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Behavioral Economics
 1980-2024: Behavioral Economics – lots of progress
 Lab evidence (fairness, ref dep, cog biases, level k)
 Models (present bias, ref dep, social prefs)
 Field evidence (savings, finance, health, devo, IO)

 2010-2024 –Behavioral Economics and Policy
 Savings and Defaults
 Nudges (Thaler and Sunstein, 2008)

 Questions: 
 Is it justified and worth it?
 What policies does it change?
 What are the frontiers?



Outline
 1. Behavioral Economics – the key forces
 Two key forces
 Additional three forces

 2. How do they change Policy?
 Evidence for three of the forces
 Existing policies, with new design/magnitudes
 Entirely different policies

 3. Role of Nudges
 Effect Sizes
 Research Transparency
 Evidence creation and Adoption



Behavioral Economics and Policy
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 How does behavioral economics explain behavior?

 “Please, Not Another Bias! The Problem with 
Behavioral Economics” “The “List of cognitive biases” 
was up to 165 entries on the day I took this snapshot” 
(Jason Collins, Evonomics)

 “There is a tendency to propose some new theory to 
explain each new fact. The world doesn’t need a 
thousand different theories to explain a thousand 
different facts.” (David K. Levine, Is Behavioral 
Economics Doomed?)

 Is behavioral economics a laundry list?

Behavioral Economics and Policy



 No. Two forces stand out:
 Limited Attention

Behavioral Economics and Policy



Behavioral Economics and Policy

 No. Two forces stand out: 
 Present Bias



 Three more forces important:
Incorrect Beliefs

Reference Dep

Social
Norms

Behavioral Economics and Policy



Behavioral Economics Changing Policy
 Limited Attention 1: Taxes/benefits ignored
 Low-income earners low participation in IRAs for 

retirement savings, despite subsidies. Why?

 Duflo et al. (2006): Field experiment with H&R Block
 Control group: Explain IRA saving opportunity, no match
 20% (50%) match: Add 20% (50%) match (up to $1k)
 Measure impact on IRA participation

 Sizable 11 pp impact of 50% match 
 Also, heterogeneity across staff (4 pp variation) 

Presentation matters



Behavioral Economics Changing Policy
 Compare to match incentives in Saver’s Credit for IRAs 

– Cut-off at $30k income
-> 100% to 25% match (larger incentive) up to $2k

 Impact on IRA participation

 Estimated impact: 1.3 pp, compared to 11 pp in H&R Block
 Salience and explanations matter



Behavioral Economics Changing Policy
 Large set of related papers, two examples

 Chetty, Looney and Kroft (2009): Inattention to state tax
 Lower purchases when price inclusive of state tax
 Consumers only about 50% attention to tax
 Inattention tempers deadweight loss of taxation

 Taubinsky and Rees-Jones (2018):
 Replicates inattention to state tax
 Adds: Inattention is highly heterogeneous
  Inattention increases deadweight loss due to heterogeneity
 Also: Inattention decreases when stakes higher



Behavioral Economics Changing Policy

 Limited Attention 2: Ironing of taxes/benefits
 Even when consumers pay attention, do they perceive 

incentives correctly?
 Example (Ito, 2014): Electricity prices with tiered pricing

 Do consumers respond to marginal rate (standard model)?
 Or do they iron and respond to average rate?



Behavioral Economics Changing Policy
 Ito (2014): Response to average, not marginal price

 This undoes goals of tiered electricity pricing



Behavioral Economics Changing Policy

 Self Control 1: Large impact of bureaucratic costs
 Benzarti (2020): tax filing and charitable deductions
 Choice A: Claim standard deduction of $X
 Choice B: Look for receipts and itemize $Y
 B>A if Y-C > X, where C is hassle cost

 Strategy: Estimate C from missing distribution of itemized 
items

 Estimate cost: $175 to $590, equivalent to working 10-15 hours



Behavioral Economics Changing Policy

 Inertia when choices require immediate effort cost
 Madrian and Shea (2001): Impact on 401(k) participation
 Company has generous 401(k) program with 50% match up to 6%
 Switches for new hires from opt-in to opt-out
 Only change in default – How much impact?

 Finding replicated everywhere – health insurance (Handel, 
2013), gyms (DellaVigna-Malmendier 2006), subscriptions (Einav
et al., 2023, Strulov-Shlain et al., 2023)…



Behavioral Economics Changing Policy

 Self Control 2: Many consumers hand-to-mouth
  How benefits are distributed has important impact
 Unemployment benefits:
 Western Countries: Paid as monthly benefits for N months
 Developing countries: Mostly paid as one-time severance

 Gerard and Naritomi (2021): Brazil
 Very rare design:
 Negative permanent income shock
 Positive temporary income shock!

 Match to consumption data
(from anti-tax evasion lottery drawn from SSNs)



Behavioral Economics Changing Policy
 Gerard and Naritomi (2021): Brazil

 Model Fit



Behavioral Economics Changing Policy
 Is it just Brazil? Ganong and Noel (2019): UI recipients in US
 Compare response to:
 Entering UI: plausibly unanticipated  Cannot smooth consumption
 Expiration of UI: anticipated  Can smooth consumpion
 Match to consumption data (from Chase Foundation)

 Support for models with high impatience / present bias



Behavioral Economics Changing Policy

 Reference Dependence: Reference points matter
 DellaVigna et al. (2017): Consider UI system with 1-step 

versus 2-step UI benefits – Hungary

 Ref Dep: 2-step system triggers loss relative to reference 
point at end of step 1 (90 days) and step 2 more search

 Standard model: Only benefit level matters, not changes



Behavioral Economics Changing Policy
 DellaVigna et al. (2017): Hungary

 Confirmed in SMS panel survey of search effort in Germany
DellaVigna et al. (2022)



Behavioral Economics Changing Policy

 Implications for Public Policy I

1. Taxes/Benefits need to be clear and salient (unless 
goal is to shroud them)

2. To achieve welfare goals – increase savings, benefit 
participation – minimize effort costs of application

3. In designing benefits, keep in mind difficulties in 
consumption smoothing

 Behavioral forces interact with forces underlying 
tradition design of programs (eg, moral hazard), are 
not a substitute for studying traditional forces



Behavioral Economics Changing Policy

 Implications for Public Policy II:
 Behavioral forces call for different gvmt programs

1. Social Security as forced saving
 Ensure people save enough given self-control problems

2. Sin Taxes. Taxation of internalities
 Alcohol and tobacco, Soda taxes most recently

3. Mandates for energy efficiency
 Light bulbs, car emissions



Role of Nudges

 Given limited attention/self-control problems, 
how far can we go without changing 
taxes/subsidies and without mandates?

 Nudges (Thaler and Sunstein, 2008)

 Communicate more clearly with citizens
 Impressive finding 1: Bhargava-Manoli (2015) on EITC



Role of Nudges
 Also impressive finding, Dynarski et al. (2021)
 RCT: Send under-represented students that qualify for 

free tuition at U Michigan a flyer informing of that

 In both cases, nudges explain
existing benefits



Role of Nudges
 However, other times null findings of nudges
 Linos et al. (2022): RCT: Send messaging for EITC take up 

similar to Bhargava-Manoli (2015), but for non-tax filers
 Null effect

 Do we understand enough heterogeneity of findings?
 What is average effect across interventions?
 Is there is role for selective publication of effects?



Role of Nudges

 Nudge Units
 Work with governments
 Take nudging to scale
 Hundreds of RCTs
 Typically not published

 Provide setting to address Qs:
 What is the average effect size of nudge RCTs?
 (Even if effect size small, ROI can be high as cost near zero)
 How is the evidence used?



Role of Nudges
 DellaVigna-Linos (2022): Collaborate w/ 2 major Units

 Data on 126 RCTs, all trials run by these units in 2015-2021
 Effect sizes in percentage points (pp) on policy outcomes:
 Roth (retirement savings) participation
 Renewal of driver licenses online
 Sewer bill payments

 Compare to effect sizes in pp in published nudge papers



Role of Nudges

 Nudges in Nudge Units effective (1.4pp, 8%) but 5 times 
less than in published papers. Why?

 Publication bias in journals (hard to publish null results)



Role of Nudges
  Importance of Research Transparency

 Publication bias implies
 Distorted view of effect sizes  Ineffective policy choices
 Disappointment of policy-makers
 Underpowering of experiments -> Exacerbate pub. bias

 What can we do?
 Pre-register studies
 RCTs with no file drawer problem (eg, Nudge Units or Mega-

studies)
 Prediction of research findings
 …



Role of Nudges
 Nudge Units allow study of key Q for evidence-based policy
 Are effective treatments (eg, nudges) adopted?
 If not, nudges do not impact policy and RCTs toothless

 DellaVigna-Kim-Linos (forthc.): Contact all cities in BIT-NA sample
 Example of adoption

Control status-quo arm in trial (2017) Treatment arm with nudge features (2017) Current (2022)



Role of Nudges
 Does evidence predict adoption? No!

 Strongest predictor: Communication pre-existing
Example: Suppose in a trial, BIT and the 
city send reminder letters for timely utility 
bill payment
• New communication if city had not 

been sending such letters before the 
trial 

• Pre-existing comm. if the city had 
been sending, and the trial tested new 
nudge features



Role of Nudges
 Interpretation? Organizational inertia
 Cities with no previous communication revert to status quo and send no 

communication in years after RCT (and thus do not adopt)
 Cities with ongoing communication find it easier to adopt

 For behavioral econ to affect policy, we need to work also on 
bottlenecks to adoption (surprisingly understudied)



Conclusion
 Behavioral econ insights can have important policy impact

 Channels are mostly straightforward
 Limited attention (esp given limited literacy)
 Present bias – bureaucratic costs and focus on immediate 

consumption
 Others too – reference dep, mental accounting, social norms

 Incorporating these insights is not easy though
 Some striking success cases
 But average impact is moderate
 Heterogeneity of nudge effects all to be studied
 Need to build clean evidence base, limiting publication bias
 Important also to study what gets implemented
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