbians. In subsequent work on updated GSS data, Berg and
Lien (2002), Black et al. (2003) and Blandford (2003) confirmed Badgett’s findings that the
earnings of gay males are significantly lower than the earnings of heterosexual males, but in
contrast, they found that lesbians earn significantly more than heterosexual females.
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Other studies in the United States used the US Census of Population data, which allow
the identification of people with same-sex unmarried partners. Using the 1990 US Census,
Klawitter and Flatt (1998) found that males in same-sex couples have significantly lower
earnings than males in opposite-sex couples. They found no significant differences for females.
Allegretto and Arthur (2001) reached similar results in a study of gay males. Carpenter
(2005, 2007) and Elmslie and Tebaldi (2007) have used other sources of data to test the
robustness of the results in the studies based on the GSS and Census data in the United
States. Overall, they present the same pattern of results as their predecessors: gay males
suffer from an earnings penalty, while lesbians do not, compared with their heterosexual
counterparts.

Research on the earnings of homosexuals outside of the United States is limited. Yet the
handful of studies that has been conducted in the UK, Netherlands, Canada and Sweden
find similar results to those in the United States. From the UK, Arabsheibani et al. (2004,
2005) found the usual pattern that gay males suffer from an income penalty, and lesbians
experience an income premium. Similar results are provided by Plug and Berkhout (2004)
for the Netherlands.

A recent paper by Ahmed et al. (2011a) study the earnings differences in Sweden be-
tween homosexuals and heterosexuals at the household level. This is important because the
individual decision on labor force participation, labor supply, and, thus, individual earnings,
is likely to be affected by or even be an outcome of decisions at the household level. As a
result, the pattern of earnings differentials found at the individual level may not extend to
the household level. This study was made possible by the fact that all homosexuals in Swe-
den were allowed to enter civil unions in 1995. The authors use the Longitudinal integration
database of health insurance and labour market studies at Statistics Sweden since they have
access to data on earnings, age, gender, educational attainment and region of residence for
all homosexuals who were living in civil unions, and for all married heterosexual people in
Sweden in 2007. In line with previous research, they find that gay males are at an earnings
disadvantage compared with heterosexual males, while lesbians earn slightly more than he-
terosexual females. However, when the authors combine individuals into households, they
find very small earnings differentials between gay households and lesbian households. How-
ever, lesbian households earn considerably less than both gay and heterosexual households.

These results are similar to previous findings on household earnings. Using US 1990
Census data, Klawitter and Flatt (1998) also found that at the individual level, gay males
earned less than male heterosexuals, and lesbians earned more than female heterosexuals,
but at the household level, gay households and heterosexual households earned more than
lesbian households. Using US 2000 Census data, Black et al. (2007) found that the earnings
of lesbian and heterosexual households were alike, and that gay households had the highest
earnings.
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3.2.4 Employment differences

We have seen that there are important differences in terms of earnings between homosexual
and heterosexual workers. We would like now to study the difference in the hiring process
in the labor market. In this section, we would like to survey the field experiments in this
literature.

Interestingly, the European studies (Drydakis (2009, 2011) for Greece; Weichselbaumer
(2003) for Austria) find strong evidence of discrimination against gays and lesbians in the
hiring process while the North American studies (Adam (1981) for Canada; Hebl et al.
(2002) for the US) find no effect. All these studies have some limitations and we would like
to expose the recent study by Ahmed et al. (2011b) for Sweden, which is the “cleanest”
study in terms of testing this effect. They construct written applications consisting of an
application letter that described a fictitious applicant and a résumé suited for applying to
ten different occupations. The applications were sent to all employers that were announcing
an open vacancy during the period between August 2010 and January 2011. The applicant’s
gender and sexual orientation were randomly assigned to the application for each employer
they contact. Therefore, each potential employer received only one application, which was
either from a heterosexual male or female or from a gay or lesbian person. The authors
use distinctive male or female names to signal the gender of the applicant and labeled the
applicant as a gay, lesbian or heterosexual by revealing the gender of the applicant’s spouse
and by adding information about voluntary work in a homosexual organization (for gay and
lesbian) and a neutral help organization (for heterosexual). Interestingly, this is the first na-
tionwide field experiment, even though gays and lesbians tend to live disproportionately in
big cities (Black et al. (2007)). Ahmed et al. (2011b) find that there is indeed discrimination
in the hiring process in the labor market for both gays and lesbians. Gays are discriminated
against in typical male-dominated occupations while lesbians are discriminated against in
typical female-dominated occupations. The magnitude of the discrimination varies between
different occupations and there is discrimination against gays and lesbians only in the pri-
vate sector. To be more precise, a heterosexual female applicant received 22 percent more
responses from employers than a lesbian applicant while for a heterosexual male this figure
was 14 percent”.

So far we have reviewed the empirical literature on homosexuals. Physical appearance is
also an aspect that has been studied and which is subject of discrimination. We would like
first to review first the literature on obese people, which is one aspect of physical appearance.
We will then review the literature on “beauty” and to examine whether people who are not
good looking (this could include obese people but in fact include much more individuals) are

"For Austria (Weichselbaumer (2003)) and Greece (Drydakis (2011)), a heterosexual female applicant
received 31 and 123 percent more responses from employers than a lesbian applicant while for a heterosexual
male this figure was 186 percent for Greece since Weichselbaumer (2003) only studied lesbians.
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discriminated against and have adverse labor-market outcomes as compared to better-looking
workers.

3.3 Physical appearance and labor-market outcomes
3.3.1 Obesity

Obesity is a rapidly growing health problem that affects an increasing number of countries
worldwide (World Health Organization, 1998). Almost two-thirds of Americans 20 and
older are classified as overweight in 1999-2000, compared to 46 percent in 1976-1980 (Flegal
et al. (1998, 2002)). From 1980 to 1999-2000, for Australian people aged 25-64 years, the
proportion of overweight women increased from 27% to 47%, and the proportion of overweight
men increased from 47% to 66% (Dixon and Waters (2003)). In England and many other
European countries the prevalence of obesity is also rising to epidemic proportions. In
1980, 6 percent of males and 8 percent of females in England were obese; by 2003 the
prevalence had trebled to 21 percent and 24 percent, respectively (Department of Health,
2003). The worldwide growth in obesity is a serious cause for concern because as well as
being a debilitating condition in its own right, obesity is an important risk factor for a
number of major diseases including coronary heart disease, type II diabetes, osteoarthritis,
hypertension and stroke (NHLBI, 1998).

Mechanisms There are five reasons why obesity and employment may be negatively cor-
related.

(1) Obesity can be a debilitating health condition (NHLBI, 1998). Therefore, all else
equal, the obese are likely to be less productive than the non-obese, and therefore less likely
to be employed.

(77) Obese workers may be discriminated against. Based on Balsa and McGuire (2003)
this might arise for three reasons. First, there may be prejudice by employers, reflecting
their distaste for obese workers and the psychological costs incurred when dealing with them
(Moon and McLean (1980)). Second, there may be stereotyping by employers, arising from
a belief that the obese are less productive (Everett (1990)). Third, discrimination may arise
through uncertainty, or a lack of knowledge about the productivity of obese workers (Pagan
and Davila ()1997).

(741) Unemployment causes obesity. For example, unemployed individuals, who have
lower incomes, are more likely to consume cheaper more fattening food (Cawley (2004)).

(1v) There are unobserved variables, such as lack of self-confidence that could cause both
obesity and low wages or low employment rates.

(v) Obesity may be measured systematically with error due to unobserved factors cor-
related with employment. This might arise if individuals in lower socioeconomic groups are
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more likely to under or over report their BMI all else equal.

Empirical results Although much attention has been directed towards the association
between (usually bad) health and (bad) labor market outcomes (see Currie and Madrian
(1999) for a review of studies on health and labor market outcomes), there is an important
literature on the impact of obesity on labor-market outcomes. Currie and Madrian (1999)
state that the overall impression from this literature is that the associations between health
status and labor market outcomes are mostly positive, but not very strong. From this strand
of literature we will, however, only be discussing the results for the obesity penalty.

In laboratory settings, psychologists and sociologists have documented differential treat-
ment by employers toward the obese (see Roehling (1999)). In such experiments, subjects
are asked to make hiring decisions about hypothetical employees where the only difference
is the subject’s weight. The results of these studies show that differential treatment on the
basis of a person’s weight can be found in a number of employment decisions (including
compensation, placement, and promotion). These studies often have found that differential
treatment due to weight is more common for women than for men. However, the extent to
which these experimental results have external validity is questionable.

In the economics literature, Cawley (2004) uses the National Longitudinal Survey of
Youths (NLSY) in the United States to estimate an obesity effect and ends up with an
obesity wage penalty that is sizable and statistically significant for women, while the results
for males are more mixed. Cawley instrument mother’s weight with child’s weight and ends
up with obesity wage penalties. Register and Williams (1990), Averett and Korenman (1996)
also use the same data, the NLSY, to estimate an obesity effect. They find similar effects. In
other words, these studies find a sizable and statistically significant obesity wage penalty for
women, while the results for males are more mixed. Using other U.S. data sets, Biddle and
Hamermesh (1994) and Behrman and Rosenzweig (2001) find no effect of weight on wages®.

For Europe, different papers have analyzed the relationship between obesity and em-
ployment. Using a 1994 sample of Finnish adults, Sarlio-Lahteenkorva and Lahelma (1999)
used a logit model to analyze the impact of current obesity on current employment and
long term unemployment, defined as being unemployed for two years or more in the previ-
ous five year period. Controlling for age, educational attainment, region of residence and
limiting long-standing illness they found in females that obesity has a significant and posi-
tive impact on long-term unemployment, and an insignificant effect on current employment.
For males, obesity had an insignificant effect on both employment measures. Using data
from two rounds of the Health Survey for England, Morris (2007) investigate the impact
of obesity on employment. The findings show that obesity has a statistically significant

8In their study, Behrman and Rosenzweig (2001) use data on identical twins from the Minnesota Twins
Registry in order to address specifically the issue of endowment heterogeneity.
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and negative effect on employment in both males and females. The study by Garcia and
Quintana-Domeque (2006), for nine European countries using the European Community
Household Panel (ECHP), finds a negative correlation between wages and obesity, ranging
from —2 to —10 percent for women; for men, no country estimate is lower than —2 percent,
and five estimates are in fact positive.

Making inferences about differential treatment against obese/unattractive persons from
interview data is, however, problematic for a number of reasons. Upon questioning, employers
don’t necessarily express their true attitudes toward these applicants; and, even if they do,
their attitudes are not automatically consistent with their behavior.

To circumvent these difficulties, researchers have relied on using field experiments. Cor-
respondence testing has been used and it implied that the researcher sends two equal ap-
plications to advertised job openings with the only difference being the photo attached to
the application: one obese and the other of normal weight. This is similar to the metho-
dology used for homosexuals (see e.g. Weichselbaumer (2003) who also used pictures in the
correspondence-testing framework to study sexual orientation discrimination in hiring and
Section 3.2). This methodology ensures that productive characteristics on the supply side
are held constant. The degree of differential treatment is quantified by the difference between
the two groups in the number of callbacks for a job interview. Using this methodology, Rooth
(2009) sent fictitious applications for real job openings to find evidence of differential treat-
ment in the hiring of obese individuals in the Swedish labor market. The applications were
sent in pairs, where one facial photo of an otherwise identical applicant was manipulated
to show the individual as obese. Applications sent with the weight-manipulated photo had
a significantly lower callback response for an interview. The callback response rate was six
percentage points lower for men and eight percentage points lower for women. Lundborg et
al. (2010) also find a statistically significant obesity penalty when analyzing the association
between BMI (Body Mass Index) and earnings. Interestingly, this penalty was reduced when
cognitive and non-cognitive skills were included in the earnings regression. Non-cognitive
skills explained about half of the obesity penalty, while cognitive skills explained around 20
percent.

3.3.2 Physical appearance (beauty) and labor-market outcomes

Obsesity is one aspect of physical appearance. There are obviously many more aspects
of physical appearance that are important in explaining discrimination and labor-market
outcomes of workers. There is indeed a growing literature analyzing the importance of
physical appearance on the labor market outcomes. This literature shows that attractive
people are believed to possess socially desirable traits. Indeed, Feingold’s (1992) meta-
analysis of this literature reports a robust association between physical attractiveness and
many personality traits, social skills, mental health, and intelligence.
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A relatively large body of empirical literature has analyzed the correlation between beauty
and labor market outcomes (for a review of this literature, see Hamermesh (2011)). However,
the evidence demonstrating a causal relationship is scarce.

Heilman and Saruwatari (1979) provide evidence of a positive correlation between beauty
and labor market performance. They asked college students to rate resumes (which included
a photograph) of applicants for one of two jobs, a traditionally male managerial job and
a traditionally female non-managerial job. Subjects were told that all applicants had re-
cently graduated and had been pre-screened on the basis of educational and background
qualifications. An examination of the results showed that attractiveness consistently was an
advantage for male applicants but was an advantage only for females seeking traditionally
female jobs. Attractive females were perceived as more feminine than unattractive females
and were therefore at a disadvantage when seeking a job that traditionally required masculine
characteristics. Biddle and Hamermesh (1994) provide further evidence of the beauty pre-
mium. Analyzing self-reported data on respondents’ appearance and labor market variables,
they find that unattractive people earn 5 to 10 percent less than average-looking people,
who in turn earn less than the good-looking individuals. Harper (2000) study individuals
born in Britain. He finds that the penalty of being unattractive (a self-reported measure) is
about 15 percent lower wages for men and 11 percent lower wages for women as compared
to the attractive applicants. Fink et al. (2007) find attractiveness to be correlated with
the subjects’ physical strength. Fletcher (2009) uses longitudinal data on wages from the
United States and finds that wage returns to (self-reported) attractiveness are large (5 to 10
percent) relative to the returns to ability (3 to 6 percent).

The works cited are all non-experimental studies. The identification of a causal link be-
tween attractiveness and labor market performance is a complex task: one that becomes par-
ticularly questionable in non-experimental settings. Different sources of biases, ranging from
the selection into occupations/labor market to the potential reverse causality from income
to attractiveness, might contaminate the results obtained from non-experimental settings
(Bertrand and Mullainathan (2004)). In an experimental setting, Mobius and Rosenblat
(2006) revealed that attractive people received higher wages because they were perceived as
more able, conditional on productive skills. They find, however, that beauty is not correlated
with labor productivity.

Different field experiments have been conducted in different countries. Using recent re-
search in psychology, anthropology, and graphic design technology, people have been using
the following methodology (similar to experiments testing discrimination of obese people).
One constructs a series of fictitious faces and attach them to fictitious resumes. While en-
suring that the resumes are of equal quality (by controlling for their content), researchers
made the faces progressively more attractive or unattractive through manipulations by com-
puter. The researchers then submit these fictitious resumes (including photographs) to real
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job openings and analyze the responses (callbacks).

For instance, in a randomly selected telephone survey in the US (Kuran and McCaffery
(2004)), it was found that most of the participants felt that discrimination based on looks
exceeded discrimination based on ethnicity or national background.

Lépez Béo et al. (2012) conduct a randomized field experiment in Buenos Aires, Ar-
gentina by providing evidence on the existence of discrimination based on physical appear-
ance in an early stage of the job search process. Although they analyze a different question,
their experiment design follows the empirical strategy utilized in Bertrand and Mullainathan
(2004). Their results indicate that attractive people receive 36 percent more callbacks than
unattractive people. The authors also document that more attractive candidates are not
only more likely to be contacted, but that they are contacted sooner than less attractive
applicants. Given the experimental setting, the estimated beauty premia can only be at-
tributed to the differences in facial attractiveness of the job candidates. A similar study
is that of Ruffle and Shtudiner (2010). These authors analyze the effects of attractiveness
on callback rates following a similar experimental strategy but in Israel. They find similar
effects.

Table 1 summarizes our overview of the empirical studies on the relationship between
homosexuality, obesity and beauty and the labor-market outcomes (earnings and employ-
ment) of workers with these traits, differentiating between males and females and between
registered data studies and field experiments. We would like now to expose our own studies
on these issues.

4 Anti-discrimination policies in Europe: evidence from

the MIPEX index

The importance given to the protection of Human Rights and fundamental freedoms in the
European Community Treaties has changed considerably since the European venture was
first launched. A decisive step towards a formal recognition of human rights was the im-
plementation of anti-discrimination laws and principles in the Treaty of Amsterdam, which
are common to all the Member states. In 1997, the Member States of the European Union
unanimously decided to add a new article to the Amsterdam Treaty (Article 13). The new
article enables the Council to take appropriate actions to combat discrimination based on
sex, racial or ethnic origin, religion or belief, disability, age or sexual orientation. After the
implementation of the Amsterdam Treaty on May 1, 1999, the Council adopted measures to
implement Article 13. Since then, the Member States have introduced different policies and
activities fighting against discrimination based of sex, racial and ethnic origin, religion or be-
lief, disability, age and sexual orientation along the lines proposed by the Commission. The
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European Union Charter of Fundamental Rights is now formally recognized as legally bind-
ing. The EU directives aim at ensuring uniformity in the interpretation and application of
Community law. The Amsterdam Treaty, however, did not settle all institutional questions.
Work is still in progress on reforming the institutions to make them capable of operating
effectively and democratically in a much enlarged EU. In particular, the legal definitions of
discrimination and the mechanisms to enforce them are still widely varied across the EU
member states. Countries also greatly diverge on fields of application and equality policies.
The OECD Employment Outlook in 2008 provides a focus on anti-discrimination legislation
in Europe, highlighting some of the cross-country differences in worker incentives to bring
a case before court and employer incentives to comply with discrimination policies (see also
Boeri and Van Ours, 2012, Chap. 4, for an overview). However, while for the employment
protection legislations, the OECD provides a comprehensive index combining various indi-
cators, such an index is not available for the discrimination policies. To the best of our
knowledge, the only quantitative measure capturing the complexity of anti-discrimination
laws and principles across European countries is a composite score assigned to each Eu-
ropean country for their performance in this policy area that can be extracted from the
Migrant Integration Policy Index (MIPEX). We will use this index in our regression analysis
in Section 5. The use of this quantitative indicator will provide us with a first investigation
on the role of anti-discrimination policies on the employment prospects of individuals who
might suffer from market discrimination because of religion, sexual orientation and physical
attribute (e.g. obesity).

Let us now describe in detail the Migrant Integration Policy Index (MIPEX) and provide
a descriptive picture of Europe with regard to the anti-discrimination component of this
index.

The Migrant Integration Policy Index (MIPEX) is produced by a consortium of 25 or-
ganizations. Amongst them are universities, research institutes, think-tanks, foundations,
NGOs and equality bodies. The MIPEX project was first lunched in 2004 with the aim of
improving the quality of debate on migrant integration policy in Europe by providing objec-
tive, accessible and comparable data for scrutiny and debate. The MIPEX index measures
policies integrating migrants in 25 EU Member States and 3 non-EU countries. It considers
over 140 policy indicators to create a rich, multi-dimensional picture of migrants’ oppor-
tunities to participate in European societies. MIPEX covers six policy areas that shape a
migrant’s journey to full citizenship: “labor market access”, “family reunion”, “long-term
residence”, “political participation”, “access to nationality”, “anti-discrimination”. Since
policies are measured against the same standards across all member states, MIPEX is a
“benchmark” tool to compare performance. The goal of keeping track of the progress of
integration policies in Europe over time is achieved by different editions of the index. Data
are now available for 2007 and 2010 (when data on new states are collected).
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For our purposes, we will use the “anti-discrimination” component, hereafter D_MIPEX,
of the MIPEX index. The D_MIPEX measures the anti-discrimination law in each country
that helps guarantee equal opportunities in economic, social and public life for all members of
society. It also measures if the law punishes a wide range of actors who discriminate against
a migrant in many ways because of his/her ethnic origin, race, religion or nationality, among
other grounds. It also determines if the state helps individuals seek justice through strong
enforcement mechanisms.

More specifically, the D_.MIPEX encompasses four aspects of anti-discrimination law and
principles: (i) definition and concepts; (ii) fields of application; (iii) enforcement mechanisms;
(iv) equality policies. Table A1 provides precise definitions of the factors that are taken into
consideration when calculating the summary indicator for each policy area. Best practice
for each policy indicator is set at the highest European standard, drawn from the Council of
Europe Conventions or European Community Directives. The highest European standards
for each of these practices are given a score of 100 and the index is then standardized to be
between 0 and 100 to ease cross-country comparisons. Table A1 also shows in detail what a
best policy practice (i.e. an index equals to 100), an half-way practice (i.e. an index equals
to 50) and a worst policy practice (i.e. an index equals to 0) mean in terms of laws and
principles in each policy area. In the case of the D_MIPEX] the best possible case is a country
where the law punishes a wide range of actors who discriminate against an individual in many
ways and on various grounds. The law applies these definitions to the many aspects of life
where the individual participates in his/her community. The state helps him /her seek justice
through strong enforcement mechanisms. Protection from victimization empowers him /her
to bring forward a case without fear of reprisals in her job, school, etc. The court can choose
the most appropriate of a wide range of sanctions, such as financial compensation or negative
and positive measures to stop further discrimination. Equality bodies have a robust legal
standing to help all victims. The state takes up its responsibility to lead public dialogue
and systematically promote equality in its functions. In the worst possible case (i.e. an
index equals to 0), perpetrators are free to deny employment, housing, health, welfare, and
educational opportunities to a individual based on his/her race, religion, nationality, etc..
He/she is left exposed to public incitements to violence, hatred or discrimination and public
insults and threats. Because the definitions in the law are weakly enforced, an individual
who feels that he/she is discriminated against is discouraged from bringing forward the case.
He/she has limited access to procedures with no access to legal aid or assistance from NGOs
(legal entities with a legitimate interest in defending equality). Equality bodies cannot
conduct independent investigations or help victims of discrimination. He/she also cannot
rely on the state to actively combat discrimination.

Figure 1 shows the values of the D_MIPEX and MIPEX for different European coun-
tries in 2007. It appears that anti-discrimination policies (D_MIPEX index) are strongly
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favorable in Sweden (88), Portugal (84), United Kingdom (81.5) and Finland (77). These
are also countries with favorable integration policies (MIPEX index). In particular, Sweden
and Portugal are the countries with the highest values of the overal index of integration
(MIPEX): 84.7 and 76.4, respectively. Note that also France (74.5) and Hungary (75.35)
have a quite favorable anti-discrimination policy, although they are just only halfway to
the best practice in terms of the overall integration policy index (54 and 47.2 respectively).
Anti-discrimination policies are instead strongly unfavorable in Latvia (25), Czech Republic
(20) and in Switzerland (30.6). These are countries that also show values of the overall index
of integration much below the European average (53). In Italy, the value of the D_MIPEX
(61.6) reveals that antidiscrimination policies are only slightly favorable and the similar value
of the overall indicator (65.3) indicates that this area does not receive an higher attention
with respect to other integration policies.

Figure 2 displays the changes that occurred in these indicators between 2007 and 2010.
The graph reveals a number of notable features. First, there are important variations in
terms of changes of these indicators across European countries. This is true for both the
MIPEX and the D_MIPEX. For the MIPEX, positive variations are as large as 40 points
(Switzerland) and as small as 0.35 (Latvia), whereas negative variations are as large as 22
points (Sweden) and as small as 0.3 (Finland). For the D_MIPEX, positive variations are
as large as 57 points (Switzerland) and as small as virtually 0 (Austria), whereas negative
variations are as large as 39 points (Sweden) and as small as virtually 0 (Netherlands).
Even more interestingly, variations in one indicator do not always correpsond to similar
variations for the same country, sometimes not even in sign. For example, we find that
Spain has gained almost 18 points in the D_MIPEX (meaning that they have improved their
anti-discrimination policies), whereas the MIPEX has lost more than 13 points in the same
time period (meaning that, on the contrary, their integration policies have been worse). A
similar pattern is true for the UK, Ireland, France and Finland. In addition, a number of
other countries, such as Belgium, the Czech Republic, Denmark and Slovakia have shown
improvements in anti-discrimination policies, which are much larger than those registered in
the other integration policy areas. On the other hand, we find instead that countries that
gave more importance to integration policies other than those against discrimination. This
is the case of Luxembourg, Latvia, Portugual and Greece, where the D_MIPEX shows no or
limited change over 2007-2010 while the value of MIPEX largely increased.

The interesting question to investigate is what are the areas of the D_MIPEX that have
registered the highest gains or losts.

Table 2 collects the values of the MIPEX for the different European countries, distin-
guishing between the different policy areas. We report the values of the index in 2007 (upper
panel) and the variations between 2007 and 2010 (lower panel). We also report the values of
the D_.MIPEX and MIPEX in the last two columns of each panel. It appears that countries
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greatly diverge on “Fields of application” and “Equality policies”, whereas “Definition and
concepts” of discrimination are relatively more homogeneous across European countries. It
also appears that, while few countries show similar indices for the different areas (exceptions
include Greece and Ireland), most of the countries have very different values in each policy
area. For example, for Italy, we find a value as large as 100 in terms of “Field of application”
and a value as low as 11 in terms of “Equality policies” (the worst practice after the Czech
Republic with a value equal to 0). This means that Italy has very strong anti-discrimination
laws that cover employment and vocational training, education, social protection and access
to goods and services for race and ethnicity, religion and belief, and nationality. On the
other hand, Italy has weak anti-discrimination laws for equality policies (for example, po-
sitive actions that promote equality). If we look at the European average, one can see that
Europe is performing poorly, in particular, in terms of equality policies.

5 Exploratory analysis for Europe

We begin our empirical investigation by providing a first picture on the labor-market out-
comes of individuals “specific” characteristics using the available cross country data for
Europe. More specifically, we investigate the employment and labor market participation
rates of homosexuals, obese people as well as people belonging to different religious groups
using the existing data for Europe?. We will also attempt to relate these findings to the
labor-maket policies and anti-discrimination policies that have been implemented in diffe-
rent countries.

5.1 Data

Our cross-country analysis is based on data coming from different sources. To analyze the
labor-market outcomes of individuals with certain sexual preferences and certain physical
appearance (mainly obesity), we use data from the European Community Household Panel
(ECHP) and the European Union Statistics on Income and Living Conditions (EU-SILC),
which are collected under Eurostat (Statistical Office of the European Union) coordination.
The ECHP is a longitudinal survey started in 1994 in 15 European Union Member States
and carried out yearly until 2001. The EU-SILC is a yearly survey started in 2004, which also
includes new EU members and some non-EU countries. Both datasets cover a wide range of
subjects such as income, labor force, socio-demographics, health, education, housing, poverty

9In Sections 2 and 3, we did not survey the literature on the impact of religion on labor-market outcomes.
This is because this literature is very large and involves other theoretical mechanisms than discrimination
such as social norms, culture, social interactions, etc. A good introduction to this literature can be found in
Tannaccone (1998).
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and social exclusion, etc.

We attempt at identifying homosexuals by exploiting one feature of the datasets. In
both datasets, it was asked to each respondent to identify — among the member of the
household — his or her partner. Since we know the gender of the respondent and of the
household members, we are able to identify individuals that have a partnership with an
individual of the same sex. However, according to the ECHP data, more than 80% of the
countries do not have any homosexual couple. Therefore, our analysis on the labor-market
outcomes of homosexuals in Europe is based on the EU-SILC data, providing information for
the following countries: Denmark, Belgium, Ireland, Italy, Greece, Spain, Portugal, Austria,
Finland, Sweden and United Kingdom. Clearly, this measure of homosexuality has several
problems. First, the respondent may be interpreting the question in a very broad sense and
the “partnership” may not indicate the existence of a sexual relation. Second, we cannot
identify homosexuals that do not live with their partners. Third, even if the individual lives
with a partner of the same sex with which he/she has a stable relationship, he/she may be
unwilling to disclose it. As a result, our final measure should be interpreted only loosely
as indication of homosexuality. In fact, our elaborations show that the rate of same-sex
cohabitation is too low to be a serious indicator of whether an individual is homosexual or
not. For instance, in our dataset, Greece and Spain have less than 0.02% individuals in
a same sex relationship and, in Italy, there are no individuals in this type of relationship.
However, to the best of our knowledge, there is no other existing dataset providing cross-
country comparison nor detailed survey data on even a single country on sexual preferences
and labor-market outcomes in Europe.

The EU-SILC does not contain information on the respondent’s weight and height. This
information is available in the ECHP data, starting from 1998. Therefore, in our analysis
on the labor-market outcomes of obese individuals in Europe, we use the Body Mass Index
(BMI) that can be constructed from the ECHP data for the years 1998-2001. The BMI is
defined as the individual’s weight divided by the square of his/her height. As it is standard
(see Section 3.3.1), we use this index to assess how much individuals depart from a normal
weight. Following the US National Institute of Health, we consider a BMI smaller than
18.5 as evidence that the individual is underweight, a BMI between 18.5 and 25 to be an
indication of normal weight, and a BMI above 30 to be an indication of obesity. In our
regression analysis we will also use a finer classification. The countries included in our
dataset are the same set of countries listed above, with the exclusion of UK.

The data provided by the Eurostat (including the ECHP and the EU-SILC data) do not
contain a breakdown by ethnic group or religion. Indeed, the Eurostat collects data coming
from the different national institutes for statistics. National legislation and practice in a
number of Member States prevent the collection and dissemination of information on ethnic
group or religion in statistics. Some information might be obtained from indirect questions
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about nationality or country of birth, but this is far from being satisfactory and tend to
cover only foreign born.

However, individual data on labor market outcomes and religion in Europe can be ob-
tained from the International Social Survey Program (ISSP). In particular, this survey pro-
gram contains special modules with additional questions on particular topics, including a
module devoted to religion. More specifically, the ISSP Religion module deals with religious
beliefs, religious socialization, past and current religious practices, religion and governmen-
tal connections, religion in comparison to other aspects, and secular aspects. The module
also contains basic demographic characteristics of the individuals and information on la-
bor market participation and on employment status. The ISSP Religion module consists of
three surveys from 1991, 1998 and 2008. We use this data to analyze the labour market
outcomes of individuals with different religions in Europe. In our analysis on religion, we
combined data from the most recent 1998 and 2008 surveys. The data cover the following
countries: Germany, United Kingdom, Hungary, The Netherlands, Italy, Ireland, Norway,
Austria, Slovenia, Poland, Sweden, Czech Republic, Bulgaria, Spain, Latvia, Slovak Repub-
lic, France, Cyprus, Portugal, Denmark, Switzerland, Belgium and Finland.

In all datasets, we select individuals between 14 and 64 years. Stylized facts and sum-
mary statistics are presented by topic (religion, homosexuality and BMI) in the following
subsections.

5.2 Religion in Europe

Let us begin our investigation by looking at the labor-market outcomes of different religion
groups in Europe. Table 3 shows some descriptive statistics, distinguishing between the
North, the Center and the South of Europe.

Looking at the overall picture, it appears that Jews are, on average, the oldest and most
educated group, with high employment and participation rates, whereas, on the contrary,
Muslims are the youngest, least educated with the lowest employment rate. Interestingly,
Muslims do not show a particularly low average participation rate. It is worthwhile to note
that Asians appear instead as highly educated individuls (on average less educated than Jews
only) and with an employment rate comparable with the one of the other European religious
groups. Interestingly, Southern Europe is the area where differences in terms of education
and labor-market outcomes across religious groups are more pronounced. Muslims show a
particularly low education level, which does not translate into an extremely low participation
rate. The penalty seems to be in the labor market, with extremely low employment rates
)10

(only 55 percent of them are employed)'®. Notably, people belonging to a Christian minority

(labeled as “Other Christians” in the table) are only slightly more educated than Muslims

0For similar results, see Bisin et al. (2008, 2011).
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but have a much higher employment rate and a much lower (actually the lowest among all
groups) participation rate in Southern Europe. This could be a signal that there is more
discrimination against Muslims than against Asians, Jews or even Christians when they are
in minority.

In Table 4, we investigate further these results using a simple OLS regression analysis
where the different religious groups are coded as different dummies (with no religion as
the reference category) and where the influence of factors (such as education, age, marital
status and household size, country and year fixed) is controlled for. We also perform our
analysis for males and females separately. In terms of employment prospects, compared
to non religious individuals, this table shows that there is a significant premium of being
Catholic and Protestant in Europe but a significant penalty of being Muslim. This premium
is higher for males if Catholic and for females if Protestant. For Jews, only males have a
statistically significant premium in terms of employment, capturing certainly their higher
level of education. Interestingly, the penalty for Muslims is higher for females. This may
suggest that discrimination is at work for the Muslim group, especially females. Muslims,
however, also tend to participate less to the labor market (especially females who are about
16% less likely to participate to the labor market than non-religious females), whereas for
the other religious groups we only find a penalty for Catholic and Orthodox women. This is
not surprising as highly religious women, in particular Catholic, tend to stay more at home
than to participate to the labor market.

An interesting issue to investigate is whether the labor-market outcomes are different
when a religion is in minory or majority. In Europe, while Asians, Muslims and Jews are
always in minority, Catholics, Protestants and Orthodox Christians can be in majority or
minority in the country considered. We distinguish between the strongly Catholic countries
(such as Italy, Spain, Ireland, Poland), the strongly Protestant countries (such as Norway,
Denmark, Finland)! and strongly Orthodox countries (mainly Greece). We then investigate
whether the relationship between being Catholic, Protestant or Orthodox Christian and
labor-market outcomes varies when these religions are in minority (like for example Catholic
in Norway or Protestant in Italy) or majority. For this purpose, in Table 5, we define and
include an interaction term with the correspondent religion dummies. Quite surprisingly, we
find that Catholics and Protestants tend to have a higher probability of being employed in
countries where they are in minority with respect to non-religious individuals. This is also
true for Orthodox Christians, but only for males. Instead, we do not find notable differences
with respect to participation rates, with the exception of Catholic and Orthodox Christian

"The complete list of strongly Catholic and strongly Protestant countries are given in the note of Table
5. A country is strongly Protestant (Catholic) if the fraction of persons in the ISSP data that identify
themselves as Protestant (Catholic) is above 75%. For example, according to this definition, Sweden and
UK are not among the strongly Protestant countries and France is not a strongly Catholic country.
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females who tend to participate less in countries where they are in minority. This evidence
is interesting. Accordingly to the conventional wisdom, highly religious, especially Catholic
women, tend to have an extremely low participation rate in highly Catholic countries such as
Italy or Spain and this is the main source of their low employment rates. We find instead that
they tend to participate less in Northern countries such as Norway or Finland (compared to
non-religious women), but once in the labor market they find more easily a job. The strong
penalty that accrue to Muslim (both to males and females and both in terms of employment
and participation rates), however, is again a notable feature.

In the remaining part of our analysis, we devote our attention to further investigate
the adverse labor-market outcomes of Muslims in Furope. Table 6 investigate the penalty
when distinguishing between the North, the Center and the South of Europe. Most notably,
it appears that both Muslim males and females participate more to the labor market in
Southern Europe compared to Central Europe but they find more difficulties in finding a
job, especially females. This finding seems to suggest that discrimination might be at work
against this group in Sourthen Europe, in particular against Muslim females.

Let us attempt to investigate the effects of anti-discrimination (defined by the D_-MIPEX
in Section 4) and labor-market policies on the negative relationship between being Muslim
and their labor-market outcomes. We consider three main labor-market policies in Europe:
“minimum wage”, “strictness of employment protection legislation” and “trade union den-
sity”. In the Appendix, we describe in detail these labor-market policies. Table 7 shows
that more regulated labor markets in terms of regular contracts are favorable to Muslim
males whereas Muslim females seem to show higher employment rates in countries with
higher minimum wage. We also find that an higher trade union density is associated with
higher participation rates for Muslims. This finding may signal a change in trade union poli-
cies. Indeed, in the past some unions have actively lobbied for racist policies to guard their
special interests. The interpretation of these correlations is, however, quite difficult. For
example, an high density of trade union members does not always signal an high trade union
power. In France, Germany and also in Italy, although the density of trade-union members
is relatively low, trade unions are very powerful and this might discourage minorities from
entering the labor market. The indicator used in the regressions does not capture this aspect.
In addition, there is a high correlation between employment protection for temporary and
regular contracts and it might be difficult to disentangle the effect of one form of rigidity
from the other. Furthermore, these indicators can capture a variety of other country-specific
factors. These results, therefore, should be taken with caution. Turning our attention to
anti-discrimination policy effects, one can see that the anti-discrimination policy index does
not seem to be a crucial factor in shaping employment prospects of Muslims.

However, as explained in Section 4, the anti-discrimination policies implemented in the
different countries vary widely. We thus attempt to shed some light on the anti-discrimination
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policy areas which appear to be more effective in affecting the labor-market outcomes of
Muslims. Table 8 shows a negative coefficient only for the area “definition and concepts”,
whereas the “enforcement mechanisms” and “equality policies” show positive and statisti-
cally significant effects in terms of employment prospects. While a favorable policy with
respect to “enforcement mechanisms” seems to benefit females, “equality policies” seem to
benefit mostly males. Strong enforcement mechanisms also appear to be associated with
higher participation rates for males.

5.3 Homosexuality in Europe

Let us now study the relationship between homosexuality (as measured by people declaring
living in a same-sex relationship) and labor-market outcomes. Table 9 provides descriptive
statistics of same-sex relationships in different European countries as well as some educa-
tional and labor-market outcomes. Panel (a) shows that, besides well-known differences
in employment rates and education levels in Europe, there are large variations in terms of
same-sex relationships. While in Sweden or France, 1.1 percent of the sample declare living
with a person of the same sex, in most Southern European countries (such as Italy, Greece
or Portugal), almost nobody declares having such a relationship. Although our measure of
homosexuality is only a rough measure, one possible explanation is that being homosexual is
more accepted in Sweden or France than in Southern Europe. The bottom panel (Panel (b))
gives more specific information on education and labor-market outcomes of homosexuals in
Europe. Persons involved in same-sex relationships tend to be on average younger (38 ver-
sus 44 years old), more educated and more in the labor force than heterosexual individuals.
When in the labor force, however, we do not find marked differences in employment rates
between the two groups.

In Table 10, we analyze the relationship between homosexuality and outcomes more
closely with simple OLS regressions using country and year fixed effects, controls for educa-
tion, age, household size and also distinguishing between males and females. We find that
the relationship is globally negative, i.e. being in a same-sex relationship reduces the chance
of being employed and in the labor force. Homosexual couples are about 1% less likely to be
employed and to enter the labor force. This is consistent with the other non-experimental
studies that we surveyed in Section 3.2.4 where most European studies (Drydakis (2009,
2011), Weichselbaumer (2003)) found strong evidence of discrimination against gays and
lesbians in the hiring process while the North American studies (Adam (1981), Hebl et al.
(2002)) did not find any effect. When distinguishing between males and females, only the
negative relationship between lesbians and the probability of being in the labor force is sig-
nificant, indicating that they have less chance than heterosexual females to be in the labor
force. Observe that this evidence contradicts the theory of specialization within families
exposed in Section 3.2.2. Indeed, this theory tells us that homosexual households are unable
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to specialize to the same extent as heterosexual households because the gains from gender
differences between spouses in comparative advantages do not exist. Lesbians who expect to
form households will therefore not acquire less market-related human capital than hetero-
sexual females and will therefore have a higher chance to be in the labor force and to find
a job. In contrast, gay males are predicted to have less chance to be in the labor force and
to find a job than heterosexual males because they will invest less in market-related human
capital than heterosexual males. Table 10 shows instead that lesbians tend to have a lower
chance to be in the labor force than heterosexual women while gays have lower chances but
not statistically different from heterosexual males. When looking at the probability of being
employed both signs are negative, suggesting discrimination, but again the estimated effects
are not statistically significant. However, we should not place too much emphasis on these
partly puzzling results. They are certainly due to the very small sample size of homosexuals
and to our very coarse measure of homosexuality. These data problems prevent us from con-
tinuing our analysis on this topic. Any analysis on the effects of policies on the relationship
between homosexuality and labour market outcomes using these data would be extremely
unreliable.

5.4 Obesity in Europe

Let us now turn our attention to the relationship between obesity and labor market outcomes
in Europe. As explained before, using data from the European Community Household Panel
(ECHP), a BMI smaller than 18.5 is evidence that an individual is underweight, a BMI
between 18.5 and 25 is an indication of normal weight, and a BMI above 30 is an indication
of obesity. Figure 3 displays the BMI for different European countries, which, on average,
have a similar BMI of roughly 25. Interestingly, the main differences between these countries
are in the upper tail of the distribution since southern countries like Italy, Greece and Spain
have a lot of “outliers”, i.e. individuals with BMI above 40 while, in Northern Europe (like
Denmark, Sweden, Austria, etc.), this is less the case. Figure 4-(a) displays the average BMI
by gender. One can see that, on average, the BMI are the same but the dispersion is much
higher for males, especially for those with a very high BMI.

If we look at the BMI by level of education, as shown in Figure 4-(b), we see that less
educated people tend to be more overweight. This negative relationship between education
and obesity (or more generally health) is relatively well-known (Hammond (2002), Groot and
Maassen van den Brink (2007)). For example, Webbink et al. (2010), analyze the causal effect
of education on the probability of being overweight by using longitudinal data of Australian
identical twins. Their study confirms this well-known negative association between education
and the probability of being overweight. For men, they find that education also reduces the
probability of being overweight within pairs of identical twins. Remarkably, for women they
find no negative effect of education on body size when fixed family effects are taken into
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account. Identical twin sisters who differ in educational attainment do not systematically
differ in body size. If we now look at the relationship between education and BMI by country
(Figure 5), we see that there are large variations between countries but the tendency is the
same: the higher is the education level, the lower is the average BMI. One can also see that
Southern European countries are the ones with a larger fraction of obese, especially for the
low-educated individuals. Take, for example, Greece. Most people with a BMI above 40
have a low level of education. On the contrary, for Nordic countries, this is still true but the
differences are less pronounced.

In Figure 6, we look at the relationship between BMI and age where the median is given
as a continuous line. We see that the relationship is increasing for all countries, i.e. people
tend to put on weight as they grow older. We also see that this relationship tends to be more
linear or convex for women (women tend to increase their weight steadily over time) and
more concave for men (i.e. men tend to put on weight between 30 and 50 and then keep the
same weight). Figure 7 confirms this relationship between gender and BMI by country, also
showing that very obese people tend to live in Southern European countries (Italy, Greece,
Spain and Portugal).

Table 11 collects more precise figures on the facts depicted in the previous graphs. A
visual inspection of the previous figures does not reveal, for example, that Finland and
Belgium are two countries with a relatively high fraction of people who are obese. Table
11 also highlights the fact that there are marked differences both across gender and across
countries in the distribution of BMI.

In Table 12, we investigate the relationship between BMI and the probability of being
employed and of participating in the labor force using a regression analysis, distinguishing
obesity between “overweight” BMI is larger than 25 and smaller or equal to 30, “obesity I”
if BMI is larger than 30 and smaller or equal to 35 and “obesity II” if BMI is larger than 35.
Consistently with the previous descriptive statistics (Table 11), we find that the results differ
depending of the gender of the person. Underweight females do not show lower chances of
finding a job or participating to the labor force compared to a “normal” person, i.e. someone
who has a BMI between 18.5 and 25, while males do. On the contrary, overweight and obese
males tend to have a premium in the sense that they have a higher chance of finding a
job and participating to the labor force than a “normal” person. The contrary occurs for
females. We also find that both men and women severely overweight (obese II) tend to
participate less to the labor market (labor force) than “normal” persons certainly because
they get discouraged more easily. This is in accordance with the studies described in Section
3.3.1 and the literature overview of Currie and Madrian (1999). However, our results reveal
that the penalty in terms of employment only remains for females. This evidence might
suggest that discrimination on physical appearance is stronger for females. As highlighted
in Section 3.3.1, it is also possible that employers statistically discriminate against the very
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obese by believing that they are less productive than the non-obese.

In Table 13, we group severely overweight people (“obesity I” and “obesity III”) in one
category and look at the labor-market outcomes of underweight and obese people with re-
spect to a now broadly defined “normal” category. The results are in line with the evidence
contained in the previous table. Indeed, in terms of employment, the penalty of underweight
individuals occurs to males, whereas the one of obese individuals occurs to females. The
magnitude of the effects is remarkably similar: about 3% both for males underweight in-
dividuals and female obese individuals. In terms of labor force participation, underweight
males also seem to be the most discouraged group (about 9% less likely to participate),
whereas both females and males obese individuals participate less than “normal” individuals
(about 8% and 3% less likely to participate, respectively).

In Table 14, we investigate whether these results differ between Northern and Southern
Europe. Interestingly, we find that while in Northern Europe obese males have more diffi-
culties in finding a job (more that 2% less likely to find a job compared to normal weight
males), in Southern Europe they are not penalized. On the contrary, they receive even a
premium. On the other hand, while in Northern Europe underweight males do not seem
to penalized with respect to normal weight individuals, in Southern Europe they show a
strong employment penalty (more than 6%) . There are instead no differences in terms of
labor-market participation of obese or underweight males between Northern and Southern
Europe. Regarding females, we instead find the most notable difference in terms of partic-
ipation rates. In particular, we find that in Southern Europe underweight females tend to
participate more. This reduces the strong penalty for women which is found in Northern
Europe.

As we did for Muslims (see Table 7), we now attempt to investigate how the anti-
discrimination and labor-market policies implemented in Europe (see the Appendix for a
description of these policies) affect the relationship between weight and labor-market out-
comes. We interact our indicators of anti-discrimination and labor-market rigidity with our
indicator of obese individuals in Table 15 and with our indicator of underweight individuals
in Table 16. Looking first at the results on our indicators of labor-market rigidity, Table 15
shows that the signs of the estimated coefficients of the interaction terms when considering
employment prospects, are negative and statistically significant for most of the labor-market
rigidity indicators. This suggests that obese individuals are less penalized in the labor mar-
ket in countries that have more flexible labor markets. The only exception is a positive and
statistically significant effect for the regulation on temporary contracts for males, signaling
that obese males seem to be hampered by a more flexible regulation in terms of tempo-
rary contracts. Observe that more rigid labor markets can be found in Southern Europe,
where our previous results signal a premium for obese men. In this case, better employment
prospects for obese men can be also associated to cultural rather than institutional reasons.
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When looking at the results for labor-market participation, one can also see that a more
flexible regulation in terms of temporary contracts is associated to higher participation rates
of obese males. Table 16 shows instead that the employment penalty of underweight individ-
uals seems to be reduced in countries having a more flexible regulation in terms of temporary
contracts. Again, we find an opposite effect for the regulation on regular contracts for males.
In addition, Table 16 also show some beneficial effects of an higher labor market flexibility in
terms of participation rates, especially for females. As mentioned before, these indicators are
highly correlated, and can capture other country-specific factors. Therefore, these differences
should be taken with caution. Nevertheless, these results suggest that different labor market
policies might affect differently underweight and obese individuals and that their effects can
vary by gender.

Turning our attention to the effects of anti-discrimination policies, we find that more
favorable anti-discrimination policies are associated with better employment prospects for
obese individuals and worse employment prospects of underweight individuals, especially
males.

When we look more closely to the different policy areas embedded in the anti-discrimina-
tion index, in Table 17, we find that obese individuals seem to benefit in terms of employment
prospects in countries where the anti-discrimination legislation applies to wider fields and, in
terms of labor-market participation, in countries having stronger enforcement mechanisms
(especially males) and performing better in terms of equality policies. Table 18 instead
reveals that no type of anti-discrimination policy seem to be associated with better employ-
ment prospects of underweight individuals. It only shows some positive effects of having
strong enforcement mechanisms in terms of participation rates.

Taken as a whole, the picture that emerges from the evidence exposed in this section
suggests that individuals with “specific” charateristics might be discriminated against in the
European labor markets. Because of the importance of these issues for policy purposes,
further research and in particular further data are needed to enlight the political debate.
This motivates the field experiment that we have performed in Italy and that we expose in
the next section.

6 Do employers discriminate against physical appear-
ance and sexual preference? A field experiment

Estimating the effect of sexual preferences and personal appearances is difficult because
it is practically impossible to deal with potential unobserved traits that are likely to be
correlated both to sexuality and appearances. In particular, our results from Section 5 using
the European Community Household Panel (ECHP) and the European Union Statistics on
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Income and Living Conditions (EU-SILC) datasets, i.e. registered and surveyed data, have
their limitations. First, there is often an absence of accurate information. Unlike ethnicity
and gender, which are both easily observable, the sexual orientation of individuals is not
generally an observable trait and our way of identifying same-sex relationships (by asking to
each respondent to identify — among the member of the household — his or her partner)
is not without problems. This clearly biases the results. Second, since homosezuality is
not an observable characteristic, its exposure can happen either voluntarily or involuntarily.
If it occurs voluntarily it is an endogenous action. According to economic theory, rational
individuals should experience at least some benefits arising from such an action, which might
also bias the results.

To circumvent these problems, we conduct a field experiment that builds on the corre-
spondence testing methodology that has been primarily used in the past to study minority
outcomes in the United States, notably by Bertrand and Mullainathan (2004)'2.

We study the effect of perceived homosexuality and of physical appearances in the labor
market by sending fictitious résumés to help-wanted ads in Rome and Milan. These are
the two Italian cities with the biggest labour markets. We expected it to be easier to find
there an on-line help-wanted ad and to receive a callback. As a matter of fact, most of
the help-wanted ads in websites commonly used to advertise job vacancies are for jobs in
Milan and in Rome. As in the studies surveyed in Section 3.2 and 3.3, we experimentally
manipulate perceived homosexuality by randomly modifying résumés by adding items that
reveal sexual preferences. At the same time, we randomly attach to the résumés, pictures
that have been previously ranked in terms of beauty to study the effect of appearances on
labor market outcomes.

6.1 Description of the experiment

The first step of the experimental design is to restrict the ads to whom résumés were sent. We
restricted the field experiment to seven occupations: administrative clerk, bookkeeper, call
center operator, receptionist, sales clerk, secretary and shop assistant. These occupations
were selected by looking at the distribution of help-wanted ads on specialized web sites.
These seven occupations were the most frequent among those not requiring very specific
skills for which would have been difficult to create standard profiles of job applicants.

The second step is to create templates for the résumés to be sent. To generate those
templates, we collected résumés of actual job seekers by posting ads on the most used
Italian websites for job search!®. From the résumés we received, we extracted information
concerning the distribution of educational attainment including names of schools and colleges

12Gee Section 3.1.
13In order to avoid generating false hope, candidates were notified by mail that the job vacancy they were
applying for had already been filled.
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attended and types of experience including names of previous employers. More specifically,
we construct databases containing names of high schools in Milan and in Rome (within an an
area of 30 km), names of colleges in Milan and in Rome, names of companies and description
of work experiences. These information were then used as a building block for generating
the résumés.

Résumés were generated through an ad-hoc software that randomly chose some charac-
teristics from these ad-hoc datasets.

For each city and occupation, we used six different identities, three males and three
females. Some of their characteristics remain constant among résumés for the same city and
occupation. First and last names for these identities were selected among the most common
Italian names. For each occupation, we associated a specific name-surname pair. By doing
so, we could easily understand the occupation and profile considered in case of callbacks.
For example, “Giulia Villa” was always an administrative clerk in Milan, while “Francesco
Ricci” was always a bookkeeper in Rome. The addresses of residence were chosen to give
not any additional information about the socio-economic status of the applicants. The year
of birth of the applicants were randomly set between 1977 and 1992. Education and work
experience were coherently set with the age of a particular applicant. We used six phone
numbers, each of them associated with one name in Milan and one in Rome. This means that
each number was associated to 14 different identities, two for each of the seven occupations
(then identified by the name-surname pairs).

The résumé items revealing of homosexual preferences were periods of internship in pro-
gay advocacy groups that are real, well-known by the public at large, city-specific and in
any case their names were very explicit about the nature of the group like, for example,
“Arcilesbica Roma”, “Centro di Iniziativa Gay-Arcigay” or “DGP - Di Gay Project”, etc.
Applicants in the control group have instead worked as interns for a period of similar length
in a non gay/non lesbian cultural association or in a company. In order to better match the
occupation, tasks performed during internships were different across applicants. For each
city and for each occupation, one of the three types of internship was associated with two
identities, one male and one female.

For physical appearance, we randomly assign to each résumé a picture chosen among 89
previously collected photos of individuals aged between 20 and 35 years old. The photo was
chosen in such a way that it minimized differences between the age declared in the résumé
and the real age of the person depicted in the picture.

For each city and for each occupation, we created 1,200 fake résumés. To understand
how the program generates a fake résumé, consider a specific identity. Name, surname, home
address, phone number, e-mail address, date and place of birth, and type of internship are
fixed. First of all, the program randomly chooses the year of birth from 1977 to 1992. Then,
depending on the age, it picks a picture. The program associates pictures to identities who
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have 2 years from the age of the person in the picture. Secondly, the program randomly
chooses the highest level of education attained. If it has selected a degree, then it randomly
chooses a senior high school from the second dataset. Thirdly, the program fixes the length
of the work period, accordingly to the following formula: length of work period = age — 19
— years of the degree — 6 months of internship. Then, on the basis of the years of work, the
program assigns one, two or three work experiences, accordingly to the following rules:

° work period < 3 years: one work experience

° work period > 3 years: two work experiences (each experience lasts “work pe-
riod/2”)

° work period > 10 years: three work experiences (each experience lasts “work pe-
riod/3")

Lastly, the program chooses a level of language skills and a level of computer skills. If
the program has selected a senior high school or a degree specializing in modern languages,
it then assigns to the résumé the knowledge of two foreign languages, one of which with
excellent proficiency. For the computer skills, there are no constraints.

The beauty of the person portrayed in the picture was assessed by an independent panel
formed by 24 people. Members of this panel had never seen in real life the persons in the
picture. Some of the members of the panel were employees of an employment agency that
specialize in matching résumés to open vacancies.

The field experiment started on January 17th, 2012 and ended on February 21st, 2012.
During this period, for each city and occupation, we selected the most recent employment ads
published in two websites: Job Rapido and Monster. They are the most popular websites
among actual jobseekers. We answered to 531 ads, 336 in Milan and 195 in Rome. We
typically sent four résumés in response to each ad: two from the treatment group and two
from the control group. In total, we sent 2,320 résumés.

6.2 Results

Table 19 reports the recall rates by sex and cities. The overall response rate was about
11%, with a minor difference between males and females (10.83% and 11.24%, respectively).
Looking at the percentages by city, the response rate is higher in Rome (about 16%), where
males were more likely to be called back than females (17.48% versus 14.96%). On the
contrary, in Milan, the overall response is roughly divided by two (about 8%) and males
were less likely to be called back than females (7.19% versus 9.10%).

Table 20 shows that “call center operator” type of job was the occupation which received
the highest rate of callbacks (also by gender), followed by “receptionist” and “sales clerk”.
Interestingly, people who sent their CVs to a secretary or a shop assistant job got a very low
callback rate, i.e. 4.66% and 2.95%, respectively.
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We continue our data analysis by showing some evidence on the validity of our expe-
riments for answering our main research question. Table 21 shows the association between
our treatment variables and characteristics of the résumés and the ads (treatment variable
“homosexual” and “beauty scores” in panel (a) and (b), respectively). We provide this
table as a randomization check to examine whether random assignment has succeeded, thus
enabling us to assess the internal validity of the experiment results. As expected, the beauty
score is associated with a “gay” internship and with age. As a result, it is important in
our following regression analysis to control for picture beauty and age when assessing the
premium/penalty of being homosexual in the labor market. Notice that we also control for
other covariates as their inclusion is well known to improve efficiency and thus increase the
precision of the estimates.

We start with Table 22 to investigate the relationship between response rate (callback)
and homosexual preferences in panel (a) and between response rate and picture beauty in
panel (b), with basic controls and distinguishing between males and females. We use linear
probability models where the dependent variable takes value 1 if the identity of the person
is called back (denoted “callback” in the table). Our target variable in panel (a) is a dummy
taking value 1 if the identity is associated with periods of internship in pro-gay advocacy
groups and 0 otherwise (denoted by “homosexual”). In panel (b), it is a variable containing
the beauty scores received by the picture associated with the identity (denoted by “beauty
score”), as assessed by the jury panel. The scores range between zero and 10, where 10
indicates the most attractive individual. Figure 8 shows the distribution of beauty scores in
our sample of job applicants. The distribution is broken into five intervals, each containing
approximately 20% of the sample.

Results in panel (a) reveal a statistical significant penalty (in terms of callback rates)
associated to homosexual males of about 3% whereas homosexual females does not seem
to show a significant difference in callback rate with respect to heterosexual females, even
though the sign is positive. Observe that the 3% penalty for homosexual males is quite
high since the callback rate for males is 10% (see Table 19), which means that compared
to heterosexual males, they have 30% less chance to be called back. This confirms previous
studies on the relationship between homosexuality and labor-market outcomes (see Section
3.2.4) where there is strong evidence of discrimination against gays in the hiring process.
For example, Ahmed et al. (2011b) for Sweden, which also construct “fake” CVs, find that a
heterosexual male applicant received 14% more responses from employers than a homosexual
applicant (see also Weichselbaumer (2003) for Austria, and Drydakis (2011) for Greece).

When we instead look at differences in response rates by picture beauty, panel (b) shows a
significant premium for attractive females of about 2% and no significance difference between
handsome and ugly men. This is line with the beauty premium highlighted in Section 3.3.2.
Panel (c) shows that these results remain unchanged when both our variables of interest
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(homosexuality and beauty) are included as regressors.

In Table 23, panel (a) we use the same specification as in Table 22 panel (¢) and add
as controls all the other characteristics that were collected in our experiment. They include
type of secondary schools (for example, schools specialized in math or in literature, etc.),
the years of experience of the candidate, whether he/she has college degree or not, and
characteristics of the ads, namely if the ad was targeting a specific gender, if the ad was
mentioning the equal opportunity (non discriminatory) act, if the picture was required, if a
cover letter was required (if it was required we sent a cover letter), if the ad was posted by
an employment agency or a directly by a company, if the knowledge of one or more foreign
languages was required and if a computer knowledge was specified by the ad. The results
remain unchanged. In Table 23, panel (b), we instead investigate possible non-linearities in
the relationship between response rate and picture beauty by coding the beauty scores with
a set of dummy variables capturing various beauty ranges. These ranges are those plotted in
Figure 8. The main results remain mainly unchanged, i.e. attractive females are the group
that seem to receive a premium whereas attractive males do not. However, these results
show that this premium for females seem to be mainly driven by highly attractive women
(in the extreme upper tail of the beauty score distribution) that appear to receive a premium
of almost 8%.

We continue our analysis in Table 24 by using the same specification as in Table 23,
panel (b) and add an interaction term between our dummy capturing homosexual prefer-
ences (“homosexual”) and a dummy variable (“good CV”) taking value 1 if the individual
is depicted in the résumé as having a college degree with excellent English proficiency and
excellent computer skills and zero otherwise. Our aim is to investigate if the penalty asso-
ciated with homosexual preferences is mitigated for high-skilled individuals. Interestingly,
we find the opposite result. Indeed, Table 24 reveals that the penalty seems to be actually
higher for high-skilled homosexual individuals, with an associated magnitude of more that
8% for homosexuals males. No penalty or premium is instead associated to high-skilled
homosexual females, confirming that only males are penalized in the labor market for their
homosexuality. This suggests that high-skilled homosexuals are more discriminated against
than low-skilled homosexuals, although our experiments only considers jobs with low-skilled
profiles.

In Table 25, we then investigate whether the beauty premium for women varies by skills.
We find that high-skilled attractive women are called back less often than low-skilled at-
tractive women. This may indicate that beauty might not be an advantage for high-skilled
women.

A possible concern, however, can be that employers are discriminating between intern-
ships in cultural associations and in companies, as the control group includes identities
reporting internships both in non gay/non lesbian cultural associations and companies. If

44



employers prefer to employ people that had experience in companies rather than in cultural
associations, then the penalty associated with pro-gay/lesbian cultural associations can sim-
ply capture the penalty associated with experience in a cultural association rather than in a
company.

We investigate this issue in Table 26. In panel (a), we display the results when excluding
individuals from the control group having internships in companies. Our target variable is
thus now a dummy taking value 1 if the résumé reports an internship in a pro-gay/lesbian
cultural association and 0 if the intership is a non pro-gay/lesbian cultural association. One
can see that the results are virtually the same as those reported in Table 22, with even a
slightly higher penalty for homosexual males (about 3.5% in Table 26 versus about 3% in
Table 22). As a further robustness check, we investigate in Table 26, panel (b) if employers
actually discriminate between internships in cultural associations and in companies. The
results show that this is not the case. When excluding from our sample individuals with ho-
mosexual preferences and coding our target as 1 if the internship was in cultural associations
and 0 if instead it was in a company, Table 26 shows no statistically differences in response
rates between the two groups. This further robustness check increases our confidence in the
estimated penalty of 3% for homesexuals in the labor market and the fact that employers
tend to discriminate against homosexuals in the labor market.

7 Concluding remarks

In this chapter, we contribute to the political debate on discrimination in Europe by consi-
dering unexplored dimensions of discrimination. Using the available survey data for Europe,
we first provide cross country results about the labor-market outcomes of people with dif-
ferent religions, homosexuals and individuals with specific outlooks. We find that Muslims,
homosexuals, obese and underweight individuals are in general penalized in the labor market,
with interesting differences between males and females and between Northern and Southern
Europe. Strong enforcement mechanisms and better equality policies seem to be the more
beneficial anti-discrimination policies that can reduce these penalties. Notably, these are the
anti-discrimination policy areas where the different European countries differ the most and
where Europe on average perform worst.

We then conduct a field experiment in Rome and Milan and find that there is a strong
penalty for homosexuals. Indeed, homosexuals have 30% less chance to be called back
compared to an heterosexuals and even more so if they are highly skilled. On the contrary,
no penalty exists for homosexual females. We also found a beauty premium for females only
but this premium is much lower when the “pretty” woman is skilled.

Different economic arguments can be considered to explain our results. Following Becker
(1957), employers may dislike the lifestyle of gay men but not of lesbians and then act on this

45



bias. Research in social psychology has indeed shown that the attitudes towards gay men are
much more hostile than the attitudes towards lesbians (see, e.g. Kite and Whitley (1996),
Herek (2000)). The results could also be explained by an argument based on statistical
discrimination (Arrow (1973), Phelps (1972)). For gay men, an often-mentioned reason for
statistical discrimination is HIV/AIDS since this is often the source of negative attitudes
towards gay men (Badgett (2001), Elmslie and Tebaldi (2007)). Statistical discrimination
may then occur if employers believe that HIV /AIDS infection decreases workers’ productivity
and increases absenteeism. In contrast to gay men, most people think that lesbians are more
focused on their careers, not on husbands or children, and that they have a strong aggressive
style (Peplau and Fingerhut (2004)).

We can also apply the standard economic theories of discrimination (tasted base and
statistical) to explain the negative impact on the labor-market outcomes of obese and less-
attractive individuals. For obese people (especially the very obese), it is clear that statistical
discrimination prevails since severe obesity is often associated with low productivity. Fur-
thermore, since previous experimental research indicates that beauty is not correlated with
labor productivity (Mobius and Rosenblat (2006)), our finding may suggests the existence of
labor market discrimination against the less attractive workers, especially women. The fact
that high-skilled pretty women obtain less beauty premium than low-skilled pretty women
may indicate the fear of competition with these women for certain types of jobs. Impor-
tantly, we show that the beauty results are particularly relevant for occupations requiring
the interaction with customers as secretaries, receptionists and general customer service.

All these issues are really complex and the mechanisms behind them difficult to identify.
More work should be done, both from a theoretical and empirical viewpoint, and we leave
that for future research.
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APPENDIX: LABOR-MARKET POLICIES

We consider three main policies in Europe: “minimum wage”, “strictness of employment
protection legislation” and “trade union density”.

Using data from OECD, we first collect for each European country the “minimum wage
relative to the median wage of full-time workers”, that is, the ratio of minimum wages to
median earnings of full-time employees - excluding overtime and bonus payments**. Indeed,
for cross-country comparisons, data on minimum wage levels are further supplemented with
data on average or median wages. Median rather than mean earnings provide a better basis
for international comparisons as they account for differences in earnings dispersion across
countries. A country like France has a very high minimum wage relative to median wages
while other countries like Luxembourg and Spain have a much lower ratio. Other countries,
like for example the Scandinavian countries, have no legislation on a national minimum wage.
For these countries the value of the indicator is set to 0'°. Countries with high minimum
wages should be less favorable to immigrants since the latter tend to be less educated and
thus paid at the minimum wage. Indeed, higher minimum wages implies higher labor costs
for employers and thus lower chance of being hired.

We then use the OECD employment protection indicators, which are compiled from
21 items, including: (1) “Individual dismissal of workers with regular contracts”: this in-
dex incorporates three aspects of dismissal protection: (i) procedural inconveniences that
employers face when starting the dismissal process, such as notification and consultation
requirements; (iz) notice periods and severance pay, which typically vary by tenure of the
employee; and (7i7) difficulty of dismissal, as determined by the circumstances in which it
is possible to dismiss workers, as well as the repercussions for the employer if a dismissal
is found to be unfair (such as compensation and reinstatement); (2) “Regulation of tempo-
rary contracts”: this index quantifies regulation of fixed-term and temporary work agency
contracts with respect to the types of work for which these contracts are allowed and their
duration. This measure also includes regulation governing the establishment and operation
of temporary work agencies and requirements for agency workers to receive the same pay
and /or conditions as equivalent workers in the user firm, which can increase the cost of using
temporary agency workers relative to hiring workers on permanent contracts. It is important

14 A national minimum wage is the minimum rate which by collective agreement must be paid in all
circumstances for certain work or to employees of a certain category.

15Observe that wage floors can exists even in absence of statutory minimum wages. For example, in
Sweden, there exist personal contracts which are concluded between individual employees and employers
specifying such minimum rate. An employer who pays rates below the minima incurs liability for breach of
the collective agreement concerned. However, these agreements largely vary between economic sectors and
depend on employer characteristics. “Negotiated” wage floors are thus not considered here.
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to note that employment protection refers here to only one dimension of the complex set of
factors that influence labor market flexibility.

All these indices range between 0 (least restrictions) and 6 (most restrictions). Different
countries have different employment protection legislations. For example, when considering
the policy “individual dismissal of workers with regular contracts”, countries like Portugal
and to a lesser extent the Netherlands have stricter legislations while countries like the UK
and Ireland have very weak ones. Looking at the legislation on the “regulation of temporary
contracts”, which is another important aspect of labor-market flexibility, again the UK and
Ireland have very weak legislations. This should not come as a surprise because these Anglo-
Saxon countries are well-known to have very flexible labor markets. On the other hand,
countries like Belgium and to a lesser extent Italy and France have much more regulated
labor markets.

Finally, we consider “trade union density”, which corresponds to the ratio of wage and
salary earners that are trade union members, divided by the total number of wage and salary
earners. Not surprisingly, Scandinavian countries have very high rates of trade union density
while countries like France, Spain and Germany have much lower rates, even though trade
unions are very powerful.

o6



HMD MIPEX
EX Index

BINET
— olgnday yoszyH
puelazims
puejod
eLjsny
enfeno|s
EREEY]S)
syewusq
Binoquiexn
puejal|
Auewlon

Se N3

ureds

BIUBAO|S
Arebuny

AemioN

Arey

aouel
wnibjeg
spuejiayiaN

puegjuly

— wopbury pauun

80 -
60 -
40 -
20 -
0-

[ebnypiod

uspamg

BMD MIPEX
MIPEX Index

60 -
40 -
20 -
07
-40 -

Figure 1: Anti-discrimination index (D_INDEX) and total index. MIPEX, 2007.
-20

uspamsg
BIUSAOIS

Arey

— wopbury pauun

spueliayiaN

Arebunp

AemioN

Auew.en)

aouel
puejod
eIneT
puejuiq
[ebniiod
eusny
gc N3
uredg
pueal|

s}Jewusq

Binoqwaxn

8008.5)

wniBjeg

— olgnday yoszH

BINEAOIS

puBleZIMS

MIPEX, 2010-2007

27

Anti-discrimination index (D_INDEX) and total index.

Figure 2:
changes.



100

80 .

60

Body Mass Index
o0 oo [ ]
™ e o o o

40

[ | | | | ] | ]
e N e [ e eI s e A s s e
20

I I I I I I I I I I
Belgium ltaly = Sweden Denmark Austria Ireland Spain  Finland Portugal Greece
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the “box” are the lower quartile and upper quartile of the data; the horizontal thicker line
is the median. The points plotted represent outlying observations, that is, observations that
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Earning/Wages

Employment

Male Registered data Registered data:
and field experiments: Less employment (Europe)
Lower wages No effect (US)
(US and Europe) Field experiments:
Lower callback rates (Sweden)
Homosexuality
Female Registered data Registered data:
and field experiments: Less employment (Europe)
No effect and sometimes higher No effect (US)
wages (US and Europe) Field experiments:
Lower callback rates (Sweden)
Male Registered data: Registered data:
No effect or small effect (US) Strong penalty (Europe)
Field experiments: Field experiments:
Lower wages (Sweden) 6% lower callback rates (Sweden)
Obesity
Female Registered data: Registered data:
Strong negative effect (US) Strong penalty (Europe)
Field experiments: Field experiments:
Lower wages (Sweden) 8% lower callback rates (Sweden)
Male Registered data: Registered data:
Higher wages (US) Strong premium (US)
15% lower wages for unattractive workers (UK) Field experiments:
Higher callback rates (Argentina, Israel)
Beauty
Female Registered data: Registered data:

Higher wages (US)

11% lower wages for unattractive workers (UK)

Premium only in female jobs (US)
Field experiments:
Higher callback rates (Argentina, Israel)

Table 1: Overview of the empirical studies
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MIPEX 2007

Definition Field of Enforcement  Equality MIPEX

and concepts  application mechanism policies D_MIPEX Total
Austria 57.1 8.3 50.0 44.4 40.0 39.2
Belgium 64.3 83.3 75.0 55.6 69.5 64.4
Cyprus 42.9 100.0 50.0 44.4 59.3 36.1
Czech Republic 42.9 8.3 29.2 0.0 20.1 42.1
Denmark 50.0 50.0 50.0 16.7 41.7 50.9
Finland 78.6 100.0 66.7 61.1 76.6 69.5
France 71.4 100.0 70.8 55.6 74.5 54.0
Germany 50.0 75.0 50.0 16.7 47.9 58.9
Greece 50.0 50.0 54.2 44.4 49.6 40.1
Hungary 50.0 100.0 79.2 72.2 75.3 47.2
Ireland 50.0 66.7 45.8 55.6 54.5 52.3
Italy 64.3 100.0 70.8 11.1 61.6 65.3
Latvia 28.6 8.3 29.2 33.3 24.9 30.4
Luxembourg 50.0 50.0 58.3 27.8 46.5 51.9
Netherlands 71.4 66.7 87.5 44.4 67.5 70.8
Norway 57.1 50.0 58.3 72.2 59.4 67.2
Poland 50.0 16.7 50.0 22.2 34.7 43.3
Portugal 64.3 100.0 87.5 83.3 83.8 76.4
Slovakia 64.3 25.0 66.7 33.3 47.3 38.5
Slovenia 64.3 100.0 62.5 38.9 66.4 52.5
Spain 57.1 50.0 54.2 33.3 48.7 61.7
Sweden 78.6 100.0 83.3 88.9 87.7 84.7
Switzerland 57.1 0.0 37.5 27.8 30.6 43.0
United Kingdom 85.7 100.0 62.5 77.8 81.5 65.8
EU 25 56.9 60.3 57.5 42.0 54.2 52.9

MIPEX 2010-2007 Changes

Definition Field of Enforcement  Equality MIPEX

and concepts  application mechanism policies D_MIPEX Total
Austria 0.0 0.0 0.0 0.0 0.0 2.8
Belgium 14.3 16.7 0.0 5.6 9.1 2.9
Cyprus 0.0 0.0 0.0 0.0 0.0 -0.9
Czech Republic 14.3 41.7 25.0 16.7 24.4 3.7
Denmark 0.0 0.0 8.3 11.1 4.9 1.8
Finland 0.0 0.0 0.0 5.6 1.4 -0.3
France 14.3 0.0 —4.2 0.0 2.5 —-3.4
Germany 0.0 0.0 0.0 0.0 0.0 —-1.5
Greece 0.0 0.0 0.0 0.0 0.0 8.9
Hungary 0.0 0.0 0.0 0.0 0.0 —-2.3
Ireland 0.0 33.3 0.0 0.0 8.3 -3.8
Italy 0.0 0.0 0.0 0.0 0.0 —-4.9
Latvia 0.0 0.0 0.0 0.0 0.0 0.3
Luxembourg 0.0 0.0 4.2 0.0 1.0 7.1
Netherlands 0.0 0.0 0.0 0.0 0.0 —-3.0
Norway 0.0 0.0 0.0 0.0 0.0 —-1.7
Poland 0.0 0.0 4.2 0.0 1.0 1.6
Portugal 0.0 0.0 0.0 0.0 0.0 2.4
Slovakia 7.1 75.0 16.7 16.7 25.3 6.7
Slovenia 7.1 —50.0 12.5 0.0 —-7.6 —16.2
Spain 7.1 50.0 8.3 5.6 17.8 —13.2
Sweden —21.4 —50.0 —29.2 —55.6 —39.0 —22.2
Switzerland 21.4 100.0 45.8 61.1 57.1 40.1
United Kingdom 14.3 0.0 4.2 0.0 4.6 —-9.2
EU 25 4.1 6.0 4.7 2.9 4.4 —-0.7

Table 2: MIPEX index on anti-discrimination policies. The upper panel shows the level in 2007. The
bottom panel shows the changes between 2010-2007.
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age female education employed labor force

Religion mean sd mean sd mean sd mean sd mean sd
all
No religion 41.11  12.67 0.52  0.50 12.95 3.42 0.91 0.29 0.79 041
Catholics 43.35 1294 0.43 0.50 11.62 3.88 0.91 0.29 0.71  0.46
Protestants 43.96  12.81 0.44 0.50 12.66  3.49 0.95 0.22 0.77  0.42
Orthodox 41.59  12.79 0.47  0.50 12.05 3.50 0.91 0.29 0.79 0.41
Other Chr. 40.82  13.04 0.39 0.49 12.55 3.36 094 0.25 0.75 0.43
Jewish 44.55  13.72 0.42 0.50 13.75  2.98 0.91 0.29 0.77 043
Muslims 38.85 10.98 0.56  0.50 10.52 4.31 0.70 0.46 0.74 0.44
Asians 41.14 11.85 0.47  0.50 13.01 3.85 091 0.29 0.75 0.43
northern
No religion 40.64 12.55 0.51  0.50 12.96  3.32 0.92 0.27 0.81 0.39
Catholics 42.26  12.65 0.42 0.49 12.87  3.42 0.93 0.26 0.73 0.44
Protestants 43.74 12.88 0.44 0.50 12.88  3.52 0.96 0.20 0.79 0.41
Orthodox 42.61 13.14 0.35 0.48 1231 2.99 0.86 0.35 0.81 0.39
Other Chr. 40.74  12.52 0.37 048 13.19 3.07 0.95 0.23 0.78 0.41
Jewish 45.09 13.11 0.47 0.51 13.97 3.01 1.00 0.00 0.75 0.44
Muslims 39.80 10.86 0.49 0.50 13.21  4.17 0.84 0.37 0.63 0.49
Asians 40.38 11.35 0.49 0.50 13.50 3.81 091 0.28 0.79 0.41
central
No religion 41.57  12.68 0.51  0.50 12.63 3.18 0.90 0.30 0.77 0.42
Catholics 43.67 12.80 0.43  0.50 11.85 3.04 0.92 0.28 0.71 0.45
Protestants 44.58 12.61 0.43 0.50 12.14  3.31 0.93 0.26 0.72  0.45
Orthodox 43.44 12.16 0.58 0.50 11.03 2.82 0.84 0.37 0.82 0.39
Other Chr. 40.57  13.59 0.43 0.50 12.06 3.11 0.93 0.26 0.72  0.45
Jewish 43.92 15.36 0.46  0.52 13.08 2.53 0.78 0.44 0.69 0.48
Muslims 38.70 10.60 0.57  0.50 10.85  3.77 0.80 0.40 0.70  0.46
Asians 41.77  12.13 0.48 0.50 12.74  3.79 0.93 0.26 0.71 0.45
southern
No religion 40.59  12.78 0.56  0.50 13.77 397 0.89 0.31 0.79 0.41
Catholics 43.30 13.24 0.44  0.50 10.78  4.86 0.89 0.32 0.69 0.46
Protestants 40.78  12.87 0.44 0.50 12.09 4.75 0.89 0.32 0.70  0.46
Orthodox 41.42  12.76 0.48 0.50 12.04 3.57 0.92 0.28 0.79 041
Other Chr. 44.05 14.35 0.32 048 9.09 5.75 0.86 0.36 0.64 0.49
Jewish 43.93  14.47 0.27 0.46 13.87 3.36 0.83 0.39 0.87 0.35
Muslims 38.53 11.48 0.58 0.49 8.79 4.15 0.55 0.50 0.84 0.37
Asians 39.55 11.44 0.36  0.49 13.38 4.18 0.83 0.38 0.89 0.31

Table 3: Summary statistics by geographical area. ISSP 1998, 2008. Northern countries are: UK, Ireland,
Norway, Sweden, Latvia, Denmark, and Finland. Central countries are: Austria, Belgium, Czech Republic,
Germany, Hungary, Netherlands, Poland, Slovak Republic, and Slovenia. Southern countries are: Bulgaria,
Cyprus, France, Italy, Spain, and Portugal.
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(€] @) 3) 4) (5) (6)
VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force

Asians -0.0211 -0.00531 -0.0327 -0.0337 -0.0198 -0.0382
(0.0191) (0.0229) (0.0292) (0.0211) (0.0323) (0.0262)
Catholics 0.0235%** 0.0130* 0.0323*** -0.0204*** -0.0387*** -0.00271
(0.00498) (0.00737) (0.00674) (0.00534) (0.00840) (0.00658)
Jewish -0.00548 -0.0586 0.0597*** 0.0399 0.0271 0.0613
(0.0351) (0.0646) (0.0162) (0.0483) (0.0743) (0.0579)
Muslims -0.131%** -0.175%%* -0.120%** -0.0916%** -0.158%** -0.0581%*
(0.0244) (0.0452) (0.0291) (0.0234) (0.0402) (0.0271)
Protestants 0.0189*** 0.0241%*** 0.0121 0.000219 -0.0106 0.00737
(0.00542) (0.00786) (0.00749) (0.00648) (0.00970) (0.00830)
Orthodox 0.000275 -0.0406 0.0409* -0.0144 -0.0498** 0.0176
(0.0181) (0.0273) (0.0234) (0.0149) (0.0222) (0.0197)
Others 0.0161 0.0151 0.0125 -0.0175 -0.0335 -0.0110
(0.0139) (0.0174) (0.0219) (0.0187) (0.0266) (0.0259)
female -0.0159%** -0.152%**
(0.00336) (0.00376)
education 0.00736***  0.00818***  0.00651*** 0.00950%** 0.0143*** 0.00284***
(0.000518) (0.000775) (0.000692) (0.000578) (0.000873) (0.000741)
age 0.0138*** 0.0162*** 0.0115*** 0.0740*** 0.0759*** 0.0731***
(0.00129) (0.00197) (0.00169) (0.00123) (0.00181) (0.00165)
age? -0.0159*** -0.0181*** -0.0141%** -0.0971%** -0.0994*** -0.0964***
(0.00150) (0.00231) (0.00195) (0.00141) (0.00207) (0.00190)
household size  -0.00752***  -0.0117***  _-0.00527*** -0.0136*** -0.0280*** -6.78e-05
(0.00159) (0.00251) (0.00204) (0.00164) (0.00260) (0.00198)
married 0.0418*** 0.0137* 0.0695*** -0.0247%** -0.0765%** 0.0288***
(0.00499) (0.00738) (0.00667) (0.00541) (0.00848) (0.00652)
widowed 0.0178 -0.00525 0.0324 -0.0861%** -0.120%** -0.0616**
(0.0125) (0.0154) (0.0218) (0.0121) (0.0147) (0.0247)
separated -0.0241%* -0.0317* -0.0177 -0.00326 -0.00460 0.000963
(0.0133) (0.0177) (0.0201) (0.0132) (0.0195) (0.0169)
divorced -0.0239%** -0.0355%** -0.0189 0.00412 -0.0192* 0.0123
(0.00809) (0.0102) (0.0131) (0.00825) (0.0114) (0.0120)
urban 0.0110*** 0.0143*** 0.00616 -0.00179 0.00201 -0.00754
(0.00370) (0.00540) (0.00506) (0.00438) (0.00652) (0.00562)
Constant 0.546%** 0.351%** 0.608%** -0.365%** -0.533%** -0.399%**
(0.0292) (0.0537) (0.0412) (0.0303) (0.0430) (0.0375)
Observations 32,160 15,791 16,369 43,266 23,402 19,864
R-squared 0.067 0.079 0.067 0.256 0.233 0.276
Country FE Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes
Sample All Females Males All Females Males

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Table 4: Pooled OLS Regression results. The dependent variable of the regressions in column (1)-(3) is a
dummy variable (employed) taking as value 1 if the individual is in the labor force and employed and zero
if the individual is in the labor force but unemployed. The dependent variable of the regressions in column
(4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the labor force and 0
otherwise. Robust standard errors in parentheses. Source: ISSP, 1998 and 2008
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VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force
Asians -0.0210 -0.00575 -0.0325 -0.0337 -0.0200 -0.0381
(0.0192) (0.0229) (0.0293) (0.0211) (0.0323) (0.0262)
Catholics 0.0317*** 0.0220*** 0.0399*** -0.0208*** -0.0412%** 0.00160
(0.00582) (0.00809) (0.00834) (0.00669) (0.0100) (0.00843)
Catholic x strongly catholic ctry -0.0197* -0.0261 -0.0161 -1.61e-05 0.00450 -0.00865
(0.0103) (0.0170) (0.0132) (0.0106) (0.0171) (0.0129)
Jewish -0.00482 -0.0594 0.0608*** 0.0404 0.0276 0.0614
(0.0350) (0.0644) (0.0165) (0.0482) (0.0741) (0.0580)
Muslims -0.133%** -0.177%** -0.121%** -0.0919%** -0.158%*%* -0.0592%*
(0.0244) (0.0453) (0.0291) (0.0234) (0.0403) (0.0271)
Protestants 0.0229%*** 0.0272%** 0.0163* -0.00233 -0.0151 0.0103
(0.00645) (0.00935) (0.00897) (0.00734) (0.0108) (0.00945)
Protestant x strongly protestant ctry -0.0132 -0.00894 -0.0145 0.0135 0.0249 -0.0110
(0.0103) (0.0149) (0.0141) (0.0152) (0.0230) (0.0197)
Orthodox -0.000395 -0.0417 0.0415* -0.0161 -0.0479** 0.0126
(0.0190) (0.0285) (0.0247) (0.0151) (0.0227) (0.0197)
Orthodox X strongly orthodox ctry 0.0266 0.0445 -0.00198 0.0301 -0.0889 0.0954
(0.0219) (0.0334) (0.0285) (0.0831) (0.0898) (0.116)
Others 0.0150 0.0134 0.0118 -0.0167 -0.0315 -0.0116
(0.0140) (0.0175) (0.0221) (0.0188) (0.0266) (0.0260)
strongly catholics 0.0392** 0.0219 0.00850 -0.0819 0.0586** 0.0652%**
(0.0158) (0.0253) (0.0192) (0.0825) (0.0271) (0.0226)
strongly protestants 0.0243 0.0641*** 0.0512%*** -0.0294 0.0536* 0.0719***
(0.0163) (0.0198) (0.0168) (0.0826) (0.0309) (0.0250)
female -0.0158*** -0.152%**
(0.00337) (0.00376)
education 0.00729%**  0.00811***  0.00644***  0.00952%** 0.0143*** 0.00282%**
(0.000518) (0.000774)  (0.000693) (0.000579) (0.000876) (0.000743)
household size -0.00748***  _0.0117***  -0.00521** -0.0136*** -0.0280*** -6.94e-05
(0.00159) (0.00251) (0.00204) (0.00164) (0.00260) (0.00198)
married 0.0418%*** 0.0140%* 0.0694*** -0.0246%** -0.0764%** 0.0287***
(0.00499) (0.00736) (0.00667) (0.00541) (0.00848) (0.00652)
widowed 0.0177 -0.00507 0.0320 -0.0860*** -0.120%** -0.0619**
(0.0125) (0.0154) (0.0218) (0.0121) (0.0147) (0.0247)
separated -0.0238* -0.0311* -0.0175 -0.00324 -0.00465 0.00112
(0.0133) (0.0177) (0.0201) (0.0132) (0.0195) (0.0169)
divorced -0.0241*** -0.0355%** -0.0192 0.00419 -0.0190* 0.0121
(0.00809) (0.0102) (0.0131) (0.00825) (0.0114) (0.0120)
urban 0.0107*** 0.0140%** 0.00592 -0.00172 0.00198 -0.00750
(0.00370) (0.00541)  (0.00507) (0.00438) (0.00652) (0.00563)
age 0.0137*** 0.0161*** 0.0115*** 0.0739*** 0.0759*** 0.0731%**
(0.00129) (0.00197) (0.00169) (0.00123) (0.00181) (0.00165)
age? -0.0159*** -0.0180***  -0.0141%** -0.0971%** -0.0994*** -0.0964***
(0.00150) (0.00232) (0.00195) (0.00141) (0.00207) (0.00190)
strongly orthodox 0.0570*** 0.187** 0.0192
(0.0218) (0.0872) (0.115)
Constant 0.530%** 0.495%** 0.610%** -0.393%** -0.604%** -0.465%**
(0.0284) (0.0436) (0.0371) (0.0854) (0.0410) (0.0360)
Observations 32,160 15,791 16,369 43,266 23,402 19,864
R-squared 0.067 0.080 0.067 0.256 0.233 0.276
Country FE Yes Yes Yes Yes Yes Yes
Time FE Yes Yes Yes Yes Yes Yes
Sample All Females Males All Females Males
Robust standard errors in parentheses
% 50,01, ** p<0.05, * p<0.1
Table 5: Pooled OLS Regression results. The dependent variable of the regressions in column (1)-(3) is

a dummy variable (employed) taking as value 1 if the individual is in the labor force and employed and
zero if the individual is in the labor force but unemployed. The dependent variable of the regressions in
column (4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the labor force
and 0 otherwise. Robust standard errors in parentheses. Source: ISSP, 1998 and 2008. Strongly catholic
ctry, Strongly protestant ctry, and Strongly orthodox ctry are dummy variables that take value 1 if the
country is strongly Catholic, Protestant, or Orthodox, respectively. Strongly Catholic countries are: Italy,
Ireland, Austria, Slovenia, Poland, Spain, Portugal, and Belgium. Strongly Protestant countries are: Norway,
Denmark, Finland. The only strongly Orthodox country is Cyprus. Robust standard errors in parentheses.

68



(@) 2) () (4) ) (6)

VARIABLES Employed Employed Employed Labor Force Labor Force  Labor Force
Asians -0.00355 0.0105 -0.0149 -0.0360* -0.0340 -0.0310
(0.0208) (0.0285) (0.0291) (0.0209) (0.0287) (0.0241)
Catholics 0.0134 0.00807 0.0173 -0.0203* -0.0380* -0.00179
(0.0153) (0.0199) (0.0132) (0.0106) (0.0204) (0.00687)
Jewish 0.00693 -0.0420 0.0693*** 0.0500 0.0322 0.0696
(0.0362) (0.0676) (0.0224) (0.0438) (0.0738) (0.0546)
Muslims -0.0920%** -0.0644 -0.104* -0.157%%* -0.185%* -0.143%*
(0.0302) (0.0451) (0.0530) (0.0569) (0.0803) (0.0513)
Muslim X north -0.0111 -0.230** 0.0677 -0.0501 -0.210* 0.0785
(0.0500) (0.0863) (0.0608) (0.0902) (0.114) (0.0670)
Muslim x south -0.165 -0.240%* -0.141 0.233*** 0.265%* 0.185%**
(0.0998) (0.111) (0.0985) (0.0673) (0.118) (0.0582)
Protestants 0.0294** 0.0258* 0.0312** 0.0102 0.0122 0.00449
(0.0118) (0.0139) (0.0121) (0.0149) (0.0247) (0.0123)
Orthodox 0.0163 0.00828 0.0236 0.0423** 0.0329 0.0519**
(0.0508) (0.0611) (0.0419) (0.0168) (0.0240) (0.0214)
Others 0.0275** 0.0248 0.0292 -0.0190 -0.0347 -0.00361
(0.0106) (0.0163) (0.0182) (0.0166) (0.0243) (0.0235)
north 0.0193 0.0216 0.0159 0.0253 0.0323 0.0142
(0.0176) (0.0201) (0.0187) (0.0220) (0.0375) (0.0160)
south -0.0124 -0.0269 -0.000338 0.00390 0.0110 -0.00275
(0.0282) (0.0365) (0.0231) (0.0203) (0.0314) (0.0185)
female -0.0147* -0.152%**
(0.00765) (0.0138)
education 0.00769***  0.00827***  0.00705***  0.00862*** 0.0132%** 0.00260
(0.00150) (0.00193) (0.00127) (0.00187) (0.00228) (0.00213)
age 0.0142%** 0.0164*** 0.0121%** 0.0739*** 0.0755%** 0.0730***
(0.00255) (0.00283) (0.00272) (0.00495) (0.00629) (0.00478)
age? -0.0164%** -0.0184%**  _0.0147*** -0.0971%** -0.0991%** -0.0965%**
(0.00287) (0.00324) (0.00314) (0.00588) (0.00728) (0.00571)
household size -0.00980***  -0.0127***  -0.00834** -0.0135%** -0.0280%** -0.000812
(0.00279) (0.00372) (0.00319) (0.00338) (0.00567) (0.00271)
married 0.0413%** 0.0130 0.0686*** -0.0210%* -0.0685%** 0.0298%**
(0.00612) (0.00784) (0.00847) (0.0116) (0.0197) (0.00727)
widowed 0.0104 -0.0120 0.0299 -0.0810*** -0.108%** -0.0589**
(0.0151) (0.0154) (0.0252) (0.0169) (0.0214) (0.0249)
separated -0.0230 -0.0300 -0.0184 -0.00168 -0.00877 0.00620
(0.0234) (0.0187) (0.0382) (0.0186) (0.0307) (0.0125)
divorced -0.0261** -0.0364** -0.0238 0.00869 -0.00775 0.0102
(0.0125) (0.0131) (0.0175) (0.0119) (0.0208) (0.0141)
urban 0.0129 0.0200* 0.00493 -0.00795 -0.00102 -0.0178*
(0.00883) (0.0112) (0.00849) (0.0105) (0.0142) (0.0100)
Constant 0.514%*** 0.467*** 0.555%** -0.469%** -0.632%** -0.436%**
(0.0632) (0.0759) (0.0628) (0.111) (0.138) (0.0960)
Observations 32,160 15,791 16,369 43,266 23,402 19,864
R-squared 0.042 0.048 0.044 0.250 0.218 0.269
Country FE No No No No No No
Time FE No No No No No No
Sample All Females Males All Females Males

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Table 6: Pooled OLS Regression results. The dependent variable of the regressions in column (1)-(3) is a
dummy variable (employed) taking as value 1 if the individual is in the labor force and employed and zero
if the individual is in the labor force but unemployed. The dependent variable of the regressions in column
(4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the labor force and 0
otherwise. Robust standard errors in parentheses. Source: ISSP, 1998 and 2008
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VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force
Asians -0.0203 -0.0286 -0.00669 -0.0458%* -0.0512%* -0.0312
(0.0247) (0.0289) (0.0302) (0.0262) (0.0231) (0.0440)
Catholics 0.0228 0.0243* 0.0206 -0.0243 0.00405 -0.0562*
(0.0150) (0.0130) (0.0200) (0.0159) (0.00720) (0.0305)
Jewish 0.0479 0.0662%*** 0.0368 0.0504 0.00392 0.0851
(0.0292) (0.0191) (0.0542) (0.0713) (0.0479) (0.126)
Muslims -0.294 -0.266 -0.260 -0.368* -0.346** -0.251
(0.172) (0.191) (0.280) (0.187) (0.152) (0.511)
Muslim x anti discriminatory policy -0.00260 -0.00121 -0.00575 -0.00473* -9.16e-05 -0.0126
(0.00338) (0.00340) (0.00488) (0.00254) (0.00203) (0.00828)
Muslim X minimum wage 0.343** 0.400%** 0.191 0.445%* 0.251 0.824%*
(0.125) (0.120) (0.284) (0.179) (0.152) (0.471)
Muslim X regular contracts 0.0495%* 0.00401 0.145%* 0.0920* 0.0658** 0.116
(0.0202) (0.0266) (0.0611) (0.0438) (0.0291) (0.0839)
Muslim X temporary contracts -0.000206 -0.0107 0.00190 0.0158 0.0234 -0.0630
(0.0259) (0.0262) (0.0872) (0.0405) (0.0337) (0.0961)
Muslim X union density 0.00413 0.00417 0.00263 0.00586* 0.000824 0.0146***
(0.00308) (0.00303) (0.00363) (0.00279) (0.00284) (0.00378)
anti discrimination policy 0.000309 0.000482 -5.77e-06 -0.000139 -1.01e-05 -0.000327
(0.000378)  (0.000454)  (0.000345)  (0.000377)  (0.000362)  (0.000775)
minimum wage -0.0173 -0.0712* 0.0596 0.0443 -0.0173 0.103
(0.0420) (0.0391) (0.0492) (0.0267) (0.0423) (0.0614)
regular contracts 0.0148** 0.0122 0.0203** 0.0280*** 0.00546 0.0492%**
(0.00687) (0.00788) (0.00779) (0.00797) (0.0106) (0.0148)
temporary contracts -0.0192%* -0.00782 -0.0352%** -0.00219 -0.0122 0.00775
(0.00748) (0.00698) (0.00925) (0.00620) (0.00770) (0.0117)
trade union density 0.000911** 0.000584 0.00145%** 0.00132%** 3.33e-05 0.00251***
(0.000423) (0.000482) (0.000417) (0.000408) (0.000543) (0.000851)
Protestants 0.0102 0.00587 0.0131 0.00313 0.00709 -0.00804
(0.0172) (0.0157) (0.0197) (0.0188) (0.0119) (0.0330)
Orthodox -0.0257 0.00204 -0.0686** 0.0167 -0.00205 0.0435
(0.0246) (0.0321) (0.0313) (0.0454) (0.0383) (0.0661)
Others 0.0284* 0.0171 0.0423* -0.0123 -0.000493 -0.0307
(0.0135) (0.0186) (0.0203) (0.0180) (0.0240) (0.0297)
female -0.0157 -0.174%**
(0.0104) (0.0182)
education 0.00821*** 0.00779***  0.00848***  0.00806*** 0.00138 0.0133***
(0.00160) (0.00176) (0.00186) (0.00176) (0.00193) (0.00222)
age 0.0140*** 0.0113*** 0.0172%** 0.0708*** 0.0717*** 0.0712%**
(0.00320) (0.00305) (0.00385) (0.00571) (0.00547) (0.00727)
age? -0.0160*** -0.0135%** -0.0190*** -0.0946*** -0.0957*** -0.0954***
(0.00359) (0.00350) (0.00439) (0.00689) (0.00663) (0.00851)
household size -0.00925***  -0.00696***  -0.0134*** -0.0117%** 0.00462* -0.0292%**
(0.00177) (0.00188) (0.00298) (0.00316) (0.00241) (0.00577)
married 0.0440*** 0.0700*** 0.0156** -0.0264 0.0248** -0.0803**
(0.00488) (0.00724) (0.00676) (0.0165) (0.00880) (0.0277)
widowed 0.0322%* 0.0464** 0.00946 -0.0685%** -0.0380 -0.102%**
(0.0155) (0.0216) (0.0154) (0.0149) (0.0266) (0.0206)
separated -0.0350 -0.0226 -0.0510%* -0.0141 0.0112 -0.0372
(0.0330) (0.0540) (0.0245) (0.0267) (0.0159) (0.0465)
divorced -0.0353** -0.0436** -0.0371*** 0.0115 0.0238* -0.0180
(0.0125) (0.0199) (0.0109) (0.0138) (0.0117) (0.0235)
urban 0.0182* 0.00820 0.0281** -0.0147 -0.0178** -0.0157
(0.00975) (0.0104) (0.0113) (0.0113) (0.00820) (0.0180)
Constant 0.460%** 0.517%** 0.391*** -0.454%** -0.375%** -0.679%**
(0.0803) (0.0788) (0.0932) (0.131) (0.106) (0.164)
Observations 30,312 15,865 14,447 42,043 19,472 22,571
R-squared 0.041 0.044 0.050 0.254 0.263 0.223
Country FE No No No No No No
Time FE No No No No No No
Sample All Females Males All Females Males

Robust standard errors in parentheses

k% 0,01, ** p<0.05, * p<0.1

Table 7: Pooled OLS Regression results. The dependent variable of the regressions in column (1)-(3) is a
dummy variable (employed) taking as value 1 if the individual is in the labor force and employed and zero
if the individual is in the labor force but unemployed. The dependent variable of the regressions in column
(4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the labor force and 0
otherwise. Robust standard errors in parentheses. Sberce: ISSP, 1998 and 2008
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VARIABLES Employed Employed Employed  Labor Force Labor Force Labor Force
Asians -0.00997 0.00323 -0.0211 -0.0343 -0.0294 -0.0329
(0.0204) (0.0245) (0.0296) (0.0207) (0.0297) (0.0244)
Catholics 0.00862 -0.00103 0.0162 -0.0230** -0.0411%* -0.00365
(0.0142) (0.0179) (0.0119) (0.0110) (0.0205) (0.00724)
Jewish -0.000810 -0.0529 0.0628** 0.0503 0.0344 0.0673
(0.0372) (0.0693) (0.0233) (0.0417) (0.0699) (0.0569)
Muslims 0.0349 -0.0454 0.109 -0.121 -0.127 -0.198
(0.116) (0.232) (0.112) (0.201) (0.301) (0.126)
Muslim X definition and concepts -0.00603** -0.00983 -0.00487** -0.00560 -0.00400 -0.00416
(0.00251) (0.00682) (0.00219) (0.00348) (0.00548) (0.00276)
Muslim X fields of application 1.49e-05 0.00104 -0.000326 0.000854 0.000869 0.000894
(0.000686) (0.000779) (0.000829) (0.00145) (0.00236) (0.00101)
Muslim X enforcement mechanisms 0.00151 0.00946*** -0.00241 0.00528** 0.00429 0.00493**
(0.00197) (0.00213) (0.00225) (0.00232) (0.00327) (0.00200)
Muslim X equality policies 0.00356** -0.00158 0.00590%** -0.000666 -0.00367 0.000722
(0.00133) (0.00427) (0.00125) (0.00196) (0.00321) (0.00117)
definitions and concepts 0.000734 0.000256 0.00117** 0.000122 -0.000400 0.000689
(0.000525) (0.000560) (0.000553) (0.000934) (0.00115) (0.000816)
fields of application -0.000303 -0.000451 -0.000172 -0.000175 -0.000247 -0.000108
(0.000345) (0.000370) (0.000364) (0.000347) (0.000539) (0.000315)
enforcement mechanisms -0.000305 -0.000117 -0.000474 -0.000676 -0.000415 -0.000907
(0.000678) (0.000820) (0.000660) (0.000878) (0.00147) (0.000584)
equality policies 0.000791%*  0.00115%** 0.000483 0.000615 0.00102 0.000125
(0.000343) (0.000397) (0.000348) (0.000451) (0.000780) (0.000304)
Protestants 0.0323** 0.0293* 0.0329*** 0.0145 0.0156 0.00862
(0.0126) (0.0151) (0.0113) (0.0127) (0.0227) (0.00983)
Orthodox 0.0547* 0.0359 0.0704*** 0.0478* 0.0297 0.0676***
(0.0306) (0.0439) (0.0230) (0.0238) (0.0399) (0.0173)
Others 0.0245%** 0.0206 0.0246 -0.0227 -0.0390* -0.00915
(0.00760) (0.0156) (0.0152) (0.0165) (0.0216) (0.0245)
female -0.0137* -0.152%**
(0.00757) (0.0142)
education 0.00738***  0.00820***  0.00655***  0.00876*** 0.0135%** 0.00251
(0.00131) (0.00165) (0.00114) (0.00183) (0.00207) (0.00217)
age 0.0134%** 0.0160*** 0.0111%*** 0.0734%%* 0.0752%** 0.0725%**
(0.00240) (0.00275) (0.00255) (0.00510) (0.00644) (0.00493)
age? -0.0155%** -0.0179%**  -0.0136*** -0.0964*** -0.0985%** -0.0957%**
(0.00273) (0.00318) (0.00295) (0.00602) (0.00741) (0.00587)
household size -0.00882%*** -0.0123%** -0.00671** -0.0140%** -0.0287*** -0.000780
(0.00282) (0.00373) (0.00312) (0.00342) (0.00564) (0.00279)
married 0.0429*** 0.0165** 0.0687*** -0.0215* -0.0695%** 0.0296***
(0.00623) (0.00726) (0.00902) (0.0115) (0.0190) (0.00724)
widowed 0.0143 -0.00671 0.0264 -0.0796*** -0.110%** -0.0507**
(0.0150) (0.0160) (0.0256) (0.0159) (0.0201) (0.0242)
separated -0.0106 -0.0218 -0.00129 -0.00550 -0.00933 -0.00110
(0.0228) (0.0201) (0.0350) (0.0181) (0.0286) (0.0132)
divorced -0.0247* -0.0359** -0.0209 0.00542 -0.0124 0.00805
(0.0132) (0.0138) (0.0177) (0.0107) (0.0196) (0.0137)
urban 0.0143 0.0210* 0.00644 -0.00625 -0.000658 -0.0150
(0.00835) (0.0107) (0.00829) (0.00966) (0.0129) (0.0100)
Constant 0.496*** 0.449%** 0.533%** -0.439%** -0.602%** -0.410%**
(0.0552) (0.0718) (0.0508) (0.107) (0.137) (0.0943)
Observations 31,572 15,512 16,060 42,438 22,972 19,466
R-squared 0.038 0.044 0.041 0.246 0.216 0.264
Country FE No No No No No No
Time FE No No No No No No
Sample All Females Males All Females Males

Robust standard errors in parentheses

Bk 5<0.01, ** p<0.05, * p<0.1

Table 8: Pooled OLS Regression results. The dependent variable of the regressions in column (1)-(3) is a
dummy variable (employed) taking as value 1 if the individual is in the labor force and employed and zero
if the individual is in the labor force but unemployed. The dependent variable of the regressions in column
(4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the labor force and 0
otherwise. Robust standard errors in parentheses. Source: ISSP, 1998 and 2008
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Panel a same sex age male Ted. 1Iled. IIled. poverty employed labor force

Germany mean 0.007 40.8 0.54 0.026 0.160 0.814 0.200 0.892 0.797
sd 0.084 13.9 0.50 0.159 0.367 0.389 0.400 0.310 0.402
Denmark mean 0.004 40.8 0.52 0.003 0.289 0.709 0.234 0.944 0.792
sd 0.059 13.7 0.50 0.052 0.453 0.454 0.424 0.230 0.406
The-Netherlands  mean 0.008 39.5 0.50 0.106 0.291 0.603 0.176 0.959 0.724
sd 0.091 13.0 0.50 0.307 0.454 0.489 0.381 0.199 0.447
Belgium mean 0.007 39.5 0.54 0.087 0.160 0.753 0.209 0.878 0.795
sd 0.085 13.6 0.50 0.283 0.367 0.432 0.407 0.328 0.404
Luxembourg mean 0.009 38.5 0.58 0.207 0.155 0.638 0.178 0.955 0.809
sd 0.092 12.9 0.49 0.405 0.362 0.481 0.382 0.206 0.393
France mean 0.011 39.8 0.53 0.121 0.176 0.703 0.190 0.895 0.774
sd 0.103 13.9 0.50 0.326 0.381 0.457 0.392 0.307 0.418
United-Kingdom  mean 0.006 40.5 0.50 0.000 0.153 0.847 0.213 0.962 0.850
sd 0.079 13.9 0.50 0.015  0.360 0.360 0.410 0.192 0.357
Ireland mean 0.004 36.6 0.57 0.118 0.205 0.677 0.208 0.913 0.813
sd 0.063 14.3 0.50 0.323 0.404 0.468 0.406 0.281 0.390
Italy mean 0.000 40.2 0.58 0.109 0.327 0.565 0.213 0.892 0.786
sd 0.000 13.3 0.49 0.311 0.469 0.496 0.409 0.310 0.410
Greece mean 0.000 39.1 0.57 0.221 0.142 0.637 0.217 0.900 0.804
sd 0.009 13.4 0.50 0.415 0.349 0.481 0.412 0.300 0.397
Spain mean 0.002 37.9 0.58 0.175  0.260 0.566 0.209 0.877 0.853
sd 0.049 12.8 0.49 0.380 0.438 0.496 0.406 0.329 0.354
Portugal mean 0.000 39.4 0.53 0.465 0.216 0.319 0.200 0.898 0.827
sd 0.001 13.4 0.50 0.499 0.412 0.466 0.400 0.302 0.378
Austria mean 0.001 40.6 0.55 0.016 0.196 0.788 0.196 0.929 0.783
sd 0.038 13.7 0.50 0.126  0.397 0.409 0.397 0.256 0.412
Finland mean 0.002 40.6 0.52 0.017 0.222 0.761 0.213 0.902 0.817
sd 0.045 13.9 0.50 0.131 0.415 0.426 0.410 0.297 0.387
Sweden mean 0.011 40.2 0.51 0.043 0.140 0.817 0.218 0.940 0.826
sd 0.105 14.1 0.50 0.202 0.347 0.387 0.413 0.237 0.379
Total mean 0.005 39.9 0.55 0.095 0.209 0.696 0.206 0.904 0.808
sd 0.072 13.7 0.50 0.293  0.406 0.460 0.404 0.295 0.394
Panel b same sex age  male Ted. Iled. 1IIled. poverty employed labor force
mean No 44.624 0.559 0.111 0.180 0.709 0.127 0.931 0.885
sd 11.161 0.497 0.315 0.384 0.454 0.333 0.254 0.319
mean Yes 38.753 0.600 0.046 0.064 0.890 0.122 0.934 0.902
sd 10.968 0.490 0.209 0.245 0.313 0.327 0.248 0.298

Table 9: Descriptive statistics (EU-SILC, 2004-2008). “employed” takes as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. “labor force” is a
dummy variable taking as value 1 if the individual is in the labor force and 0 otherwise. Poverty is 1 if the
household to which the individual belongs earns less than 60% of the median household income for the whole
sample. In Panel b differences between means are statistically significant at least at the 10% significance
level, with the exception of “employed”.
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6] 2) ®3) (4) (5) (6)
VARIABLES Employed Employed Employed  Labor Force Labor Force Labor Force
same sex -0.0120* -0.00987 -0.0116 -0.0132** -0.0302** 0.000356
(0.00697) (0.0112) (0.00886) (0.00614) (0.0119) (0.00625)
male 0.0209*** -0.006307%**
(0.000995) (0.000895)
age 0.00750%*%*  0.00706***  0.00745%** 0.0439%** 0.0386*** 0.0479%**
(0.000462) (0.000704) (0.000606) (0.000638) (0.000948) (0.000866)
age? -0.00875***  -0.00792***  -0.00906***  -0.0562*** -0.0495*** -0.0611%***
(0.000545) (0.000840) (0.000712) (0.000773) (0.00116) (0.00104)
tertiary educ -0.0373***  -0.0376***  -0.0409***  -0.0336%** -0.0265*** -0.0361***
(0.00376) (0.00624) (0.00463) (0.00310) (0.00442) (0.00419)
primary educ 0.0310%*** 0.0431%*** 0.0238***  -0.00999***  -0.0153*** -0.00454**
(0.00184) (0.00302) (0.00226) (0.00132) (0.00188) (0.00185)
household size -0.00293***  -0.00389***  -0.00183***  -0.00525***  -0.00733***  -0.00291***
(0.000541) (0.000861) (0.000698) (0.000440) (0.000661) (0.000597)
Constant 0.798%** 0.810%** 0.811%** 0.237#+* 0.320%** 0.0827***
(0.00917) (0.0143) (0.0120) (0.0119) (0.0176) (0.0167)
Observations 220,290 102,744 117,546 233,502 107,429 126,073
R-squared 0.060 0.082 0.045 0.219 0.184 0.244
Country FE YES YES YES YES YES YES
Year FE YES YES YES YES YES YES
Sample All Females Males All Females Males

Robust standard errors in parentheses
% p<0.01, ** p<0.05, * p<0.1

Table 10: Pooled OLS Regression results (EU-SILC, 2004-2008). The dependent variable of the regressions
in column (1)-(3) is a dummy variable (employed) taking as value 1 if the individual is in the labor force
and employed and zero if the individual is in the labor force but unemployed. The dependent variable of the
regressions in column (4)-(6) is a dummy variable (Labor Force) taking as value 1 if the individual is in the
labor force and 0 otherwise.

73



TING Jo uornquiysip [eorrrduo o) Jo oijuodiod
L6 o3 pue ¢'g oy ajousp (4'L6)H) pur (¢'z)O) (07 < IAG) III A1seqo ‘([0F ‘Ge) STNd) 1T £¥seqo “([¢e‘0¢) > ING) T £11seqo “([og ‘cz) >
TINE) 1qStom 1040 ‘([cg ‘e'8T) 2 [IN€) [ewwtou ‘([¢'8T°9T) 3 TING) YStom 1opun (9T >TINE) WSOMIOPUN A[DI9A9S dIk dSOT, “(HEIH JO IMIISU]
[BUOT}EN S[] 9} Aq Posn SosSB[O Al O} OJUT POPIAIP ST NG SoLunod £q [INg jo uornquisiq (100 ‘dHOH) Xopul ssey £pog 1T o[qBL

€10 €91 88'L 8¢'8€ 06°0G VI'T ¥0°0 0L°€€ 1761 98°7¢ LG°€  VCGC oeIN
Ggeo VeE'T €¢'9 Ge'Ge 08°€9 I8¢ €10 ¢9€E LEBI V€ G6°¢ LOVC Oleuwsyq URR2XS
8G°0 L6°T €4°6 9.°8€ ¢cS8Y 840 700 90°¢€ TL6T 60°G¢ 68°€ 0L°G¢ oleIN
0.0 (é €L°6 8¢'G¢ 6,89 88°C ¥0°0 19°6€ 8€"8T 1L°€C ¢9V  G9Vc Oleuwsy pueurq
1€°0 871 €L'8 L6870V 99°Ly L0'T 8T°0 vIve €C61 11°6¢ 0L°€ 8V'GC oleIN
9¢°0 LG°T 9L, 08'7¢ LL'T9 ¢6'€ ¢c 0 c07e 66°LT ¢V'€e 07 G0¥c olewsd BLIISTY
LT°0 G6°0 67°L 88TV 868V ¥40 00°0 v0'€€ 7861 20°G¢ €€'€  ¢v'Gc OeIN
Ggeo LT 0’8 0€°6¢ 09°LG 16°C 60°0 LCVE 9¢'81 10°7¢ LTV 79¥¢ olewdq  [esniiod
geo 67T GC'11 06°0¥ c6 7Y 86°0 11°0 6¢7E 6€°61 0¥°4¢ 98¢  €8'GC oleIN
S¥°0 16°T 9¢'8 Vve €164 97°G ¥€°0 88V¢ L LT LE'EC 8V V7  VIVC OleWdg uredg
0¢0 8T'T L6°L €0'8¥ €61V 9¢0 €0°0 G6°¢€ 8¢°0¢ 69°G¢ e8¢ 66'G¢ oleIN
0S¢0 S 20°L 68'6¢ V84 G8'¢c 1T°0 99°€€ LE8T 88°€¢ VeV LVve  olewsd 9999.1)
L2°0 98°0 9¢’L 6L°L€ G8°'¢S 60 G0°0 06°¢€ €461 €LVC €9°€  8T1'G¢ oeIN
8T°0 ¥L°0 Ga'g Ge'0¢ ¢G99 869 8¢°0 a4 cL'LT 99°¢¢ V6'€ LC'€C O[RUWSq ATeyy
61°0 €E'T 1.9 qrev cy'8y 80T €10 99°€€ 8461 ¥1°6¢ 9¢'€  ¥E€'4C oleIN
9¢°0 LG°T €9 86°G¢ LG°T9 66°¢ 8T°0 €CVE 20°8T 6¢°€C 97 80'FC  oleWd] pueleIp
960 9¢'T GG'6 6L°G€ 0€' 14 9¢'T 900 80'7€ 18°8T 8LTC 807 ¥¢'GC oleIN
780 8L°T 98¢ ¥9°'1¢ Lv'v9 80°G €€0 01°6€ TL LT 68°¢¢ OF'y 9L'€¢ Oeup]  wnidpg
9¢°0 60°T 89°L 60°6€ ¢l'1G LL°0 00°0 16°€€ 09°61 987¢ L6°¢  1€°6C O8N
61°0 LG°T 1¢°. 07 ve G0°€9 av'€ €10 ¢07e ¢G 81 Ve €¢C 0T'7 90F%¢ °OleWo{ IBWUS(]

III 9500 J[ 9800 ] 9s9q0  JUSIoMIoA0  [euriou Juydtomn juSemn-ass  (g'26)0 (g'g)H uempemwr ps ueow Teok A19Unoo

74



)

2)

®3)

(4)

()

(6)

VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force
underweight -0.0172%* -0.00979 -0.0329* 0.00266 -0.0107 -0.0834***
(0.00695) (0.00759) (0.0185) (0.00720) (0.00786) (0.0174)
overweight 0.000609 -0.0162%** 0.00948*** 0.00979%** -0.0145%*** 0.0232%**
(0.00187) (0.00337) (0.00225) (0.00263) (0.00408) (0.00333)
obese 1 -0.0120%** -0.0331%** 0.000139 -0.0170%*** -0.0516%*** 0.0105**
(0.00327) (0.00590) (0.00389) (0.00421) (0.00668) (0.00504)
obese 11 -0.0172%* -0.0404*** -0.00132 -0.0616*** -0.0910%*** -0.0209**
(0.00747) (0.0133) (0.00822) (0.00917) (0.0136) (0.0102)
gender 0.0372*** 0.201***
(0.00188) (0.00225)
tertiary educ 0.0216*** 0.0302*** 0.0129*** 0.110%** 0.148*** 0.0569***
(0.00228) (0.00358) (0.00289) (0.00289) (0.00429) (0.00368)
primary educ -0.0197%** -0.0266*** -0.0174%** -0.0589*** -0.100%** -0.00458
(0.00228) (0.00385) (0.00278) (0.00283) (0.00417) (0.00374)
Age 0.0139*** 0.0152%** 0.0123*** 0.0806*** 0.0748*** 0.0881***
(0.000601) (0.000948) (0.000776) (0.000631) (0.000863) (0.000900)
age? -0.0142%** -0.0143%** -0.0133*** -0.103%** -0.0961*** -0.113%**
(0.000694) (0.00111) (0.000887) (0.000728) (0.000998) (0.00104)
household size  -0.00401***  -0.00584***  -0.00300***  -0.00526%** -0.0151%** 0.00302%**
(0.000742) (0.00125) (0.000901) (0.000883) (0.00138) (0.00107)
married -0.0411%** -0.0451%** -0.0360*** 0.0654*** 0.122%** 0.00124
(0.00749) (0.0110) (0.00986) (0.00954) (0.0134) (0.0130)
separated -0.0473%** -0.0379*** -0.0678*** 0.0476*** 0.105%** -0.0463***
(0.00477) (0.00586) (0.00803) (0.00559) (0.00736) (0.00817)
divorced -0.0133** -0.0159** -0.0159 -0.00426 0.0312%** -0.0377**
(0.00648) (0.00769) (0.0126) (0.00776) (0.00880) (0.0164)
widowed -0.0401*** -0.0267*** -0.0520%*** 0.0156%** 0.0996*** -0.0683***
(0.00260) (0.00413) (0.00330) (0.00325) (0.00499) (0.00400)
Constant 0.662*** 0.624*** 0.737*** -0.658*** -0.546%** -0.767F**
(0.0131) (0.0204) (0.0171) (0.0147) (0.0202) (0.0200)
Observations 172,400 74,070 98,330 250,670 127,129 123,541
R-squared 0.065 0.078 0.056 0.271 0.240 0.289
Sample All Females Males All Females Males
Country FE YES YES YES YES YES YES
Year FE YES YES YES YES YES YES

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Table 12: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable (employed) taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable (Labor Force) taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or
equal to 18.5 and 0 otherwise; “overweight” is 1 if BMI is larger than 25 and smaller or equal to 30 and 0
otherwise; “obesity I” if 1 if BMI is larger than 30 and smaller or equal to 35 and 0 otherwise; “obesity II”
is 1 if BMI is larger than 35.
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M ) 3) 1) 5) ©)
VARIABLES Employed Employed Employed  Labor Force Labor Force Labor Force
underweight -0.0168** -0.00601 -0.0360* 0.00163 -0.00634 -0.0905***
(0.00693) (0.00755) (0.0184) (0.00720) (0.00782) (0.0174)
obese -0.0163** -0.0328** -0.00585 -0.0636*** -0.0802*** -0.0330***
(0.00740) (0.0132) (0.00810) (0.00907) (0.0135) (0.0100)
gender 0.0371%+* 0.203***
(0.00182) (0.00220)
tertiary educ 0.0218%** 0.0317%** 0.0125%** 0.110%** 0.149%** 0.0559%**
(0.00227) (0.00358) (0.00289) (0.00289) (0.00429) (0.00369)
primary educ ~ -0.0198***  -0.0283***  -0.0172***  -0.0589*** -0.102%** -0.00405
(0.00228) (0.00385) (0.00278) (0.00281) (0.00415) (0.00370)
Age 0.0139%** 0.0150%** 0.0126%** 0.0807*+* 0.0745%+* 0.0888*+*
(0.000598) (0.000947) (0.000767) (0.000623) (0.000862) (0.000871)
age? -0.0142*%**  -0.0143%F*  -0.0136*** -0.1047%** -0.0961%** -0.114%%*
(0.000691) (0.00111) (0.000879) (0.000722) (0.000997) (0.00101)
household size  -0.00400*%**  -0.00601***  -0.00297***  -0.00523***  -0.0153***  0.00302***
(0.000741) (0.00125) (0.000901) (0.000884) (0.00138) (0.00107)
married -0.0411***%  -0.0432%*F*F  -0.0367*** 0.0649*** 0.124%%* -0.000779
(0.00748) (0.0111) (0.00985) (0.00954) (0.0134) (0.0131)
separated -0.0471%**  -0.0371%%*  -0.0681*** 0.0475%+* 0.106%** -0.0475%**
(0.00477) (0.00587) (0.00804) (0.00559) (0.00738) (0.00817)
divorced -0.0134%** -0.0174%* -0.0158 -0.00429 0.0296*** -0.0376**
(0.00647) (0.00767) (0.0126) (0.00776) (0.00880) (0.0164)
widowed -0.0400***  -0.0261***  -0.0526%** 0.0152%** 0.100%** -0.0703***
(0.00260) (0.00414) (0.00332) (0.00326) (0.00499) (0.00402)
Constant 0.662%** 0.626*** 0.734%+* -0.660%*** -0.543%** -0.773%**
(0.0131) (0.0204) (0.0170) (0.0146) (0.0202) (0.0198)
Observations 172,400 74,070 98,330 250,670 127,129 123,541
R-squared 0.065 0.078 0.055 0.271 0.240 0.289
Sample All Females Males All Females Males
Country FE YES YES YES YES YES YES
Year FE YES YES YES YES YES YES

Table 13: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or

Robust standard errors in parentheses
i p<0.01, ** p<0.05, * p<0.1

equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and O otherwise.
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M ) 3) (4) (3) (6)
VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force

underweight 0.00448 0.00172 -0.0160 -0.0847*** -0.0798%** -0.226***
(0.00875) (0.00933) (0.0227) (0.0121) (0.0133) (0.0274)
obese -0.0329*** -0.0419%** -0.0251%* -0.0501%** -0.0853*** -0.00598
(0.0103) (0.0147) (0.0141) (0.0129) (0.0180) (0.0170)
southern X obese 0.0375** 0.0225 0.0418** 0.0168 0.0189 0.0356
(0.0147) (0.0265) (0.0168) (0.0198) (0.0283) (0.0237)
southern x underweight -0.0449*** -0.0181 -0.0650* 0.0475%** 0.0547*** 0.0367
(0.0131) (0.0140) (0.0369) (0.0156) (0.0170) (0.0382)
southern -0.0829*** -0.0465%** -0.0180*** -0.0335%** -0.252%** -0.0436***
(0.00405) (0.00603) (0.00440) (0.00606) (0.00847) (0.00771)
gender 0.0367*** 0.213%**
(0.00183) (0.00239)
Age 0.00260%** 0.00378%** 0.00163*** -0.00339*** -0.00408*** -0.00283***
(0.000124) (0.000204) (0.000155)  (0.000193)  (0.000258)  (0.000286)
age? -0.000539%**  _0.000554***  -0.000459***  _-0.00490*** -0.00403*** -0.00585***
(0.000120) (0.000195) (0.000149)  (0.000192)  (0.000255)  (0.000287)
tertiary educ 0.0284*** 0.0385*** 0.0190*** 0.182%*** 0.222%** 0.129***
(0.00239) (0.00373) (0.00304) (0.00323) (0.00462) (0.00436)
primary educ -0.0210*** -0.0287*** -0.0183%** -0.0801%** -0.119%** -0.0320%**
(0.00228) (0.00383) (0.00279) (0.00303) (0.00438) (0.00416)
household size -0.00422%*** -0.00578*** -0.00349*** -0.00357*** -0.0107%** 0.00119
(0.000744) (0.00125) (0.000909)  (0.000950) (0.00145) (0.00120)
married -0.0398*** -0.0413%** -0.0367*** 0.0964%** 0.157*** 0.0252*
(0.00750) (0.0111) (0.00989) (0.00985) (0.0139) (0.0131)
separated -0.0477*** -0.0380*** -0.0691%** 0.0557*** 0.118%** -0.0464%**
(0.00479) (0.00589) (0.00807) (0.00601) (0.00792) (0.00889)
divorced -0.0266*** -0.0323*** -0.0290** -0.125%*** -0.0792%** -0.190%**
(0.00643) (0.00768) (0.0126) (0.00868) (0.00967) (0.0200)
widowed -0.0562*** -0.0425%** -0.0684*** -0.162%*** -0.0861*** -0.239%**
(0.00246) (0.00400) (0.00306) (0.00325) (0.00502) (0.00398)
Constant 0.862%** 0.823*** 0.933*** 0.971%%* 1.035%** 1.144%%*
(0.00617) (0.0101) (0.00744) (0.00927) (0.0135) (0.0123)
Observations 172,429 74,084 98,345 250,717 127,152 123,565
R-squared 0.060 0.073 0.050 0.145 0.144 0.090
Sample All All All All All All
Country FE Yes Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes Yes

Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Table 14: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less
or equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and 0 otherwise. Southern countries
are: Italy, Greece, Spain, and Portugal.
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M @) @) € ) ©)
VARIABLES Employed Employed Employed  Labor Force Labor Force Labor Force
underweight -0.0227* -0.00925 -0.0481* -0.0551** -0.0427*** -0.213%**
(0.0117) (0.0113) (0.0251) (0.0196) (0.0122) (0.0216)
obese 0.0406* 0.0334* 0.0427 -0.167*** -0.311%** 0.0118
(0.0210) (0.0173) (0.0413) (0.0311) (0.0753) (0.0400)
obese X anti discrimination policy 0.00154** 0.00141 0.00154** 0.000156 -0.000281 0.000854
(0.000535)  (0.000805)  (0.000525)  (0.000965) (0.00193) (0.000482)
obese X minimum wage -0.115%** -0.0929** -0.114%%* 0.0251 0.0552 0.0502
(0.0184) (0.0343) (0.0248) (0.0259) (0.0573) (0.0333)
obese X regular contracts -0.0283** -0.0217%* -0.0303** 0.0389%** 0.0517 0.0259**
(0.00875) (0.00845) (0.0127) (0.0144) (0.0312) (0.0112)
obese X temporary contracts 0.00974 -0.000684 0.0119* -0.00329 0.0143 -0.0265**
(0.00713) (0.0163) (0.00625)  (0.00474) (0.0119) (0.00839)
obese X union density -0.00185***  -0.00177***  -0.00172%* 0.000578 0.00208 -0.00171%**
(0.000314) (0.000428) (0.000530) (0.000670) (0.00121) (0.000412)
anti discrimination policy -0.00155** -0.00182**  -0.00136** -0.00157* -0.00181* -0.00149*
(0.000544)  (0.000667)  (0.000461)  (0.000744)  (0.000877)  (0.000678)
minimum wage 0.105** 0.162%** 0.0670* -0.0227 -0.0405 -0.00368
(0.0391) (0.0495) (0.0324) (0.0176) (0.0242) (0.0240)
regular contracts 0.0507*** 0.0666*** 0.0387*** 0.0830*** 0.122%** 0.0436***
(0.0126) (0.0154) (0.0107) (0.0123) (0.0151) (0.0109)
temporary contracts -0.0368** -0.0605%** -0.0204* -0.0402*** -0.0494*** -0.0302***
(0.0131) (0.0171) (0.0105) (0.00470) (0.00647) (0.00685)
trade union density 0.000864* 0.00119** 0.000610 0.00152%* 0.00268** 0.000503
(0.000397)  (0.000500)  (0.000336)  (0.000644)  (0.000857)  (0.000509)
gender 0.0363** 0.213%%*
(0.0124) (0.0296)
Age 0.00245*** 0.00359*** 0.00151** -0.00338** -0.00405*** -0.00280**
(0.000746)  (0.00103)  (0.000596)  (0.00117) (0.00122) (0.00115)
age? -0.000529** -0.000544* -0.000451*  -0.00496***  -0.00409*** -0.00588***
(0.000229)  (0.000281)  (0.000244)  (0.000456)  (0.000429)  (0.000533)
tertiary educ 0.0257*** 0.0354*** 0.0165%*** 0.184%** 0.225%** 0.130%**
(0.00413) (0.00648)  (0.00248) (0.0259) (0.0337) (0.0196)
primary educ -0.0218%* -0.0292** -0.0193** -0.0767* -0.116** -0.0293
(0.00766) (0.0113) (0.00683) (0.0355) (0.0421) (0.0337)
household size -0.00441 -0.00631 -0.00350 -0.00309 -0.00941 0.000434
(0.00393) (0.00490)  (0.00343)  (0.00612) (0.00703) (0.00487)
married -0.0427** -0.0481%** -0.0375%* 0.0979** 0.161%** 0.0228
(0.0146) (0.0182) (0.0154) (0.0367) (0.0441) (0.0451)
separated -0.0510%** -0.0403*** -0.0733%** 0.0496* 0.110%** -0.0500**
(0.0125) (0.0106) (0.0210) (0.0244) (0.0314) (0.0220)
divorced -0.0273** -0.0332** -0.0322** -0.127%** -0.0817*** -0.191%**
(0.0112) (0.0127) (0.0102) (0.0191) (0.0206) (0.0326)
widowed -0.0638%** -0.0528%** -0.0743%** -0.164%** -0.0886** -0.239%**
(0.0140) (0.0136) (0.0156) (0.0202) (0.0328) (0.0225)
Constant 0.842%** 0.805%** 0.915%** 0.803*** 0.724%** 1.117*%*
(0.0363) (0.0476) (0.0291) (0.0585) (0.0624) (0.0794)
Observations 172,429 74,084 98,345 250,717 127,152 123,565
R-squared 0.054 0.065 0.044 0.144 0.142 0.088
Sample All All All All All All
Country FE NO NO NO NO NO NO
Year FE Yes Yes Yes Yes Yes Yes

Robust standard errors in parentheses

% 50,01, ** p<0.05, * p<0.1

Table 15: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or
equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and 0 otherwise..
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M ) @) @) ) (©)
VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force
underweight 0.0819 0.0557 0.216%** 0.142%* 0.197** 0.0180
(0.0535) (0.0532) (0.0557) (0.0488) (0.0617) (0.0792)
underweight X anti discrimination policy -0.000564 0.000126 -0.00271*** -0.00118 -0.000584 -0.00423
(0.000695)  (0.000682)  (0.000720)  (0.000732)  (0.000620)  (0.00265)
underweight X minimum wage 0.0329 -0.0225 0.0733 -0.108** -0.119%** 0.117
(0.0389) (0.0327) (0.0514) (0.0345) (0.0310) (0.0776)
underweight x regular contracts 0.0169 -0.00169 0.0362* -0.00261 -0.0375%** 0.0524
(0.0155) (0.0138) (0.0176) (0.00891) (0.0104) (0.0339)
underweight X temporary contracts -0.0483%** -0.0207* -0.0830%** -0.0122 -0.00109 -0.0509**
(0.0107) (0.0111) (0.0153) (0.0135) (0.0125) (0.0180)
underweight X union density -0.000237 -0.000460 -0.000667 -0.00184** -0.00249** -0.000204
(0.000560)  (0.000635)  (0.000704)  (0.000766)  (0.000867)  (0.00187)
obese -0.0128 -0.0295** -0.00254 -0.0418%** -0.0732%** 0.0104
(0.00817) (0.0114) (0.00918) (0.00975) (0.0112) (0.0153)
anti discrimination policy -0.00152**  -0.00183**  -0.00132%* -0.00154* -0.00181* -0.00144*
(0.000526)  (0.000648)  (0.000453)  (0.000745)  (0.000924)  (0.000661)
minimum wage 0.103** 0.162%** 0.0650* -0.0188 -0.0329 -0.00386
(0.0381) (0.0485) (0.0318) (0.0174) (0.0252) (0.0234)
regular contracts 0.0500%** 0.0667*** 0.0381*** 0.0836*** 0.125%*** 0.0433***
(0.0122) (0.0149) (0.0105) (0.0124) (0.0159) (0.0106)
temporary contracts -0.0355** -0.0595%** -0.0195* -0.0399*** -0.0492%** -0.0299***
(0.0129) (0.0170) (0.0104) (0.00468) (0.00677) (0.00666)
trade union density 0.000849* 0.00120%** 0.000598 0.00158** 0.00284** 0.000491
(0.000389)  (0.000489)  (0.000338)  (0.000644)  (0.000897)  (0.000503)
gender 0.0363** 0.213***
(0.0125) (0.0296)
Age 0.00245%** 0.00359%** 0.00152%** -0.00337** -0.00404*** -0.00280**
(0.000747)  (0.00103)  (0.000595)  (0.00116) (0.00122) (0.00115)
age? -0.000526**  -0.000543* -0.000448* -0.00496***  -0.00409***  -0.00588***
(0.000230)  (0.000283)  (0.000244)  (0.000456)  (0.000429)  (0.000534)
tertiary educ 0.0258%** 0.0355%** 0.0164%** 0.184*** 0.225%** 0.130%***
(0.00415)  (0.00650)  (0.00250) (0.0260) (0.0339) (0.0196)
primary educ -0.0220%* -0.0293** -0.0195%* -0.0766* -0.115%** -0.0293
(0.00762) (0.0112) (0.00677) (0.0354) (0.0419) (0.0337)
household size -0.00439 -0.00629 -0.00346 -0.00306 -0.00942 0.000413
(0.00394) (0.00492) (0.00342) (0.00610) (0.00699) (0.00484)
married -0.0425** -0.0479** -0.0368** 0.0984** 0.162%** 0.0229
(0.0146) (0.0182) (0.0153) (0.0366) (0.0440) (0.0450)
separated -0.0510*** -0.0403*** -0.0735%** 0.0493* 0.110%*** -0.0508**
(0.0126) (0.0107) (0.0210) (0.0244) (0.0314) (0.0220)
divorced -0.0272** -0.0327** -0.0325** -0.126%** -0.0806*** -0.191%**
(0.0114) (0.0127) (0.0103) (0.0199) (0.0210) (0.0324)
widowed -0.0637*** -0.0528%** -0.0743%** -0.164%** -0.0887** -0.239%**
(0.0140) (0.0136) (0.0156) (0.0202) (0.0329) (0.0225)
Constant 0.840*** 0.802%** 0.913%** 0.795%** 0.709%** 1.114%**
(0.0353) (0.0461) (0.0288) (0.0581) (0.0637) (0.0793)
Observations 172,429 74,084 98,345 250,717 127,152 123,565
R-squared 0.054 0.065 0.045 0.145 0.142 0.089
Sample All All All All All All
Country FE NO NO NO NO NO NO
Year FE Yes Yes Yes Yes Yes Yes

Robust standard errors in parentheses
*E p<0.01, ** p<0.05, * p<0.1

Table 16: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or
equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and O otherwise.
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) ) @ @) ) ©)
VARIABLES Employed Employed Employed Labor Force Labor Force Labor Force
underweight -0.0249* -0.0125 -0.0474* -0.0600** -0.0510%** -0.212%**
(0.0121) (0.0124) (0.0246) (0.0214) (0.0150) (0.0243)
obese -0.0484 -0.0870 -0.0113 -0.0801 -0.0851 0.0333
(0.0412) (0.0974) (0.0577) (0.0524) (0.146) (0.0761)
obese X definition 0.000366 6.92e-05 0.000621 -0.00171** -0.00221 -0.00386***
(0.000582) (0.00127) (0.00114) (0.000721) (0.00199) (0.00111)
obese X fileds of applications 0.000281 3.02e-05 0.000549** 0.000442 0.00157 -0.000646
(0.000183) (0.000494) (0.000232) (0.000298) (0.00102) (0.000441)
obese x enforcement 0.000650 0.00152 -0.000384 0.00113 -0.000342 0.00366***
(0.000559) (0.00110) (0.00108) (0.000971) (0.00230) (0.00107)
obese X equality policy -0.000987***  -0.000909*  -0.000919** 0.000758%* 0.00104 0.000609
(0.000181) (0.000421) (0.000318) (0.000301) (0.000863) (0.000426)
definition -0.00236 -0.00313 -0.00191 0.000445 0.00240 -0.00128
(0.00142) (0.00183) (0.00118) (0.00173) (0.00273) (0.000873)
fileds of applications -0.000389 -0.000234 -0.000510 -0.000247 -0.000592 2.06e-05
(0.000590) (0.000885) (0.000373) (0.000601) (0.000822) (0.000372)
enforcement 0.00111 0.000764 0.00135* 0.000928 0.00160 0.000154
(0.000870) (0.00119)  (0.000725)  (0.000978) (0.00142) (0.000678)
equality policy 0.000990***  0.00159***  0.000572** 0.000842* 0.00128* 0.000402
(0.000247)  (0.000368)  (0.000185)  (0.000373)  (0.000567)  (0.000242)
gender 0.0350** 0.213%**
(0.0124) (0.0296)
Age 0.00240** 0.00358%** 0.00147** -0.00356** -0.00428*** -0.00294**
(0.000766) (0.00104) (0.000620) (0.00113) (0.00117) (0.00113)
age? -0.000397 -0.000327 -0.000378 -0.00474***  -0.00383***  -0.00571***
(0.000295) (0.000435) (0.000255) (0.000508) (0.000542) (0.000539)
tertiary educ 0.0201** 0.0258%* 0.0138** 0.170%** 0.211%%* 0.119%**
(0.00823) (0.0126) (0.00450) (0.0224) (0.0283) (0.0175)
primary educ -0.0275%* -0.0373** -0.0227%* -0.0882** -0.130%* -0.0375
(0.0107) (0.0164) (0.00774) (0.0357) (0.0440) (0.0330)
household size -0.00496 -0.00707 -0.00373 -0.00634 -0.0138 -0.00152
(0.00443) (0.00550) (0.00379) (0.00664) (0.00814) (0.00482)
married -0.0422%* -0.0481%** -0.0372%* 0.0914** 0.152%** 0.0201
(0.0148) (0.0175) (0.0155) (0.0387) (0.0464) (0.0456)
separated -0.0488*** -0.0392*** -0.0708%** 0.0616** 0.126%** -0.0415*
(0.0130) (0.0107) (0.0216) (0.0217) (0.0279) (0.0205)
divorced -0.0288** -0.0390*** -0.0311%** -0.132%** -0.0888*** -0.193%**
(0.0108) (0.0117) (0.0105) (0.0204) (0.0229) (0.0327)
widowed -0.0625%** -0.0513%** -0.0733%** -0.164%** -0.0891** -0.239%**
(0.0141) (0.0129) (0.0159) (0.0199) (0.0319) (0.0228)
Constant 0.906*** 0.894%** 0.962%** 0.777%** 0.643%** 1.1471%**
(0.0669) (0.0960) (0.0436) (0.141) (0.196) (0.0986)
Observations 172,429 74,084 98,345 250,717 127,152 123,565
R-squared 0.049 0.055 0.043 0.135 0.125 0.085
Sample All All All All All All
Country FE NO NO NO NO NO NO
Year FE Yes Yes Yes Yes Yes Yes

Table 17: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or

Robust standard errors in parentheses

#5% 50.01, ** p<0.05, * p<0.1

equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and 0 otherwise.
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) 2) 6) (4) (5) (6)

VARIABLES Employed Employed Employed  Labor Force Labor Force Labor Force
underweight -0.0214 -0.0975 0.260 0.104 0.107 0.323**
(0.138) (0.114) (0.165) (0.0949) (0.122) (0.106)
underweight X definition 7.89e-05 0.00188 -0.00577* -0.00415* -0.00281 -0.0109%**
(0.00245) (0.00230) (0.00307) (0.00193) (0.00239) (0.00218)
underweight x fileds of applications -0.000307 -0.000364 -0.000726 -0.00100 -0.00103 -0.000114
(0.00106) (0.000767) (0.00130) (0.000547) (0.000588) (0.000535)
underweight x enforcement 0.000118 0.000194 0.00117 0.00352** 0.00259 0.00217
(0.00213) (0.00185) (0.00260) (0.00116) (0.00152) (0.00146)
underweight X equality policy 0.000151 -0.000376 0.000415 -0.00153***  -0.00192*** 0.000261
(0.000585) (0.000472) (0.000891) (0.000398) (0.000567) (0.000511)
obese -0.0124 -0.0278** -0.00215 -0.0438*** -0.0750%** 0.00953
(0.00776) (0.0108) (0.00877) (0.0115) (0.0161) (0.0147)
definition -0.00236 -0.00319 -0.00188 0.000492 0.00243 -0.00124
(0.00139) (0.00177) (0.00118) (0.00173) (0.00277) (0.000865)
fileds of applications -0.000378 -0.000220 -0.000499 -0.000218 -0.000531 7.34e-06
(0.000568) (0.000858) (0.000363) (0.000588) (0.000800) (0.000371)
enforcement 0.00112 0.000762 0.00134* 0.000870 0.00150 0.000200
(0.000839) (0.00114) (0.000731) (0.000964) (0.00142) (0.000680)
equality policy 0.000974%*%*  0.00160***  0.000560**  0.000895** 0.00138** 0.000406
(0.000238)  (0.000354)  (0.000186)  (0.000376)  (0.000585)  (0.000241)
gender 0.0349** 0.213%**
(0.0124) (0.0296)
Age 0.00240** 0.00358***  0.00147** -0.00357** -0.00429*** -0.00294**
(0.000765) (0.00104) (0.000619) (0.00113) (0.00117) (0.00113)
age? -0.000396 -0.000328 -0.000376 -0.00474***  -0.00383***  -0.00571***
(0.000295) (0.000436) (0.000255) (0.000509) (0.000543) (0.000539)
tertiary educ 0.0200** 0.0258* 0.0139** 0.170*** 0.211%%* 0.119%**
(0.00826) (0.0126) (0.00452) (0.0225) (0.0284) (0.0176)
primary educ -0.0276%* -0.0375%* -0.0229** -0.0879** -0.130%** -0.0373
(0.0106) (0.0163) (0.00765) (0.0356) (0.0437) (0.0330)
household size -0.00497 -0.00706 -0.00375 -0.00638 -0.0139 -0.00162
(0.00444) (0.00552) (0.00379) (0.00662) (0.00812) (0.00478)
married -0.0422%* -0.0482%* -0.0368** 0.0917** 0.153*** 0.0198
(0.0149) (0.0175) (0.0154) (0.0386) (0.0463) (0.0456)
separated -0.0489%** -0.0392%**  _0.0712%** 0.0611** 0.125%** -0.0423*
(0.0130) (0.0107) (0.0217) (0.0217) (0.0280) (0.0206)
divorced -0.0291%** -0.0388*** -0.0313** -0.131%%* -0.0875%** -0.193%**
(0.0109) (0.0118) (0.0107) (0.0211) (0.0235) (0.0326)
widowed -0.0625%** -0.0512*%**  _0.0734%** -0.164%** -0.0892** -0.239%**
(0.0141) (0.0129) (0.0159) (0.0199) (0.0320) (0.0228)
Constant 0.905%** 0.896*** 0.960*** 0.773%** 0.638** 1.137%%*
(0.0648) (0.0930) (0.0432) (0.141) (0.198) (0.0979)
Observations 172,429 74,084 98,345 250,717 127,152 123,565
R-squared 0.049 0.055 0.043 0.135 0.125 0.085
Sample All All All All All All
Country FE NO NO NO NO NO NO
Year FE Yes Yes Yes Yes Yes Yes

Robust standard errors in parentheses
*¥** p<0.01, ** p<0.05, * p<0.1

Table 18: Pooled OLS Regression results (ECHP, 1998, 1999, 2000, 2001). The dependent variable of the
regressions in column (1)-(3) is a dummy variable “employed” taking as value 1 if the individual is in the
labor force and employed and zero if the individual is in the labor force but unemployed. The dependent
variable of the regressions in column (4)-(6) is a dummy variable “labor force” taking as value 1 if the
individual is in the labor force and 0 otherwise. The dependent variable “underweight” is 1 if BMI is less or
equal to 18.5 and 0 otherwise; “obese” is 1 if BMI is larger than 35 and O otherwise.
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All sample Females Males

call back count freq. count freq. count freq.
All yes 256  11.03% 130 11.24% 126 10.83%

no 2,064 88.97% 1,027  88.76% 1,037 89.17%
Rome yes 135 16.21% 63  14.96% 72 17.48%

no 698  83.79% 358  85.04% 340  82.52%
Milan yes 121 8.14% 67 9.10% 54 7.19%

no 1,366  91.85% 669  90.90% 697  92.81%

Table 19: Call back rates by city and gender.
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call back

yes no no yes no yes
occupation All sample Females Males
administrative clerk 19 284 12 134 7 150
6.27%  93.73% 8.22%  91.68% 4.46%  95.54%
bookkeeper 20 287 10 144 10 143
6.51%  93.49% 6.49% 93.51% 6.54%  93.46%
call center 120 248 51 131 69 117
32.61% 67.39% 28.02% 71.98% 37.10% 62.90%
receptionist 32 256 18 125 14 131
11.11% 88.89% 12.59% 87.41% 9.66% 90.34%
sales clerk 39 320 24 166 15 154
10.86% 89.14% 12.63% 87.37% 8.88% 91.12%
secretary 15 307 10 151 ) 156
4.66%  95.34% 6.21%  93.79% 3.11%  96.89%
shop assistant 11 362 5 176 6 186
2.95%  97.05% 2.76%  97.24% 3.12%  96.88%

Table 20: Call back rates by type of job.
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Panel A

Dep. var: homosexual

Panel B

Dep. var: beauty score

All sample Males Females All sample Males Females
beauty score 0.13%** 0.11%* 0.12*
(0.04) (0.06) (0.06)
homosexual 0.12%** 0.10%* 0.10%*
(0.04) (0.06) (0.05)
bookkeeper 0.01 -0.08 0.10 0.06 0.16 -0.05
(0.16) (0.23) (0.23) (0.08) (0.11) (0.11)
call center 0.13 0.07 0.20 0.02 0.08 -0.03
(0.16) (0.22) (0.22) (0.07) (0.11) (0.10)
receptionist 0.06 -0.01 0.14 -0.06 -0.01 -0.08
(0.17) (0.24) (0.23) (0.08) (0.12) (0.10)
sales clerk 0.03 -0.15 0.19 -0.01 -0.05 0.02
(0.16) (0.22) (0.22) (0.07) (0.11) (0.10)
secretary 0.03 -0.06 0.10 -0.02 0.08 -0.14
(0.16) (0.23) (0.23) (0.08) (0.11) (0.10)
shop assistant 0.00 -0.07 0.06 0.07 0.10 0.02
(0.16) (0.23) (0.22) (0.07) (0.11) (0.10)
rome 0.06 0.02 0.10 0.00 0.03 -0.03
(0.09) (0.13) (0.12) (0.04) (0.06) (0.06)
age 0.02** 0.04*** 0.01 -0.05%** -0.02%**  _0.08%**
(0.01) (0.01) (0.01) (0.00) (0.01) (0.01)
degree 0.14 0.13 0.19 0.10%* 0.06 0.16*
(0.12) (0.17) (0.17) (0.06) (0.08) (0.08)
sex -0.12 0.69%**
(0.90) (0.03)
Constant -1.44%%* -1.81%** -1.09%* 5.73HHE 5.63***  6.53***
(0.39) (0.54) (0.59) (0.14) (0.20) (0.18)
N 2320 1157 1163 2320 1157 1163

Table 21: Panel (a) reports Logit regression results, where the dependent variable is “homosexual”. Panel

(b) reports OLS regression results, where the dependent variable is “beauty score”.
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Dep. var: All sample Males Females All sample Males Females
call back
homosexual -0.008 -0.028* 0.014 -0.008 -0.029* 0.014
(0.012) (0.017) (0.018) (0.012) (0.017) (0.019)
beauty score 0.007 -0.006 0.019**
(0.006) (0.009) (0.009)
beauty score € (3.86,4.46) 0.019 0.016 0.043
(0.019) (0.025) (0.033)
beauty score €(4.46,5.05] 0.027 0.017 0.052*
(0.018) (0.023) (0.030)
beauty score €(5.05,5.84] 0.008 -0.009 0.036
(0.019) (0.034) (0.029)
beauty score €(5.84,6.84] 0.021 -0.036 0.077%*
(0.020) (0.026) (0.032)
bookkeeper 0.012 0.028 -0.008 0.013 0.029 -0.007
(0.020) (0.026) (0.031) (0.020) (0.027) (0.031)
call center 0.256*** 0.317%**  (0.193*** 0.255%*** 0.318***  (.192%**
(0.030) (0.040) (0.045) (0.030) (0.040) (0.045)
receptionist 0.040 0.045 0.037 0.040 0.046 0.038
(0.026) (0.035) (0.041) (0.026) (0.035) (0.041)
sales clerk 0.050** 0.051 0.049 0.049** 0.049 0.047
(0.024) (0.031) (0.036) (0.024) (0.031) (0.037)
secretary -0.010 -0.002 -0.020 -0.010 -0.001 -0.020
(0.021) (0.027) (0.034) (0.021) (0.027) (0.034)
shop assistant -0.041°%* -0.014 -0.069** -0.041%* -0.015 -0.069**
(0.019) (0.025) (0.030) (0.019) (0.025) (0.031)
age 0.069** 0.077** 0.038 0.072%* 0.078%** 0.038
(0.028) (0.038) (0.041) (0.028) (0.038) (0.040)
age2 -0.001°** -0.001°** -0.001 -0.001%** -0.001** -0.001
(0.000) (0.000) (0.001) (0.000) (0.000) (0.001)
rome 0.052%*** 0.062%** 0.040%* 0.052%** 0.062*** 0.040%*
(0.015) (0.021) (0.022) (0.015) (0.021) (0.022)
Constant -0.943%* -0.959 -0.574 -0.963** -1.006* -0.511
(0.451) (0.609) (0.641) (0.446) (0.607) (0.631)
R? 0.13 0.20 0.10 0.13 0.20 0.10
adj. R? 0.12 0.17 0.07 0.12 0.18 0.07
N 2320 1163 1157 2320 1163 1157
Additional controls Yes Yes Yes Yes Yes Yes

Table 23: Panel (a) shows the OLS regression results of the same specification in Table 22 Panel c) plus
additional controls describing the applicant’s characteristics and the requirements of the job posting. Control
of the first kind are: years of working experience, dummies for type of secondary school attended, dummies
for foreign languages proficiency, and dummies for different types of computer skills. Controls of the second
kind are dummies for: whether the posting required a picture and/or a cover letter, and whether the posting
targeted applicants of a given gender and/or xs good looking. In Panel (b), besides including these additional
controls, we code beauty score using the quantiles of its empirical distribution. Robust standard errors in
parentheses. *** p<0.01, ** p<0.05, * p<0.1
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Dep. var: All sample  Males Females

call back
homosexual -0.001 -0.019 0.020
(0.013) (0.018) (0.020)
homosexual x good cv -0.059%* -0.081%* -0.057
(0.036) (0.047) (0.056)
good cv 0.044 0.012 0.073
(0.034) (0.048) (0.050)
beauty € (3.86,4.46] 0.019 0.015 0.046
(0.019) (0.025) (0.033)
beauty € (4.46,5.05] 0.027 0.016 0.052*
(0.018) (0.023) (0.030)
beauty € (5.05,5.84] 0.008 -0.008 0.036
(0.019) (0.035) (0.029)
beauty € (5.84,6.84] 0.021 -0.037 0.078**
(0.020) (0.026) (0.032)
bookkeeper 0.012 0.029 -0.009
(0.020) (0.027) (0.031)
call center 0.256*** 0.319%**  0.191%**
(0.030) (0.040) (0.045)
receptionist 0.040 0.046 0.039
(0.026) (0.035) (0.042)
sales clerk 0.050** 0.050 0.046
(0.024) (0.031) (0.037)
secretary -0.009 0.000 -0.020
(0.021) (0.026) (0.034)
shop assistant -0.041%* -0.015 -0.069**
(0.019) (0.025) (0.031)
age 0.073%* 0.079** 0.037
(0.028) (0.038) (0.040)
age2 -0.001*** -0.001** -0.001
(0.000) (0.000) (0.001)
rome 0.0527%** 0.061*** 0.039*
(0.015) (0.021) (0.022)
Constant -0.980%* -1.022%* -0.506
(0.447) (0.611)  (0.631)
R? 0.13 0.20 0.10
adj. R? 0.12 0.18 0.07
N 2320 1163 1157
Additional controls Yes Yes Yes

Table 24: OLS estimation results. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Dep. var: All sample Males Females
call back
beauty 0.01 0.00 0.03%**
(0.01) (0.01) (0.01)
good cv 0.16* 0.09 0.42%*
(0.09) (0.11) (0.17)
beauty x good cv -0.03** -0.02 -0.08%***
(0.02) (0.02) (0.03)
homosexual -0.01 -0.03%* 0.01
(0.01) (0.02) (0.02)
bookkeeper 0.01 0.03 -0.01
(0.02) (0.03) (0.03)
call center 0.25%** 0.31%**  (0.18%**
(0.03) (0.04) (0.04)
receptionist 0.04 0.04 0.03
(0.03) (0.03) (0.04)
sales clerk 0.04* 0.04 0.05
(0.02) (0.03) (0.04)
secretary -0.02 -0.01 -0.03
(0.02) (0.02) (0.03)
shop assistant -0.05%* -0.02 -0.08%**
(0.02) (0.02) (0.03)
age 0.03 0.04 0.03
(0.02) (0.03) (0.04)
age2 0.00** 0.00%* 0.00
(0.00) (0.00) (0.00)
rome 0.06%** 0.08%** 0.04**
(0.01) (0.02) (0.02)
Constant -0.30 -0.34 -0.49
(0.28) (0.40) (0.63)
R? 0.12 0.18 0.10
adj. R? 0.12 0.16 0.08
N 2320 1163 1157
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Table 25: OLS estimation results. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.



Dep. var: Panel (a) Panel (b)

call back All sample  Males Females All sample Males Females
homosexual -0.009 -0.035* 0.015 -0.003 0.001 -0.009
(0.015) (0.021)  (0.021) (0.017) (0.024)  (0.024)
beauty score 0.009 -0.016 0.028** -0.001 -0.009 0.008
(0.007) (0.010) (0.011) (0.008) (0.014) (0.012)
bookkeeper 0.003 0.000 -0.002 0.037 0.074* 0.006
(0.024) (0.029)  (0.039) (0.025) (0.038)  (0.034)
call center 0.236%+* 0.281%#F*%  (.192%** 0.307*** 0.393***  (.237***
(0.034) (0.047) (0.051) (0.040) (0.055) (0.056)
receptionist 0.031 0.035 0.027 0.083** 0.096** 0.098*
(0.031) (0.040) (0.050) (0.034) (0.047) (0.053)
sales clerk 0.048* 0.062* 0.034 0.052%* 0.057 0.055
(0.028) (0.037)  (0.043) (0.029) (0.040)  (0.043)
secretary -0.016 -0.002 -0.032 0.020 0.027 0.027
(0.025) (0.031) (0.039) (0.026) (0.032) (0.042)
shop assistant -0.044* -0.004 -0.091°** -0.018 0.009 -0.031
(0.023) (0.031) (0.035) (0.024) (0.030) (0.039)
age 0.096*** 0.091** 0.078 0.042 0.039 0.026
(0.034) (0.046)  (0.048) (0.038) (0.052)  (0.055)
age2 -0.001*** -0.001** -0.001 -0.001 0.000 -0.001
(0.000) (0.001) (0.001) (0.000) (0.001) (0.001)
rome 0.046** 0.046* 0.042 0.063*** 0.081%#* 0.044
(0.018) (0.024)  (0.027) (0.020) (0.030)  (0.027)
Constant -1.379%%* -1.111 -1.297* -0.493 -0.475 -0.260
(0.533) (0.712)  (0.779) (0.598) (0.843)  (0.842)
R? 0.12 0.18 0.11 0.15 0.23 0.13
adj. R? 0.11 0.15 0.07 0.13 0.20 0.08
N 1684 844 840 1272 632 640

Table 26: OLS regression results. Panel (a) displays the results when excluding individuals from the control
group having internships in companies. Panel (b) excludes instead individuals having internship in pro-
gay/lesbian cultural association. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1
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Best Practice Halfway Worst Practice
Index=100 Index=50 Index=0
DEFINITIONS AND CONCEPTS
Definition of discrimination includes direct and indirect discrimination, | A/l three grounds Two grounds Ground a, none, or only based
harassment and instruction to discriminate on grounds of: a) race and on international standards or
ethnicity b) religion and belief ¢) nationality constitution, subject to judicial
interpretation
Definition of discrimination includes discrimination by association and on | A/l three grounds Two grounds Ground a, none, or only based
basis of assumed characteristics covering: a) race and ethnicity b) religion on international standards or
and belief ¢) nationality constitution, subject to judicial
interpretation
Anti-discrimination law applies to natural and legal persons: a) In the | a and b aorb None
private sector b) Including private sector carrying out public sector
activities
Anti-discrimination law applies to the public sector, including: a) Public | @ and b aorb None
bodies b) Police force
The law prohibits: a) Public incitement to violence, hatred or | A// a, band c Two of these or less
discrimination on basis of race/ethnicity, religion/belief/nationality b)
Racially/religiously motivated public insults, threats or defamation; c)
Instigating, aiding, abetting or attempting to commit such offences d)
Racial profiling
Restriction of freedom of association, assembly and speech is permitted | All three grounds Two grounds Ground a, none or subject to

when impeding equal treatment in respect of: a) race and ethnicity b)
religion and belief ¢) nationality

Judicial interpretation

Are there any specific rules covering multiple discrimination?

Yes, and victim has
the choice of the
main  ground to
invoke in courts

Yes but the victim has
no choice on the main
ground to invoke in
courts

No

FIELDS OF APPLICATION

Anti-discrimination law covers employment and vocational training: a) | A/l three grounds Two grounds Ground a, none, or only based

race and ethnicity b) religion and belief c¢) nationality on international standards or
constitution, subject to judicial
interpretation

Anti-discrimination law covers education (primary and secondary level): a) | All three grounds Two grounds Ground a, none, or only based

race and ethnicity b) religion and belief ¢) nationality on international standards or
constitution, subject to judicial
interpretation

Anti-discrimination law covers social protection, including social security: | All three grounds Two grounds Ground a, none, or only based

a) race and ethnicity b) religion and belief ¢) nationality on international standards or
constitution, subject to judicial
interpretation

Anti-discrimination law covers social advantages: a) race and ethnicity b) | A/l three grounds Two grounds Ground a, none, or only based

religion and belief ¢) nationality on international standards or
constitution, subject to judicial
interpretation

Anti-discrimination law covers access to and supply of goods and services | A/l three grounds Two grounds Ground a, none, or only based

available to the public, including housing: a) race and ethnicity b) religion on international standards or

and belief ¢) nationality constitution, subject to judicial
interpretation

Anti-discrimination law covers access to supply of goods and services | All three grounds Two grounds Ground a, none, or only based

available to the public, including health: a) race and ethnicity b) religion on international standards or

and belief ¢) nationality constitution, subject to judicial
interpretation

ENFORCEMENT MECHANISMS

Access for victims, irrespective of grounds of discrimination, to: a) judicial | A/l three Two of these Only one of these

civil procedures b) criminal procedures ¢) administrative procedures

Alternative dispute resolution procedures a) decisions are binding b) appeal | a and b aorb none

of rulings possible

Note: Alternative dispute resolution covers procedures like mediation. It

does not include the normal judicial system or quasi-judicial bodies

Access for victims includes: a) race and ethnicity b) religion and belief ¢) | All grounds Two grounds Ground a

nationality




Average length of both judicial civil and administrative procedures does
not exceed:

< 6 months

<1 year

> [ year

a) shift in burden of proof in judicial civil

b) shift in burden of proof in administrative procedures

procedures

aandb

only a

none

Does national legislation allow courts to accept the following evidence: a)
situation testing b) statistical data

aand b

aorb

Neither of these

Protection against victimisation in: a) employment b) vocational training c)
education d) services e) goods

In all areas

aandb

a or none

a) state provides financial assistance or free court-appointed lawyer to
pursue complaint before courts where victims do not have the necessary
means b) where necessary an interpreter is provided free of charge

aandb

aorb

None

Legal entities with a legitimate interest in defending the principle of
equality: a) may engage in proceedings on behalf of victims b) may engage
in proceedings in support of victims ¢) can bring cases even if no specific
victim is referred to (in which case the consent of a victim is not required)

All possibilities

Only a orb

Only b

Legal actions include: a) individual action b) class action (court claim
where one or more named claimants pursue a case for themselves and the
defined class against one or more defendants) c) Actio popularis (Action to
obtain remedy by a person or a group in the name of the collective interest)

All three

Only two of these

One or none

Sanctions include: a) financial compensation to victims for material
damages b) financial compensation to victims for moral damages/ damages
for injuries to feelings c) restitution of rights lost due to discrimination/
damages in lieu d) imposing positive measures on discrimination e)
imposing negative measures to stop offending f) imposing negative
measures to prevent repeat offending g) specific sanctions authorising
publication of the offence (in a non-judicial publication, i.e. not in
documents produced by the court) h) specific sanctions for legal persons

At least 5

At least ¢, e and h

At least 2

Discriminatory motivation on the grounds of race/religion/nationality
treated as aggravating circumstance

Yes for 3 grounds

Only race or religion

Race only or subject to judicial
interpretation

EQUALITY POLICIES

Specialised Equality Agency has been established with a mandate to
combat discrimination on the grounds of: a) race and ethnicity b) religion
and belief ¢) nationality

All three grounds

Two grounds

Ground a

Specialised Agency has the powers to assist victims by way of a)
independent legal advice to victims on their case b) independent
investigation of the facts of the case

All

Only one

none

If the specialised Agency acts as a quasi-judicial body: a) its decisions are
binding b) an appeal of these decisions is possible

All

Only one of these

Neither of these

Specialised agency has the legal standing to engage in: a) judicial
proceedings on behalf of a complainant b) administrative proceedings on
behalf of the complainant

aand b

b or none

Specialised agency has the power to:a) instigate proceedings in own name
b) lead own investigation and enforce findings

aand b

none

Law provides that the State itself (rather than the specialised agency): a)
disseminates information b) ensures social dialogue around issues of
discrimination c) provides for structured dialogue with civil society

All three

At least one of these

None

On the national level there are: a) Mechanism for current and future
mainstream legislation to ensure compliance with anti-discrimination and
equality law (e.g. impact assessments, reporting, research) b) Unit in
government/ministries directly working on anti-discrimination/equality on
these grounds

Both of these

Only one of these

Neither of these.

Law provides for: a) obligation for public bodies to promote equality in
carrying out their functions b) obligation for public bodies to ensure that
parties to whom they award contracts, loans, grants or other benefits
respect non-discrimination

Both of these

Only one of these

Neither of these.

Law provides for: a) introduction of positive action measures b) assessment
of these measures (ex. research, statistics)

Both of these

Only a

None of these

Table Al: Anti-Discrimination Policies in Europe- MIPEX 2007-
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